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Abstract

This study aims to examine the students’ continuance intention of using e-learning platforms
in a public university in Chengdu, China. Based on the Technology Acceptance Model (TAM),
Information System Success Model (ISSM), and Expectation-confirmation Model (ECM), this
study comprises seven variables, including computer self-efficacy, system quality, information
quality, service quality, perceived usefulness, satisfaction, and continuance intention. The
researcher applied a quantitative survey approach with 497 undergraduates with at least one
semester of e-learning experience in the School of Civil Engineering, Architecture, and
Environment, School of Food and Bioengineering, School of Law and Sociology, and School
of Science of Chengdu Xihua University. The index of item-objective congruence (I0C) was
applied and a pilot test (n=50) was conducted to evaluate the reliability using Cronbach's Alpha
coefficient. Confirmatory factor analysis and structural equation modeling were employed in
this study to assess the data, the validity, reliability, factor loadings, and the path coefficient.
The results of the data analysis confirmed that perceived usefulness indicated the most
powerful direct impact on satisfaction. In conclusion, administrators and teachers should pay
adequate attention to computer self-efficacy, system quality, information quality, service
quality, perceived usefulness and satisfaction that have had a substantial effect on students’
continuance intention to use e-learning platforms and consider the associated teaching reform
in the future according to the findings of this research.

Keywords: E-Learning, Service Quality, Information Quality, Satisfaction, Continuance
Intention

Introduction

As a teaching and learning tool, knowledge and online technologies in education are
now expanding significantly. E-learning is one of the digital age’s most widely used
educational settings. Due to this, e-learning activities and research are currently gaining much
interest on a global scale (Liaw et al., 2007). Since the introduction and widespread use of
Internet technology in the middle of the 1980s, online education has shown a tendency to
evolve quickly. More and more academic institutions and instructors are attempting to use
“Internet plus” teaching methods. It has been discovered that online education based on the
Internet has gone through rapid development during the implementation and creation process
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(Sun, 2016).

For instance, in higher education, the conventional face-to-face teaching mode has
given way to “Internet + education,” or classroom instruction combined with the depending
on internet-based online courses blend mode. The online educational innovation in the
contemporary era of training for learners’ mode effectively expands the educational channel
and promotes the education reform process (Zhang, 2020). The environmental impact of the
COVID-19 pandemic in 2020 placed learning via the Internet back into the spotlight. The
industry that garnered the most investment during the pandemic was education, and investors
favored online learning the most. According to (iResearch, n.d.), online education received
103.4 billion Yuan, or 89%, of the entire investment for the educational sector in 2020,
totaling 116.4 billion Yuan.

The education administration department took the necessary action of “school
suspension without study suspension” in response to the COVID-19 epidemic. Given this
context, providing online instruction with interruption is easier, but it also presents a unique
opportunity. Although major institutions have increased their efforts to develop online
education, Chinese e-learning just at universities is still in its formative years and currently
faces five major challenges: the performance and application effectiveness of online learning
resources are unequal, the teaching quality of distance learning education is subpar, online
class matching textbook construction is behind, and there are some issues in teaching.

Educators and students are keenly aware of the benefits and drawbacks of extensive
online learning, despite appreciating its novelty, independence, convenience, and efficacy.
Through investigation and research, we can better comprehend teachers’ and students’ needs,
investigate the variables that influence students’ online learning, make recommendations for
students themselves and the development of teaching platforms, and fully enhance teaching
techniques possible in order to increase teachers’ and students’ access to online learning,
which is necessary to address the issues with online teaching. Therefore, the objective of this
study is to examine influencing factors of students’ continuance intention to use e-learning at
a public university in Chengdu, China.

Literature Review

E-learning

E-learning, also known as electronic learning or online learning, refers to the use of
digital technology and the internet to deliver educational content and facilitate learning outside
of traditional classroom settings. It involves the use of various digital tools, platforms, and
resources to provide learners with access to educational materials, interactive activities,
assessments, and communication with instructors and peers. E-learning has become
increasingly popular and widespread, offering flexible and convenient learning opportunities
for students of all ages and backgrounds (Wiley & Hilton, 2018).

