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Abstract

Purpose: This study aims to identify the key factors influencing university students' satisfaction and continued use of health
smartwatches in Chengdu Factors evaluated in the study include perceived ease of use, perceived usefulness, enjoyment, Al user
experience, Al trust, satisfaction, and continuance intention. Research design, data and methodology: The researchers employed
quantitative techniques (n = 500) to conduct a questionnaire survey among undergraduate students at Chengdu Medical College.
The sample was selected using non-probability sampling methods, including judgmental sampling, quota sampling, and
convenience sampling. Confirmatory Factor Analysis (CFA) and Structural Equation Modeling (SEM) were used to analyze the
data and test the proposed research hypotheses. Results: The analysis shows that perceived usefulness, enjoyment, Al experience,
and Al trust significantly influence student satisfaction in using smartwatches. Additionally, perceived usefulness is statistically
proven to be driven by perceived ease of use. Student satisfaction, in turn, influences continued use of health smartwatches.
Conclusions: The statistics support the six research hypotheses proposed. Thus, it is recommended to optimize the ease of use of
smartwatches by enhancing their functionality for greater user-friendliness. Additionally, incorporating more accurate monitoring

data and enhancing online protection can promote satisfaction and continued use.
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1. Introduction

Healthcare smartwatches represent a unique category of
wearable technology that provides users with real-time
feedback, enabling them to monitor their health and take
prompt action (Reeder & David, 2016). According to
Glowacki et al. (2017), smartwatches effectively integrate
smartphone features with continuous health monitoring
capabilities, such as energy expenditure tracking, step
counting, heart rate monitoring, and physical activity
assessment. These features contribute to health promotion.
Additionally, smartwatches can continuously track multiple
health parameters, store data, and generate reports to assist
healthcare practitioners in delivering their services (Uzir et
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al., 2021). The advent and advancement of healthcare
smartwatches have enabled individuals to conveniently
monitor their health and fitness at any time and from any
location (Lunney et al., 2016). Consequently, smartwatches
have gained significant popularity in recent years. Beyond
heart rate tracking, step counting, calorie expenditure, and
sleep pattern analysis, the latest health and fitness
smartwatch models can also measure blood oxygen
saturation (Sp02), blood pressure, and stress levels. Lim et
al. (2016) suggest that using fitness and health smartwatches
as a motivational tool to reduce sedentary behavior and
enhance daily physical activity may have positive health
effects. Recent studies also highlight the increasing
relevance of wearable devices in promoting behavioral
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change, especially among tech-savvy younger populations
such as college students (Alnasser et al., 2019; Nelson et al.,
2022).

Since the introduction of the world's first smartwatch in
2013, smartwatch shipments have steadily increased,
contributing to rapid market expansion. Compared to
foreign markets, China's wearable medical device sector
emerged relatively late, offering significant potential for
growth and development. In terms of product applications
across the industry chain, domestic brands have
demonstrated not only innovation but also an accelerating
substitution process for foreign products. Furthermore, with
the rapid advancement of cloud computing, big data, and 5G
technology, there is a growing demand among Chinese
consumers for health management solutions that are
specialized, standardized, and personalized, presenting
promising market opportunities (Zhou et al., 2021). Despite
these advancements, limited empirical research has
examined how specific demographic groups, particularly
college students in China, engage with smartwatch
technology for health monitoring and the factors influencing
their adoption and sustained use.

This study addresses the following research gap: while
previous research has explored the technical features and
potential health benefits of smartwatches, there is
insufficient understanding of user perceptions, motivations,
and behavioral outcomes related to smartwatch adoption
among Chinese university students. This gap is especially
critical given the rising health awareness and digital literacy
among youth.

The problem this study seeks to address is the lack of
user-centered research that explores how college students
perceive, adopt, and continue to wuse healthcare
smartwatches, particularly in the context of personalized
health management. Understanding this is essential to
enhancing product relevance and engagement within this
high-potential demographic.

The significance of this study lies in its potential to
provide practical insights for developers, marketers, and
public health advocates aiming to promote healthy behavior
through wearable technologies. It also contributes to
academic discourse by offering empirical evidence on
smartwatch usage behavior in the under-explored Chinese
higher education setting.

