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Abstract

Purpose: This article investigates the crucial elements that significantly impact the intent to utilize E-government services among
employees within government departments across three distinct regions in Chengdu, China. In the conceptual framework, trust in
e-government, users’ satisfaction, perceived usefulness, perceived ease of use, facilitating conditions, social influences, and
intention to use were interlinked, demonstrating a mutual influence. Research design, data, and methodology: The researcher
employed a quantitative approach involving 500 participants and distributed questionnaires among government department
employees across three distinct regions. The survey used a multi-stage sampling strategy to collect data, integrating judgmental and
quota sampling methods. The data analysis was executed through CFA and SEM. Result: Furthermore, model fit, correlation
validity, and reliability were evaluated for every element. It was found that each exogenous variable significantly influenced its
respective endogenous variable, with perceived usefulness having the most important impact on the intention to use. Conclusion:
This study aims to analyze factors influencing the surveys’ intention to use e-government services, thereby driving the improvement
and development of e-government. It will promote e-government more effectively among the public, providing convenient services
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to citizens. It also enriches e-government theory, offering meaningful and useful perspectives for scholars and practitioners.
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1. Introduction

Electronic government, or e-government, is a
transformative approach that utilizes digital technologies and
information systems to enhance the functioning of
government institutions (Suri & Sushil, 2017). The main goal
is to improve the efficiency, transparency, and accessibility
of public services by integrating electronic platforms and
communication tools. (Camilleri, 2019).

E-government is being increasingly adopted worldwide
as a crucial tool for modern government management. It
enhances government efficiency, promotes digital

transformation, and offers more convenient services for users.

E-government enhances administrative efficiency by
integrating digital tools into internal processes within
government agencies. This includes adopting electronic
document management systems, automated workflows, and
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data analytics to streamline decision-making processes.
(Alcaide-Mufioz et al, 2017). By adopting these
technologies, governments can optimize resource allocation,
minimize paperwork, and enhance the overall effectiveness
of public administration. As Shuib et al. (2019) study, e-
government seeks to improve accessibility and delivery of
government services, offering residents top-notch service via
contemporary connectivity. This method is anticipated to
substantially enhance the connection between the populace
and the government (Talukder et al., 2020).

The study was specifically designed to unravel the causal
interrelationships between TIE, US, PU, PEOU, FC, SI, and
ITU among government department employees across
different regions of Chengdu, China. The primary focus was
to understand how these factors influence each other and
collectively impact the adoption and sustained usage of e-
government platforms by public sector workers.
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This research builds upon previous studies and
established theories to conduct a comprehensive
investigation into the factors influencing the intention of
government department employees to use e-government
services. By developing relevant theoretical models, it not
only provides valuable insights but also serves as a reference
for future researchers exploring the influencing factors of e-
government.

2. Literature Review

2.1 Trust in e-government

Trust is defined as one party's readiness or voluntary
inclination to rely on another with the firm expectation that
the other party will act in a manner that reflects their interests
(Mensah, 2019). Trust is vital in relationships as it
demonstrates how individuals interact and foster positive
connections (Alzahrani et al., 2018). Trust is characterized
by the degree to which an individual has confidence in the
government agency and the technology involved, believing
that engaging with the service will not lead to any issues or
adverse outcomes for them (Shuib et al., 2019). Earlier
studies have demonstrated that trust in government
significantly influences citizens' willingness to utilize
government services (Mensah, 2019). The proposition
indicates that an enhanced perception of government
agencies' political goodwill and institutional capacity to

promote the public good fosters greater trust among residents.

This heightened trust subsequently influences residents'
inclination to utilize e-government services (Abdul Rahim et
al., 2023). Empirical studies within the existing literature
have conclusively shown that TIE is an important factor
positively affecting residents' satisfaction levels (Teo et al.,
2009).

H1: Trust in e-government has a significant impact on users’
satisfaction.

2.2 Users’ satisfaction

Drawing from prior research and the dimensions of
measurement adopted in this study, user satisfaction is
characterized as "the degrees of experience and fulfillment
that citizens derive from utilizing e-government services,
encompassing aspects such as content, speed, quality,
security, and interface." (Shuib et al., 2019). Satisfaction is
essential because it directly influences the intention to reuse
technology (Mandari & Koloseni, 2023). With citizens
viewed as customers, scholars in public administration have
increasingly focused on understanding satisfaction with
public services and exploring the outcomes associated with
varying levels of satisfaction (Van de Walle, 2017).
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According to the study, the intention to use a system is
primarily influenced by the satisfaction derived from prior
use of the information system (Li, 2021). E-government
adoption hinges on citizens' higher satisfaction levels with
the online services provided by the government (Kumar et
al., 2007). Likewise, high satisfaction with e-government
services enhances the probability that citizens will persist in
utilizing these services (Mandari & Koloseni, 2023).