Technology Acceptance Model (TAM)

TAM is the name given by researchers who examine how people use and adapt
technological advancements to the most common information theoretical method (Davis,
1989). Considered essential components of user adoption of an IS/IT, perceived usefulness
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and perceived ease of use are experimentally confirmed in TAM (Chau, 1996). The TAM,
which includes the three characteristics of perceived usefulness, ease of use, and intention to
use, has been the underlying theory for many empirical investigations looking at technological
utilization and customer acceptability (Lee et al., 2014). The utilization context and system-
specific elements impact perceived usefulness and perceived ease of use, which can be used
to predict how users will feel about using a product. Attitude affects behavioral intention to
use a particular technology, predicting real use (Salloum et al., 2019).

TAM is frequently used in academics and educational research to forecast students’
opinions or behavioral intentions about a certain educational technology. The conceptual
framework selects continuance intention as the dependent variable and perceived usefulness
as the mediator variable.

Information System Success Model (ISSM)

The ISSM, a measurable informational system with six components, was proposed by
DeLone and McLean in 1992 using the net benefits of information systems as the dependent
variables. The six criteria DeLone and McLean (2003) used to categorize it were information
quality, system quality, service quality, system usage condition, user satisfaction, and system
benefits to assess the effectiveness of a particular data system of information quality. This
model shows that the factors affecting continuance intention are information quality, system
quality, service quality, and satisfaction.

The ISSM, a foundational theory used in information management, has been widely
adopted by academics across various disciplines and is an integral theory for developing
information system evaluation. As a result, the conceptual framework used satisfaction as the
mediator variable, continuance intention as the dependent variable, and system quality,
information quality, and service quality as the independent factors.

Expectation-confirmation Model (ECM)

The idea that cognitive expectations and achievement anticipation have a significant
impact on contentment assessments was initially put forth by Oliver (1977). Bhattacherjee
(2001) developed the ECM by fusing the ECT and the TAM. The ECM paradigm states that
consumers' perception of the anticipated benefits of continued use of the IS and their overall
degree of enjoyment based on prior usage directly influence their intentions to continue using
it (Ambalov, 2018).

In order to identify factors that affect whether plans to employ digital technology will
be successful, ECM is designed to incorporate the two significant theories of ECT and TAM.
The four components of ECM are the expectation, perceived usefulness, satisfaction, and
behavior intended usage (Wijaya et al., 2019). As a result, the conceptual framework contains
continuance intention as a dependent variable and perceived usefulness and satisfaction as
mediator variables.

Computer Self-efficacy

A person’s belief in his or her ability to use a computer is called computer self-
efficacy. (Fokides, 2017). Computer self-efficacy is a measure of a person’s computer ability.
(Hayashi et al., 2004). According to Arteaga Sanchez et al. (2013), computer self-efficacy
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refers to how people perceive their ability to use computers in some data technology
situations. According to Yuen and Ma (2008), computer self-efficacy assessments are high or
low depending on how confident one is in performing various tasks within the system. The
confidence level with which a person decides to perform information technology-related tasks
through a computer system is defined as having a sense of computer self-efficacy. (Kanwal &
Rehman, 2017).

In an e-learning environment, a person’s impression of applicability reflects their
expectations or views about the outcomes, indicating that computer self-efficacy may be a
major factor influencing perceived usefulness (Ong & Lai, 2006). Empirical research that
indicates how computer self-efficacy impacts technology acceptance suggests that it is
significant regarding its effect on perceived usefulness (Lee et al., 2014). People’s perceptions
of an e-learning system’s value were considerably influenced by their computer self-efficacy
(Salloum et al., 2019). Individuals’ expectations for the effects of computer use, their
emotional response to computing, such as motivation and anxiety, and their actual computer
use are all significantly influenced by their level of computer self-efficacy (Nguyen et al.,
2020). The degree to which people believe they can use technology is their computer self-
efficacy. Hence, someone will be more inclined to use the system if they believe they have
fantastic skills in using computer applications (Usman et al., 2020). Thus, a hypothesis is
proposed:

Hypothesis 1: Computer self-efficacy has a significant effect on perceived usefulness.