Accordingly, the main objectives of this research are: (1)
to investigate college students' perceptions and usage
patterns of healthcare smartwatches; (2) to identify key
factors influencing their adoption and continued use of
smartwatch technology; and (3) to explore the perceived
health benefits and motivational aspects associated with
smartwatch usage among this demographic.

By focusing on college students, a younger demographic,
this study aims to inform the development of tailored health

Yang Fan / Journal of Interdisciplinary Research Vol 10 No 2 (2025) 75-83

technologies that align with the lifestyle, expectations, and
health priorities of digital-native users. Smartwatches
enhance user autonomy by efficiently processing and
displaying essential health and fitness information on a
compact screen, ensuring transparency and accessibility
(Beh et al., 2021).

2. Literature Review
2.1 Theoretical Frameworks Used in the Study

The Technology Acceptance Model (TAM) is a
theoretical framework developed by Davis (1986). It is
based on the adaptation of the Theory of Reasoned Action
(TRA), which posits that technology adoption is primarily
determined by cognitive processes. TAM aims to provide a
clear, concise, and essential understanding of user behavior
and attitudes toward technology. It evaluates the factors
influencing an individual's decision to accept or reject a
given technology. Oliver (1993) suggested that consumer
attitude is influenced by satisfaction, and, in turn, attitude
affects behavioral intention.

2.2 Research Hypothesis and Relationship between
Variables

2.2.1 Relation between Perceived Ease of Use and
Perceived Usefulness

Hidayat-ur-Rehman et al. (2022) explained that
Perceived Ease of Use (PEU) refers to the degree of ease
perceived by users when operating smart wearable health
(SWH) devices (Siepmann & Kowalczuk, 2021). An
increasing body of research suggests that individuals
interested in health and fitness are more inclined to adopt
wearable SWHs (Lee & Lee, 2018). Furthermore, the
study’s findings indicate that the ease of use of smartwatches
depends on the presence of well-structured and intuitive
functionality, making the device straightforward for users to
operate. These findings align with those of Ghazali et al.
(2020).

Key features such as hardware quality, durability, battery
life, large memory capacity, and seamless synchronization
with mobile devices are considered important by consumers.
Individuals, particularly older adults, tend to feel more
comfortable using smartwatches when the design is user-
friendly, simple to operate, and requires minimal
maintenance. Well-designed layouts, intuitive navigation,
and visually appealing interfaces that prioritize simplicity
and user-friendliness contribute to reducing stress and
enhancing the overall user experience. Based on the
literature, the research hypothesis is formulated as follows:
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H1: Perceived ease of use has a significant impact on
perceived usefulness.

2.2.2 Relation between Perceived Usefulness and
Satisfaction

Perceived Usefulness (PU) refers to the extent to which
users believe that a smart wearable health (SWH) device can
improve their health status. Research on SWH devices has
found that PU has significant effects on user satisfaction
(Cheung et al., 2019). A growing body of research indicates
that individuals interested in health and fitness are more
likely to adopt wearable fitness trackers (Lee & Lee, 2018).
Furthermore, individuals who engage in regular exercise are
more likely to use SWH fitness trackers as a source of
motivation (Rupp et al., 2018).

Moreover, Li (2021) demonstrated that since self-
tracking is a fundamental aspect of smartwatches, users tend
to perceive them as accurate and comprehensive tools for
monitoring physiological and biological data. Consequently,
they regard smartwatches as highly useful technologies that
enhance satisfaction (Chuah et al., 2016). Based on the
literature, the research hypothesis is formulated as follows:

H2: Perceived usefulness has a significant impact on
satisfaction.

2.2.3 Relation between Enjoyment and Satisfaction

According to Venkatesh (2000), enjoyment is defined as
the degree to which the use of a smartwatch is perceived as
enjoyable. Enjoyment is an aspect of intrinsic motivation
and arises when basic psychological needs are satisfied
through the activity performed (Ryan & Deci, 2006). In the
context of smartwatch adoption research, Choi and Kim
(2016) found that perceived enjoyment has a strong positive
effect on satisfaction, which subsequently influences
attitudes toward smartwatch usage. Krey et al. (2019)
demonstrated that the anticipated sense of enjoyment leads
to higher user satisfaction and indirectly increases the
intention to adopt smartwatches. Similarly, Nascimento et al.
(2018) assessed the impact of enjoyment on satisfaction,
concluding that the pleasurable experience associated with
using a smartwatch enhances overall user satisfaction.
Based on the literature, the research hypothesis is
formulated as follows:

H3: Enjoyment has a significant impact on satisfaction.