H2: Users’ satisfaction has a significant impact on intention
to use.

2.3 Perceived Usefulness

Perceived Usefulness pertains to the degree to which an
individual perceives that employing a technology will
improve their performance within a particular context (Al-
Omairi et al., 2020). Perceived usefulness is the conviction
that a new technology will facilitate the efficient completion
of a task. In contrast, relative advantage denotes the belief
that an innovation will simplify the task execution process
compared to existing methods (Carter & Bélanger, 2005). It
is crucial to consider perceived usefulness as an essential
factor influencing satisfaction and continued intention to use
technology. Individuals tend to sustain their use of a
technology when they recognize its benefits and assistance
in meeting their requirements (Mandari & Koloseni, 2023).
The study's results indicated that perceived usefulness
emerged as the most significant factor influencing the intent
to utilize the Internet (Khan et al.,, 2023). Perceived
usefulness (PU) consistently predicts behavioral intention
across various contexts (Foroughi et al., 2019). Research
findings have revealed that PU significantly enhances
satisfaction (Rachmi et al., 2023).

H3: Perceived usefulness has a significant impact on
intention to use.

2.4 Perceived Ease of Use

Perceived ease of use is defined as "the extent to which
an individual believes that utilizing a specific system would
be devoid of effort," adhering to the concept of "ease" as
"being free from difficulty or significant exertion." (Davis,
1989). It represents an individual's anticipation regarding the
simplicity of comprehending, learning, and operating the
intended system (Akther & Nur, 2022). PEOU refers to an
individual's assessment of their belief that utilizing a
particular technology will be free from difficulty.
Technology is considered more useful when it is easy to
understand, learn, and use (Abdul Rahim et al., 2023a).
According to the Technology Acceptance Model (TAM), the
PEOU influences an individual's inclination to adopt a
system (Carter & Bélanger, 2005). Similarly, the PEOU by
citizens play a pivotal role in forecasting their inclination to
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engage with e-government services (Camilleri, 2019). It is
also noted that the PEOU has a positive and significant
influence on the actual utilization of the system (Yuliyani &
Sartika, 2021).

H4: Perceived ease of use has a significant impact on
intention to use.

2.5 Facilitating Conditions

Facilitating conditions can also be behavioral control
(Yuan et al., 2023). It is described as the degree to which an
individual perceives an organizational and technical
framework that supports the use of the system (Venkatesh et
al., 2003). FC stands for the level at which a person has
confidence that a technical and organizational infrastructure
is established to enable the utilization of a system
(Muhammad & Kaya, 2023). Despite the notable effect of
FC on ITU technology and its actual application within
governmental contexts, its role in shaping the intention to
embrace e-government transformation requires additional
scrutiny (Batara et al., 2017). FC had an important effect on
the behavioral intention to utilize e-government services, and
the level of Internet experience exclusively moderated this
relationship (Alshehri et al., 2013). FC has an important
effect on behavioral use (Lim, 2023).

HS: Facilitating conditions has a significant impact on
intention to use.

2.6 Social Influences

According to previous studies and the evaluation metrics
used in this research, SI pertains to the understanding that
employing e-government services carries significant social
implications, especially on aspects such as trust, privacy,
security, accountability, and dependability (Al Athmay et al.,
2016). SI signifies how influential individuals influence
others' adoption of a new system (Liu et al., 2023). SI refers
to how much an individual feels that significant figures
within their social network think they ought to adopt the new
system (Venkatesh et al., 2003). Research has shown that SI
is crucial in affecting both the desire to utilize and the real-
world application of different technological systems (Batara
et al., 2017). SI pertains to the interpersonal dynamics that
sway an individual's choice to adopt technology (Chan et al.,
2010).SI subtly shapes users' inclination to engage with a
system by altering their contentment with the technology (Al
Athmay et al., 2016).