System Quality

According to Fathema et al. (2015), System Quality refers to the Learning
Management System’s level of functioning, adaptability, amenities, content, and interactivity.
What is meant by “system quality,” according to Wang & Wang (2009), is the extent to which
the features of a system enable teachers to carry out its functions and promote teaching and
learning. According to Rughoobur-Seetah and Hosanoo (2021), the efficiency and user
satisfaction of an e-learning platform are influenced by system quality, which includes
elements like flexible interaction and maintaining optimum. According to Almazan et al.
(2017), system quality is defined as the ability of an information system to be quickly
understood and used, to respond appropriately, and to have a suitable level of integration.
According to Chopra et al. (2019), system quality refers to the reliability of a website and the
learning ecosystem that learners use to access courses or educational materials conveniently.

Many researchers assessed system quality since it is believed to affect satisfaction
(Rughoobur-Seetah & Hosanoo, 2021) directly. Users’ satisfaction has positive and significant
coefficients on system quality (Almazan et al., 2017). According to the information system
success model, system quality significantly impacts user satisfaction (Chopra et al., 2019).
According to early studies on students’ satisfaction in online learning environments, the
system’s quality may be utilized to predict students’ satisfaction (Samarasinghe, 2012).
System quality, known to increase users’ satisfaction significantly, is crucial to a positive user
experience for e-learning (Cidral et al., 2017). Hence, H2 is set:

Hypothesis 2: System quality has a significant effect on satisfaction.
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Information Quality

According to Salloum et al. (2019), features of information quality include the extent
to which an individual or service obtains complete, accurate, and up-to-date information in
addition to the user’s evaluation of the quality of the information supplied on a website. The
quality of the information used in a system determines how effectively a teacher teaches
because of using it (Wang & Wang, 2009). According to Almazan et al. (2017), the quality
of information is determined by its accuracy, timeliness, usefulness, relevance, and suitable
design. Information quality is measured by informativeness (Chopra et al., 2019). Information
quality is established by system users’ perceptions of the information’s speed, accuracy,
relevance, completeness, and order (Aldholay et al., 2018).

The researcher found a substantial relationship between information quality, perceived
usefulness, and satisfaction. This relationship was derived from the Information Systems
Success model (Rughoobur-Seetah & Hosanoo, 2021). The outcomes of the empirical inquiry
demonstrate that information quality is the most important prerequisite for satisfaction
(Almazan et al., 2017). According to research, one of the key factors that impact satisfaction
is provider trustworthiness, which has been found to have high control over satisfaction
(Aldholay et al., 2018). Satisfaction was substantially impacted by information quality
(Samarasinghe, 2012). Numerous studies have found that an information platform’s perceived
usefulness and satisfaction among users are favorably influenced by the information quality
(Cidral et al., 2017). Accordingly, a following hypothesis is indicated:

Hypothesis 3: Information Quality has a significant effect on satisfaction.

Service Quality

Service quality is defined as the efficacy of the support provided to the teachers to
make use of such a system simpler (Wang &Wang, 2009). Efficiency, reliability, availability,
and data quality are all factors that affect service quality (Rughoobur-Seetah & Hosanoo,
2021). In order to assess how hard the support team for IT is working to provide users with
the appropriate materials and information services, service quality is assessed by parameters
linked to response time (Almazan et al., 2017). Enhancing competitive advantage by
providing special service means or substantially improving the current model is known as
service quality (Chopra et al., 2019). Service quality is a general judgment or attitude about
how well a service is (Samarasinghe, 2012).

The level of learner satisfaction was impacted by the service quality (Rughoobur-
Seetah & Hosanoo, 2021). Service quality is essential to satisfaction in e-learning systems,
and supporting workforce safety, confidence, and attention is required (Cidral et al., 2017). It
is expected that if the e-learning system’s help concentrate or service management can offer
learners satisfactory and better support services, this will increase students’ acceptance of and
satisfaction with the e-learning procedure (Cheng, 2014). According to Roca et al. (2006),
service quality is a solid indicator of a person’s satisfaction and continuance intention when
using an e-learning system. Service quality significantly impacts both the content of the e-
learning context and the intention to use the e-learning system (Mohammadi, 2015). Based on
previous studies, a hypothesis is suggested:

Hypothesis 4: Service quality has a significant effect on satisfaction.
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Perceived Usefulness

Perceived usefulness is the inferred probability that a potential user of an application
system would perform better while working in an organizational setting after using it (Gong
et al., 2004). The perceived usefulness of an e-learning infrastructure will determine how
positively learners view engaging in their academic activities (Vululleh, 2018). How much a
person believes employing a technology would increase his or her efficiency at work is
measured by perceived usefulness (Ong et al., 2004). The use of online learning to promote
students’ skill development and improve study efficiency is called “perceived usefulness.” As
a result, students will appreciate the value of the technique (Roca & Gagné, 2008, p.1587).
People will use technologies when they trust their capacity to make judgments and believe it
will benefit them as much as the system (Usman et al., 2020).