2.2.4 Relation between Al
Satisfaction

Individuals who develop a strong attachment to wearable
technology may also exhibit a heightened emotional
connection and dependency on the device's notifications
(Bolen, 2020). Consequently, this attachment can lead to
increased user satisfaction. The key attributes of
smartwatches, including interactivity, autonomy, wearability,
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convenience, and the novelty of the experience, significantly
enhance the overall user experience. With repeated use,
individuals become more familiar with smart wearable
health (SWH) devices, thereby increasing their confidence
in using them. Based on the literature, the research
hypothesis is formulated as follows:

H4: Al user experience has a significant impact on
satisfaction.

2.2.5 Relation between Al Trust and Satisfaction

According to Cheung et al. (2019), Al Trust, which
refers to health information accuracy (HIA), is the extent to
which consumers perceive the health data provided by a
smart wearable health (SWH) device as trustworthy and
reliable. Shin et al. (2017) examined the relationship
between consumers' positive responses to health informatics
and the reliability of health data, demonstrating that the
adoption of health informatics is significantly influenced by
the perceived reliability of health data. Zhang et al. (2017)
emphasized that inaccurate health services can lead to
significant harm, rendering any associated health
information unreliable and ineffective. Furthermore,
consumers place great importance on the accuracy of health
index monitoring, as it directly impacts health efficacy.
Marakhimov and Joo (2017) found that inaccurate data from
SWH devices can negatively affect user satisfaction, leading
to inadequate health management. Based on the literature,
the research hypothesis is formulated as follows:

HS: AT trust has a significant impact on satisfaction.

2.2.6 Relation between Satisfaction and Continuance
Intention

The compatibility between user satisfaction and the
long-term goal of continued use of wearable technology is
crucial. As Al technology continues to evolve and access to
essential services such as healthcare expands, self-
management of personal health has become increasingly
important in ensuring user satisfaction and sustained product
use (Najjar et al., 2021). These findings align with those of
Windasari and Lin (2021), who posited that consumers are
likely to abandon smartwatches if they do not derive
sufficient satisfaction from them. Based on the literature, the
research hypothesis is formulated as follows:

He: Satisfaction has a significant impact on continuance
intention.

3. Research Methods and Materials
3.1 Research Framework

Based on the works of Uzir et al. (2021), Rehman et al.
(2021), and Siepmann and Kowalczuk (2021), the
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researcher developed a conceptual framework for this study,
as illustrated in Figure 1, to examine the Technology
Acceptance Model (TAM) in the context of health
smartwatches (HSW). The independent variables included
perceived usefulness (PU), perceived ease of use (PEU),
enjoyment (EN), Al trust (AIT), and Al experience (AIU).
Satisfaction (SA) served as the mediating factor, while the
dependent variable was the intention to continue using HSW.
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Figure 1: Research Framework

The Expectancy Confirmation Model (ECM),
introduced by Bhattacherjee (2001), was also incorporated
into the study. ECM assumes that user continuance intention
is determined by perceived usefulness and satisfaction,
emphasizing post-use expectations rather than pre-use
expectations. The TAM and ECM together served as the
study’s foundational models. To accurately identify the key
factors influencing satisfaction, Al experience and Al trust
were introduced as external variables within the TAM
framework.

For customers to be willing to continue using health
smartwatches, the primary factors influencing satisfaction
must be strengthened. The study examined six associations
between these variables. The primary objective was to
investigate the factors influencing the satisfaction and
continued use of health smartwatches among university
students in Chengdu. Specifically, the study explored the
causal relationships between perceived ease of use (PEU),
perceived usefulness (PU), enjoyment (EN), Al user
experience (AIU), Al trust (AIT), and satisfaction (SA) to
gain deeper insights into the factors affecting the continued
use of health smartwatches (HSW).