Although a person does have a great deal of confidence when employing a particular
technology, individuals will only be ready to utilize it if they recognize its relevance
effectively. How the individual perceives the innovation as useful determines their use
(Nyagorme, 2018). Researchers have scientifically evaluated the beneficial relationship
between perceived usefulness and continuance intention (Roca & Gagné, 2008). The ECM
model states that users’ perceptions of the anticipated benefits of continuance intention to use
the information system and their degree of satisfaction based on prior usage directly influence
their propensity to do so (Ambalov, 2018). According to Cheng (2022), user happiness and
perceived utility are the major elements that contribute to a commitment to continue using the
system (Ong et al., 2004). Consequently, the research concludes below hypotheses:

Hypothesis 5: Perceived usefulness has a significant effect on satisfaction.

Hypothesis 6: Perceived usefulness has a significant effect on continuance intention.

Satisfaction

Almazén et al. (2017) defined satisfaction as how the user feels about the system after
using it, whether they think it was effective, and whether it met their needs. According to
Samarasinghe (2012), satisfaction refers to the degree to which e-learning delivered through
an e-learning system meets a learner’s expectations. According to Cheng (2001), satisfaction
is a mental or subjective state connected to and results from a cognitive assessment of the
expectation-performance gap. Satisfaction is determined by a system’s appropriateness and
effectiveness (Cidral et al., 2017). According to Chang (2013), satisfaction is a broad emotion
influenced by various variables, including context, individual elements, pricing, product
quality, and service quality.

Chang (2013) asserts that satisfaction substantially impacts users’ decisions to
continue using e-learning platforms. The results of numerous studies demonstrate that student
satisfaction levels affect their decision to keep using an e-learning platform (Samarasinghe,
2012). Information, system, and service quality were the important direct predictors of
satisfaction (Roca et al., 2006). According to Hayashi et al. (2004), contentment,
confirmation theory-based expectations, and future desire to utilize an information system are
all positively correlated. According to Mouakket and Bettayeb (2015), utilizing a learning
management system as an example, contentment is viewed as a crucial sign of the desire to
utilize the system to promote e-learning. According to the above assumptions, a hypothesis is
developed:
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Hypothesis 7: Satisfaction has a significant effect on continuance intention.

Continuance Intention

One indicator of a teacher’s intention to utilize web-based learning technologies is
their acceptance of them (Wang & Wang, 2009). A learner’s readiness to utilize e-learning
shortly is referred to as having an “e-learning continuance intention” (Samarasinghe, 2012).
According to Salloum et al. (2019), users’ “continuance intention” refers to their constant
readiness to utilize e-learning systems from the present to the foreseeable future. Continuance
intention refers to a user’s choice to use a platform after it has been adopted and used (Cheng,
2021). According to Chang (2013), a person’s willingness to use and recommend platforms to
others in the future is described as their continuance intention.

The continuance intention to use e-learning resources was significantly impacted by
system, information, and service quality (Wang &Wang, 2009). The user's satisfaction heavily
impacts the continuance intention of utilizing an e-learning platform (Samarasinghe, 2012).
The perceived usefulness of an e-learning service has improved students’ inclination to use it
(Salloum et al., 2019). Users’ satisfaction with an e-learning platform and perceived
usefulness influence how often they use it (Cheng, 2021). Students who think the e-learning
technology is effective might be more excited to use the platform (Cheng, 2012).

Research Methodology

Conceptual Framework

Three key theories were used in this study: The Technological Acceptance Model
(TAM), the Information System Success Model (ISS), and the Expectation Confirmation
Model (ECM). They served as the foundation for the proposed framework demonstrating
Chinese university students in Chengdu’s ongoing commitment to e-learning. The researcher’s
conceptual framework development required careful consideration of three important
preceding theoretical frameworks. According to Ong et al. (2004), perceived usefulness and
computer self-efficacy are connected. Chang further demonstrated the connections between
system quality, information quality, service quality, satisfaction, and continuance intention
(2013). Moreover, Cheng (2019) showed a connection between satisfaction, continued
intention, and perceived utility. Figure 1 demonstrates how several theoretical frameworks
produce the conceptual framework.
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Figure 1

Conceptual Framework

H1
t Computer Self-Efficacy }—{ Perceived Usefulness 1{
H7

Continuance Intention ]
HS

{ System Quality
H2

[ Information Quality } H3 Satisfaction

H4
t Service Quality

Note. Constructed by author

Research Design

This study used a structured questionnaire as its main tool, and it contained three main
components: a screening question, demographic data, and items relating to the conceptual
framework's seven latent variables. Cooper and Schindler (2010) claim that screening questions
helped to ascertain whether respondents had the knowledge or expertise needed to answer the
questionnaire. School information, the availability of appropriate e-learning experience, and
subject-specific background were the screening questions for this paper. In order to better
understand the respondents' backgrounds, the demographic information elements—which
included information on gender, education level, age, how frequently they used an e-learning
platform every week, and which e-learning platform they used most frequently—were included
in this paper (Lodico et al., 20006).

30 scale items from earlier studies were used to assess the latent variables, including 5
scale items for computer self-efficacy, 5 scale items for system quality, 5 scale items for
information quality, 3 scale items for service quality, 4 scale items for perceived usefulness, 4
scale items for satisfaction, and 4 scale items for continuation intention. The Likert scale is one
of the most widely used gauges of contemporary values (Salkind, 2012). It was a device used
in attitude assessments that asked participants to select whether they agreed or disagreed with
a series of statements using a five-point scale. A scale of 1 to 5 was used to rate favorable
remarks, with 5 signifying Strongly Agree and 1 denoting Strongly Disagree. Appendix A
displays a summary of the scale items for each construct, along with references.

The index of item-objective congruence (I0C)’s results were assessed by three experts
and deemed acceptable when scored at 0.67 as the highest. Subsequently, a pilot test involving
50 participants was conducted to evaluate the reliability using Cronbach's Alpha coefficient,
which was considered satisfactory at a score of 0.7 or higher (Taber, 2018). The results of pilot
test implemented the method of Cronbach's Alpha were acceptable. Therefore, all constructs
are retained in terms of instrument validation. To ascertain the measurement model's validity
and reliability, confirmatory factor analysis (CFA) was employed. Additionally, the structural
equation model (SEM) was utilized to assess the fitness of the structural model and conduct
hypothesis testing.
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Research Population and Sample

The research population are undergraduates with at least one semester of e-learning
experience in the School of Civil Engineering, Architecture, and Environment, School of Food
and Bioengineering, School of Law and Sociology, and School of Science of Chengdu Xihua
University. Therefore, 6,738 is the total population of this study. Boomsma (1985) indicated a
minimal sample size of 100 or 200 is necessary for applicable structural equation modeling.
However, the researchers selected a sample size of 500 undergraduate students at the four target
colleges in Xihua University.

Data Analysis

After analyses of content validity and internal consistency reliability were completed,
questionnaires were delivered to 500 undergraduates from four target institutions. The
researchers used the programs JAMOVI and AMOS to add up the data. The researchers
employed confirmatory factor analysis (CFA) to evaluate the loading factor, t-value, composite
reliability (CR), average variance extracted (AVE), and discriminant validity. The structural
equation model (SEM) was then used to examine the hypotheses' findings and the specific,
indirect, and overall effects of the relationships between the two latent variables.

Demographics of Participants

Detailed demographic characteristics of 497 respondents are summarized in Table 1.
Of all the respondents, 31.79% were male, 68.21% were female, 78.67% were aged 17-20,
20.52% were aged 21-22, and 0.81% were aged 23-24. 47.28 percent of these respondents use
online learning platforms 2-3 times a week, and the platforms they most frequently use are
Tencent Conference and the Super Star platform.