3.2 Research Methodology
The research methodology adopted for this study was

quantitative. Undergraduate students from Chengdu
Medical College were selected as the target population. To
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determine an appropriate sample size, Comrey and Lee’s
(2013) guidelines for factor analysis were followed, which
categorize a sample size of 500 as "very good" for ensuring
statistical power and stable model estimation. Accordingly,
a total of 500 students were selected using a multi-stage
sampling technique.

A survey was conducted to collect data from the target
demographic. Before performing data analysis, the validity
and reliability of the questionnaire instrument were assessed.
Content validity was evaluated using the item-objective
congruence (IOC) index with three domain experts
reviewing the alignment between items and constructs. The
IOC values for all items ranged from 0.67 to 1.00, which
exceeded the commonly accepted minimum threshold of
0.50 (Rovinelli & Hambleton, 1977), thereby confirming the
content validity of the instrument.

Following these revisions, the questionnaire was
distributed online via Questionnaire Star, and a pilot test was
conducted with 30 respondents who met the screening
criteria. Reliability was assessed using Cronbach's alpha for
each construct, with all alpha values exceeding 0.70,
indicating acceptable internal consistency (Nunnally &
Bernstein, 1994). The results confirmed that the instrument
was both valid and reliable for full-scale data collection.

The questionnaire consisted of three sections. The first
section included screening questions to ensure participants
met the eligibility criteria, including having used a health
smartwatch (HSW) for more than one year. The second
section contained Likert-scale items measuring all study
variables, corresponding to the six research hypotheses.
Responses were recorded on a five-point Likert scale,
ranging from (1) "Strongly Disagree" to (5) "Strongly
Agree." The third section gathered demographic
information, including gender, age, and profession.

After finalizing the instrument, the main survey was
conducted with 500 participants selected through a multi-
stage sampling technique. The measurement model was
tested using Confirmatory Factor Analysis (CFA), while the
structural model and six hypotheses—corresponding to the
six variables in the conceptual framework—were examined
using Structural Equation Modeling (SEM).

3.3 Target Population and Sample Size

A combination of non-probability sampling, judgment
sampling, and quota sampling was employed to select
undergraduate students from four distinct majors at
Chengdu Medical College. The target respondents for this
study are undergraduate students from Chengdu Medical
College who have been using a health smartwatch (HSW)
for more than one year. The questionnaires were distributed
via the online platform Questionnaire Star. Table 1 presented
the sample distribution among the four majors of Chengdu
Medical College.
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Table 1: Quota Sampling of Chengdu Medical College Students
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Table 2: Respondents’ Demographic Profile

Majors of Chengdu Medical Population Proportional Demographic and General Data Frequency Percentage
College Size Sample Size (N=500)

Clinical Medicine 2,400 170 Gender Male 272 54.4
Pharmaceutical 1,240 88 Female 228 45.6
Nursing 2,020 143 Age 18-20 years old 61 12.2
Medical Laboratory and Medical 1,400 99 20-22 years old 98 19.6
Imaging 22-24 years old 205 41.0
Total 7,060 500 More than 24 years old 136 27.2
Source: Chengdu Medical College Academic Affairs Office (2024) Year of Use | 1-2 years 162 324
2-3 years 201 40.2
Between February and September 2024, the researcher 3-4 years 23 18.6
distributed questionnaires using convenience sampling , Over 4 years a4 8.8
. Function Heart health 161 322
thrqugh onl}ne platforms such as WeChgt, QQ, and other Sleep 115 230
social media channels. A data screening process was Sport 193 386
conducted to ensure that participants met the eligibility Other 31 6.2

criteria, confirming the suitability of the target population.
All respondents were undergraduate students from four
selected majors at Chengdu Medical College in China. To
encourage participation, students were invited to voluntarily
complete the online questionnaire.

4. Results and Discussion
4.1 Demographic Information

Among the 500 respondents, 54.4 percent were male and
45.6 percent were female. The largest proportion of
participants (41 percent) were between the ages of 22 and
24, while 12.2 percent were between 18 and 20 years old,
19.6 percent were between 20 and 22 years old, and 27.2
percent were above 24 years old. On the duration of
healthcare smartwatch usage, 32.4 percent of respondents
had been using a smartwatch for one to two years, 40.2
percent for two to three years, 18.6 percent for three to four
years, and 8.8 percent for more than four years.