Table 1
The demographic data
Demographic and General Data Category Frequency Percentage
(n=497)
Male 158 31.79%
Gender
Female 339 68.21%
17-20 391 78.67%
Age 21-22 102 20.52%
23-24 4 0.81%
1 time 77 15.49%
Number of 2-3times 235 47.28%
e-learning sessions per week 4-Ttimes 70 14.09%
More than 7times 115 23.14%
Superstar 151 30.38%
Name of the most MOoc 21 423%
commonly used e-learning Wechat 15 3.02%
Tencent Conference 196 39.44%
platform :
Ding Talk 10 2.01%
Rain Class 24 4.83%
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Demographic and General Data Category Frequency Percentage
(n=497)
Wisdom Tree 6 1.21%
Bili Bili 51 10.26%
Others 23 4.62%

Results and Discussion

According to Perry et al. (2015), CFA aims to evaluate a model's acceptability. The
results of the factor loading analysis and the proper values for each observed variable proved
the inquiry matrix's goodness of fit. Table 2 demonstrates that Cronbach's Alpha coefficient
was considered satisfactory at a score of 0.7 or higher (Taber, 2018), the absolute values of the
average extracted variance (AVE) were greater than 0.50 (Hair et al., 2020), the composite
reliability (CR) was beyond 0.70 (Hair et al., 2021), and the factor loading values were all over

0.50 (Byrne, 2001).

Table 2

Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

Variables Sou.rce of. No. of CA Fact(?rs CR AVE
Questionnaire Item Loading
Computer Self- Salloum et al.
. .768-0.82 . .634
efficacy (CSE) (2019) 5 0.850 0.768-0.826 0.896 0.63
System Quality Salloum et al.
5 0.848 0.777-0.853 0.898 0.638
(SYQ) (2019)
Information Quality Salloum et al.
5 0.820 0.723-0.815 0.878 0.590
(1Q) (2019)
Service Quality (SQ) Cheng (2014) 3 0.859 0.790-0.856 0.865 0.682
Perceived Usefulness Salloum et al.
4 .904 .761-0. . .64
(PU) (2019) 0.90 0.761-0.839 0.880 0.648
Satisfaction (SAT) Cheng (2014) 4 0.866 0.762-0.810 0.862 0.610
Continuance Cheng (2014) 4 0.875 | 0.762-0.836 | 0.883 | 0.653
Intention (CI)

Table 3 illustrates the results of the inquiry into and display of the discriminant validity.
The AVE square root of the AVE is the quantity that is marked diagonally. These numerical
measurements were used to establish the discriminant validity.

Table 3

Square roots of AVEs and correlation matrix

CSE SYQ 1Q SEQ PU SAT CI
CSE 0.796
SYQ 0.352 0.799
1Q 0.284 0.337 0.768
SEQ 0.147 0.255 0.315 0.826
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CSE SYQ 1Q SEQ PU SAT CI
PU 0.361 0.374 0.389 0.210 0.805
SAT 0.275 0.413 0.473 0.287 0.575 0.781
CI 0.359 0.318 0.402 0.298 0.542 0.522 0.808

Note: The diagonally listed value is the AVE square roots of the variable

Furthermore, all applicable criteria for such absolute fit indicators, including
CMIN/DF, GFI, AGFI, and RMSEA, in addition to the incremental fit measurements, such as
CFI, NFI, and TLI, are shown in Table 4 and meet the requirements. As a result, all of the

goodness of fit metrics used in the CFA evaluation were valid.

Table 4

Goodness of Fit for Measurement Model

Fit Index Acceptable Criteria Statistical Values
CMIN/DF <3.00 (Hair et al., 2010) 1.037
GFl >0.90 (Hair et al., 2010) 0.950
AGFI > 0.80 (Segars & Grover, 1993) 0.939
RMSEA < 0.08 (Pedroso et al., 2016) 0.009
CFI >0.90 (Hu & Bentler, 1999) 0.998
NFI > 0.90 (Bentler & Bonett, 1980) 0.955
TLI >0.90 (Hu & Bentler, 1999) 0.998

Model Summary

In harmony with empirical

data

Remark: CMIN/DF = The ratio of the chi-square value to degree of freedom, GFI = Goodness-of-fit index, AGFI
= Adjusted goodness-of-fit index, RMSEA = Root mean square error of approximation, CFI = Comparative fit
index and NFI = Normed fit index, and TLI = Tucker—Lewis index.

Structural Equation Modeling (SEM)
This study followed the CFA assessment by the structural equation model (SEM)
verification. SEM offers a flexible framework for creating and analyzing complicated

interactions between numerous variables, enabling researchers to use empirical models to
verify the theory’s validity (Beran & Violato, 2010). Table 5 shows that the combined values
of CMIN/DF, GFI, AGFI, CFI, NFI, TLI, and RMSEA were all over allowable limits after
being corrected using the AMOS version. The results show that the SEM’s goodness of fit was

established.

Table S

Goodness of Fit for Structural Model

Fit Index Acceptable Criteria Statistical Values
CMIN/ <3.00 (Hair et al., 2010) 1.721
DF
GFlI >0.90 (Hair et al., 2010) 0.910
AGFI > (.80 (Segars & Grover, 1993) 0.894
RMSEA < 0.08 (Pedroso et al., 2016) 0.038
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Fit Index Acceptable Criteria Statistical Values
CFI >0.90 (Hu & Bentler, 1999) 0.967
NFI > 0.90 (Bentler & Bonett, 1980) 0.924
TLI >0.90 (Hu & Bentler, 1999) 0.963
Model Summary In hal“n‘lony with
empirical data

Remark: CMIN/DF = The ratio of the chi-square value to degree of freedom, GFI = Goodness-of-fit index, AGFI
= Adjusted goodness-of-fit index, RMSEA = Root mean square error of approximation, CFI = Comparative fit
index and NFI = Normed fit index, and TLI = Tucker—Lewis index.

Hypothesis Outcomes

The findings presented in Table 6 indicate that perceived usefulness had a direct,
meaningful impact on satisfaction. This effect was the greatest in this quantitative method,
with a standardized path coefficient B of 0.530 (t-value at 10.582***), The computer self-
efficacy effect on perceived usefulness provides the second-powerful significant interaction,
with the B at 0.417 (t-value at 8.349***). Additionally, satisfaction significantly influenced
continuance intention with the p at 0.373 (t-value at 6.591***), while perceived usefulness
impacted continuance intention with the B at 0.350 (t-value at 6.489***) as well as
information quality significantly impacted satisfaction with 3 at 0.302 (t-value at 6.619**%*),
Moreover, system quality was also determined to substantially impact satisfaction with the 3
of 0.197 (t-value of 4.504***). Consequently, service quality exhibited the least significant
influence on satisfaction in this quantifiable investigation, with the  of 0.132 (t-value at
3.017%%).

Table 6

Summary of hypothesis tests

Standardized
Hypothesis path coefficient t-value Testing result
®
H1: Computer Self-efficacy has a significant effect 0.417 8.349%x* Supported
on user satisfaction.
H2: System Quality has a significant effect on 0.197 4.504%x Supported
satisfaction.
H3: Information Quality has a significant effect on 0.302 6.619%** Supported
satisfaction.
H4: Service Quality has a significant effect on 0.132 3.017** Supported
satisfaction.
H5: Perceived Usefulness has a significant effect on 0.530 10.582%** Supported
satisfaction.
H6: Perceived Usefulness has a significant effect on 0.350 6489+ Supported
continuance intention.
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Standardized
Hypothesis path coefficient t-value Testing result
®
H7: Satisfaction has a significant effect on 0.373 6.59 1% Supported
continuance ntention.

Note: *** p<0.001, ** p<0.01

Discussion

According to the findings in Table 6, with a standardized path parameter threshold of
0.417 for this structural approach, H1 has indicated that computer self-efficacy is a
considerable determinant of perceived usefulness. According to earlier studies, a person’s
computer self-efficacy considerably impacts their tendency to use technology based on
perceived usefulness (Agarwal et al., 2000). According to Ong and Lai (2006), users with a
reasonably high level of computer self-efficacy are more likely to have positive, important
beneficial views.

In H2, the analysis shows that system quality impacts user satisfaction, and its
standardized path coefficient is 0.197. System quality has been studied in numerous research,
and it is assumed to affect satisfaction directly (Al-Fraihat et al., 2020; DeL.one & McLean,
2003). Numerous studies have shown that system quality significantly impacts satisfaction
(Petter & McLean, 2009).

The observable statistical results of H3 confirm the hypothesis that information quality
significantly affects satisfaction, and the common coefficient value is 0.302. Information
quality is a key factor in determining how satisfied users are and how much they utilize a
product or service (Aldholay et al., 2018; Petter & McLean, 2009; Samarasinghe, 2012).

H4 demonstrated that service quality also significantly impacted users’ satisfaction,
with a common coefficient value of 0.132. Numerous research studies have shown that high
service quality considerably increases user satisfaction with e-learning platforms (Aldholay et
al., 2018; Mohammadi, 2015; Roca et al., 2006).