4.2 Confirmatory Factor Analysis (CFA)

Confirmatory Factor Analysis (CFA) was used in this
study to examine the underlying factors influencing the use
of health smartwatches among university students in
Chengdu. CFA was employed to assess the validity and
acceptability of each item in the conceptual framework
model (Bollen, 1989). The study utilized factor analysis,
weight estimation, and goodness-of-fit index testing to
evaluate model suitability. The study included seven
measurable variables: Perceived Ease of Use (PEU),
Perceived Usefulness (PU), Al User Experience (AIU), Al
Trust (AIT), Enjoyment (EN), Satisfaction (SA), and
Continuance Intention (CI).

Results in Table 3 confirm the internal consistency of the
structure, thereby verifying the reliability of the
questionnaire. The Cronbach’s alpha coefficient was used to
measure the level of agreement between questionnaire items,
ensuring their consistency.

Table 3: Confirmatory Factor Analysis (CFA), Composite Reliability (CR), and Average Variance Extracted (AVE) Results

A Source of Questionnaire No. of Cronbach’s Factor

VALELD (Measurement Indicator) Item Alpha Loading — L\
Perceived Ease of Use (PEU) Rehman et al. (2021) 4 0.854 0.737-0.776 | 0.842 0.571
Perceived Usefulness (PU) Rehman et al. (2021) 4 0.828 0.695-0.732 | 0.805 0.509
Enjoyment (EN) Siepmann and Kowalczuk (2021) 3 0.804 0.762-0.811 | 0.892 0.617
Al User Experience (AIU) Uzir et al. (2021) 7 0.902 0.706-0.804 | 0.903 0.571
Al Trust (AIT) Uzir et al. (2021) 6 0.902 0.727-0.810 | 0.902 0.606
Satisfaction (SA) Siepmann and Kowalczuk (2021) 6 0.899 0.708-0.756 | 0.874 0.537
Continuance Intention (CI) Siepmann and Kowalczuk (2021) 3 0.804 0.737-0.764 | 0.795 0.564

Note: CR = Composite Reliability, AVE = Average Variance Extracted

The researcher examined several key model fit metrics,
including root-mean-square residuals (RMR), root-mean-
square error of approximation (RMSEA), normed fit index
(NFI), incremental fit index (IFI), comparative fit index
(CFI), chi-square ratio (y*df), goodness-of-fit index (GFI),
and adjusted goodness-of-fit index (AGFI). These indices
evaluate how well the proposed model aligns with the

observed data. As shown in Table 4, the statistical values of
each indicator were compared against established thresholds.
The results—CMIN/DF = 1.488, GFI = 0.924, AGFI =
0.910, NFI=0.922, CFI1=0.973, TLI=0.970, and RMSEA
= 0.031—met the recommended criteria, indicating a good
model fit.
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Table 4: Goodness of Fit for Measurement Model
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Table 6: Goodness of Fit for Structural Model

Index Criterion Statistical Value Index Criterion Statistical Value
CMIN/DF <5.00 (Al-Mamary & 1.488 CMIN/DF <5.00 (Al-Mamary & 2.58
Shamsuddin, 2015; Awang, 2012) Shamsuddin, 2015; Awang, 2012)
GFI > 0.85 (Sica & Ghisi, 2007) 0.924 GFI > 0.85 (Sica & Ghisi, 2007) 0.854
AGFI > 0.80 (Sica & Ghisi, 2007) 0.910 AGFI > 0.80 (Sica & Ghisi, 2007) 0.832
NFI > 0.80 (Wu & Wang, 2006) 0.922 NFI > 0.80 (Wu & Wang, 2006) 0.861
CFI > 0.80 (Bentler, 1990) 0.973 CFIL > 0.80 (Bentler, 1990) 0.909
TLI > 0.80 (Sharma et al., 2005) 0.970 TLI > 0.80 (Sharma et al., 2005) 0.902
RMSEA <0.08 (Sica & Ghisi, 2007) 0.031 RMSEA <0.08 (Sica & Ghisi, 2007) 0.056

Note: CMIN/DF = The ratio of the chi-square value to degree of freedom,
GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit index, NFI
= normalized fit index, CFI = comparative fit index, TLI = Tucker Lewis
index and RMSEA = root mean square error of approximation

Table 5 displays the results of the discriminant validity
analysis, highlighting the correlations among different
factors. Since all correlation coefficients remain below the
0.85 threshold, it indicates that each construct is
independently defined. This finding verifies that the
measurement model maintains strong discriminant validity,
ensuring that the variables are well-differentiated.
Consequently, the study confirms that the measured
constructs are unique and can be analyzed as distinct
variables in subsequent research.