The observable statistics for H5 supported the hypothesis that perceived usefulness
significantly influenced satisfaction, with the common coefficient value of 0.530 indicating
the strongest significant impact in this quantification study. Previous studies have shown that
a user’s perception of an information system’s usefulness positively impacted their satisfaction
with it and their willingness to continue utilizing it (Mouakket & Bettayeb, 2015).

Concerning H6, it was found that perceived usefulness and continuance intention had
a statistically significant association, yielding a common coefficient value of 0.350. Prior
studies have shown that perceived usefulness directly impacts one’s intention to use a system
(Ong et al., 2004; Wang & Wang, 2009).

With a final statistical score of 0.373 on the standard coefficient of the active influence,
H7 has concluded that satisfaction strongly influenced continuance intention. According to
several research, student satisfaction overall impacts whether they continue using an e-
learning platform (Samarasinghe, 2012). In the context of an LMS, the level of satisfaction is
seen as a key indicator of future usage intention (Mouakket & Bettayeb, 2015).
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Conclusion and Recommendations

Conclusion

This study examined the variables that significantly affected undergraduate students’
intention to continue their e-learning at Xihua University, a public university in the Chinese
province of Sichuan. The conceptual framework displayed the seven hypotheses to support
how computer self-efficacy, perceived usefulness, system quality, information quality, service
quality, satisfaction, and continuance intention interact. 497 undergraduate students having at
least one semester of experience in e-learning engaged in answering the survey questionnaire
in order to ascertain whether there was any interaction between these variables. To determine
if the results fit the stipulated theory-derived measurement model, confirmatory factor
analysis (CFA) was used. Similarly, to assess the connections between observable and latent
variables that affect continuance intention and to test hypotheses, structural equation modeling
(SEM) was used.

The results of this study show that perceived usefulness has the strongest significant
impact on satisfaction. The perceived usefulness was strongly influenced by computer self-
efficacy. Moreover, satisfaction was significantly impacted by system quality, information
quality, and service quality, with lower standardized path coefficients. Furthermore, perceived
usefulness and satisfaction both directly affect the continuance intention.

Recommendations

Based on the results of this amount of research, the researchers offer the following
practical suggestions for subsequent e-learning for undergraduate students.

First, perceived usefulness has the greatest impact on students’ satisfaction with e-
learning. It can be seen that many students’ satisfaction with the e-learning platform directly
depends on whether they think the platform is useful. Therefore, school teaching units should
fully clarify the teaching objectives based on improving students’ ability, helping students grow
and become talented through e-learning, and encouraging more students to accept the e-
learning platform.

Secondly, students’ computer self-efficacy directly affects perceived usefulness.
According to the technical characteristics of e-learning, teachers should provide a considerable
number of courses on the e-learning platform to improve students’ ability to use the computer
and to improve students’ confidence while using the e-learning platform.

In addition, student satisfaction is also affected by three potential variables: system
quality, information quality, and service quality. In future teaching practice, it is recommended
that teaching units focus on optimizing the program design of the e-learning platform.
Additionally, providing tutorial documents and manual assistance will help students perceive
the various learning operations of the e-learning platform as simpler, clearer, and more
convenient compared to traditional classroom teaching. This approach effectively improves
students' satisfaction with using the e-learning platform.

Moreover, students are more likely to continue using the e-learning platform if they find
it helpful for their learning and improvement while also experiencing satisfaction with the user
experience. Therefore, teachers should align the learning plans, objectives, and performance
assessment mechanisms with the teaching needs. By presenting suitable courses through the e-
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learning platform, teachers can support students in achieving their learning goals effectively.
Lastly, teachers should emphasize the importance of computer self-efficacy, system
quality, information quality, and service quality in e-learning. By addressing these factors,
students' perceived usefulness and satisfaction with e-learning will be positively enhanced.
This, in turn, encourages students to continue using the e-learning platform with enthusiasm.

Limitations and Further Study

The limitations of this study can be divided into two aspects. First, based on the goal,
the research scope is limited to the four majors offered. It would be better if more majors
could be involved. Second, only six potential variables that directly or indirectly affect the
sustainable use of e-learning were included in the analysis, and some ideas that were
considered significant observational value by other scholars were not included when the
conceptual framework of this study was constructed.
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