Table 5: Discriminant Validity

Factor Correlations

Variable — T EN | AIU | AIT | SA C

PEU 0.756

PU 0.425 | 0.713

EN 0.172 | 0.258 | 0.785

AIU 0.393 | 0433 | 0.24 | 0.756

AIT 0.393 | 0.41 | 0.196 | 0.396 | 0.778

SA 0.414 | 0.435 | 0.316 | 0.435 | 0.475 | 0.732

CI 0.368 | 0.407 | 0.234 | 0.377 | 0.348 | 0.416 | 0.751

Note: The diagonally listed value is the AVE square roots of the variables

4.3 Structural Equation Model (SEM)

To ensure that the Structural Equation Modeling (SEM)
analysis met an acceptable threshold, the model was
adjusted. The findings indicate that the degree of freedom,
P-value, and chi-square value are all below 0.05, confirming
that the results meet the required criteria. Additionally, the
goodness-of-fit indices—GFI = 0.854, AGFI = 0.832, NFI =
0.861, CFI = 0.909, TLI = 0.902, and RMSEA = 0.056—
demonstrate that the SEM analysis exhibits an overall
satisfactory fit. The fact that all fitted parameter values meet
the minimum required standards suggests that the data are
well-modeled and appropriately represented within the
framework.

Note: CMIN/DF = The ratio of the chi-square value to degree of freedom,
GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit index, NFI
= normalized fit index, CFI = comparative fit index, TLI = Tucker Lewis
index and RMSEA = root mean square error of approximation

4.4 Research Hypothesis Testing Result

Based on path analysis and the results presented in Table
7, this study confirms the significant impact of perceived
usefulness, Al user experience, Al trust, and enjoyment on
satisfaction, as supported by Hypotheses H2, H3, H4, and
HS5. Furthermore, Hypothesis H1 establishes that perceived
ease of use influences perceived usefulness. Additionally,
satisfaction plays a crucial role in shaping continuance
intention, as demonstrated in Hypothesis H6, highlighting
its importance in the long-term adoption of health
smartwatches.

Table 7: Hypothesis Testing Result

Hypothesis St::;ifzgzletg (I;;;th t-value Test Result
Hl: PEU — PU 0.558 9.533* Supported
H2: PU — SA 0.483 5.643* Supported
H3: EN — SA 0.192 4.728* Supported
H4: AIU — SA 0.227 5.116* Supported
H5: AIT —> SA 0.288 7.000* Supported
H6: SA — CI 0.504 8.305* Supported

Note: *=p-value<0.05

The statistical results presented in Table 7 can be
summarized as follows:

In H1, the findings indicate that Perceived Ease of Use
(PEU) has a significant positive relationship with Perceived
Usefulness (PU) (B =0.588, p <0.05), confirming Siepmann
and Kowalczuk’s (2021) study, which suggests that the ease
of use enhances users' perception of smartwatches as useful.

In H2, the findings indicate that Perceived Usefulness
(PU) is positively associated with Satisfaction (SA) (B =
0.483, p <0.05), supporting Chuah et al.’s (2016) research,
which states that users are more likely to be satisfied with
health smartwatches if they perceive them as accurate,
comprehensive, and highly useful.

In H3, the findings indicate that Enjoyment (EN) has a
significant positive relationship with Satisfaction (SA) (B =
0.192, p <0.05), validating Krey et al.'s (2019) findings that
a sense of enjoyment enhances user satisfaction with
smartwatch usage.
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In H4, the findings indicate that Al User Experience
(AIU) positively influences Satisfaction (SA) (B = 0.227, p
< 0.05), confirming Bolen’s (2020) research that users tend
to be more satisfied with health smartwatches if the product
incorporates technology that provides a new or novel user
experience.

In HS5, the findings indicate that Al Trust (AIT) is
positively correlated with Satisfaction (SA) (f =0.288, p <
0.05), supporting Zhang et al.’s (2017) emphasis on the
importance of accurate health devices, which are closely
linked to user trust and, consequently, satisfaction.

In H6, the findings indicate that Satisfaction (SA) has a
significant positive effect on Continuance Intention (CI) (B
= 0.504, p < 0.05), verifying Windasari and Lin’s (2021)
findings that users' intention to continue using health
smartwatches is strongly influenced by their level of
satisfaction.

5. Conclusions and Recommendation

5.1 Conclusions

The study population consisted of undergraduate
students at Chengdu Medical College. A total of 500
students from four different academic disciplines
participated in the study, with data collected through
questionnaires. The responses from these completed
questionnaires were analyzed to provide empirical support
for the conceptual framework presented in this paper.
Additionally, this framework aligns with previous research
in the field, reinforcing its theoretical foundation. Based on
prior literature, it was hypothesized that satisfaction would
influence students' continued use of health smartwatches
(Bhattacherjee, 2001). The collected data were analyzed
using the statistical software packages SPSS and JAMOVI.
The conceptual framework demonstrated a satisfactory
model fit, as confirmed by the AMOS test, which validated
the factor structure of the measurement model. Additionally,
the results of the Confirmatory Factor Analysis (CFA)
supported the applicability of the factor structure, indicating
that the data exhibited a reasonable fit.

The findings indicate that perceived usefulness (PU), Al
user experience (AIU), Al trust (AIT), and enjoyment (EN)
directly influence students’ satisfaction, which in turn
significantly impacts their intention to continue using health
smartwatches. Satisfaction was found to have a direct effect
on continuance intention (CI). Moreover, perceived ease of
use (PEU) was shown to directly affect PU, which indirectly
influenced satisfaction. While enjoyment had a relatively
small effect, it still contributed to satisfaction. The study
sample comprised students with a medical background,
providing valuable insights into the market for medical
smart health watches. The results suggest that a good user
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experience and perceived usefulness can enhance students'
willingness to engage in physical activity. Since smartwatch
adoption and initial use require ease-of-use support, it is
essential that users receive adequate guidance on how to
utilize smartwatch features effectively, including data
tracking capabilities.

5.2 Recommendations

In light of the findings presented in this study, several
recommendations are proposed. Firstly, the ease of use of
smart health watches should be optimized to enhance user
experience. This can be achieved by improving the device’s
functionality, making it more intuitive and user-friendly,
particularly for elderly individuals who may face challenges
in navigating complex technology.

Secondly, in terms of perceived usefulness, it is
recommended that additional portable health monitoring
features be incorporated to better align with consumer needs
and enhance health protection. Additionally, further
evaluation of follow-up support resources is necessary to
ensure continuous improvement in smartwatch functionality
and effectiveness.

Although satisfaction directly influences the intention to
continue using smart health watches, ongoing
improvements should focus not only on user satisfaction but
also on enhancing the energy efficiency and overall health
benefits provided by these devices. Furthermore, there is a
need to strengthen the integration of the Internet of Things
(IoT) within healthcare systems, fostering stronger
connections between doctors, communities, and hospitals.
Continuous feedback from users should be collected and
analyzed to support the development of features that
encourage long-term user engagement.

Lastly, smartwatch manufacturers can leverage the data
from this study to further optimize their products. By
refining smartwatch design, functionality, and user
experience, manufacturers can ensure that their devices
meet evolving consumer expectations and promote
sustained usage.

5.3 Limitation and Further Study

A limitation of this study is that the variables examined
are focused at the individual level, with data collected
exclusively from students enrolled in a medical school. This
restricts the generalizability of the findings to broader
populations. Future research could expand on this study by
incorporating similar variables while employing a
longitudinal or experimental design to assess changes over
time. Additionally, conducting studies at multiple
institutions and across diverse academic disciplines would
provide a more comprehensive understanding of smartwatch
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adoption and continued use. Further research could also
explore the influence of external factors such as
technological advancements, healthcare policies, and socio-
demographic variations on smartwatch adoption. By
analyzing user behaviors and usage patterns, brands can
develop more adaptable and user-centered products and
services, ensuring greater usability and satisfaction.
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