H6: Social influence has a significant impact on intention to
use.
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2.7 Intention to Use

Individuals' propensity to adopt technology is swayed by
their perspective on its application, a viewpoint that is
molded by their discernment of the technology's practicality
and user-friendliness (Camilleri, 2019). An individual's
interest in using something is typically driven by their
assessment of its usefulness, which ultimately contributes to
their satisfaction (P.G et al., 2022). Intention to use reflects
the user's attitude formed through their experience with the
system, influencing whether they continue using it (Amanda
et al., 2023). The inclination and readiness to embrace e-
government services are significantly affected by the level of
satisfaction experienced with the services offered.
Satisfaction is pivotal in determining users' choices to accept
and maintain their engagement with e-government services
(Al Athmay et al., 2016). ITU is impacted positively and
significantly by facilitating conditions and social influence
(Zeebaree et al., 2022). According to scholars, the intention
to use is strongly related to social influence, which refers to
the power that significant individuals have over an individual,
influencing their decision to use a system (Méndez-Rivera et
al., 2023).

3. Research Methods and Materials
3.1 Research Framework

The conceptual framework was based on many previous
research studies and the account of the classic models. It
depended on the three theoretical frameworks: TAM,
UTAUT, and TCT. Carter (2008) established the initial
theoretical framework. It provided PU and PEOU as the two
variables impacting users’ ITU. The second theoretical
framework was developed by Camilleri (2019). The results
suggest that SI and FC are significant antecedents for ITU.
Abdul Rahim et al. (2023) constructed the third theoretical
framework. The research has confirmed that TIE and US
significantly influence users’ intent to utilize e-government
services. The conceptual framework of this study is shown
in Figure 1.
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Figure 1: Research Conceptual Framework

H1: Trust in e-government has a significant impact on users’
satisfaction.

H2: Users’ satisfaction has a significant impact on intention
to use.

H3: Perceived usefulness has a significant impact on
intention to use.

H4: Perceived ease of use has a significant impact on
intention to use.

HS: Facilitating conditions has a significant impact on
intention to use.

He6: Social influences have a significant impact on intention
to use.

3.2 Research Methodology

This study conducted a questionnaire survey of
employees who have experience using e-government systems
in public institutions in different regions of Chengdu. The
target areas are Tianfu New Area, Pidu District, and Pengzhou
City.

This questionnaire comprises screening questions,
measuring variables, and demographic questions. Screening
questions are a type of survey question used to filter out
specific respondents from the overall sample. Demographic
questions are employed at the beginning of the survey to
collect data on participants' age, gender, educational
background, and other pertinent factors, providing a thorough
insight into their attributes (Coleman-Prisco, 2016).
According to Salkind (2017), Likert scales are employed in
questionnaires to assess the extent of respondents' attitudes,
typically using a five-point or seven-point scale. A five-point
Likert scale is utilized to determine variables. Kindly evaluate
the statement and express the extent you concur, using a scale
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of 1to 5.

Content validity was assessed through expert evaluation
using the IOC index. Three experts in electronic government
research evaluated each scale item. A pilot test is the initial
phase of a research protocol, typically conducted on a smaller
scale, aimed at refining and planning the main test. It
significantly improves the quality and efficiency of the
primary study (In, 2017). The study implemented a pilot test
involving 50 participants to assess the research tools'
dependability and ensure consistent responses. As stated by
Frost (2022), Cronbach's alpha coefficient is utilized to gauge
a group of survey items' internal consistency or reliability. It
should be used to evaluate the internal consistency and
reliability of the questionnaire.

After establishing the instrument's validity and reliability,
paper-based questionnaires were distributed to 500
individuals from various regions. The collected data were
processed using AMOS software. Confirmatory Factor
Analysis (CFA) was also implemented to evaluate the
measurement model. To examine the structural model and
substantiate the six hypotheses linking the seven variables
within the conceptual framework, Structural Equation
Modelling (SEM) was applied.

3.3 Population and Sample Size

The population was considered finite if it comprised a set
number of elements, allowing for the complete enumeration
of all its members (Kabir, 2016). The criteria should be
explicitly delineated to guarantee that the results accurately
reflect and apply to the larger target population (Willie, 2023).
The intended audience for this paper comprises individuals
employed within government sectors in three different areas
of Chengdu who have e-government experience. And 785
questionnaires were distributed to the target population, and
500 valid questionnaires were ultimately used.

3.4 Sampling Technique

The researcher utilized a multistage sampling approach,
which encompassed three distinct phases. First, judgmental
sampling is used to limit the number of users who work in
government departments and have over a year of experience
using e-government. Second, stratified random sampling
helps exhibit a reasonable demographic structure in the three
regions, including population, education, and age, making
them significantly representative. Subsequently, quota
sampling was implemented to gather data proportionally
across the three areas of Chengdu. The distribution of
proportions is detailed in Table 1. Finally, the researcher
conducted a questionnaire through a questionnaire survey.
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Table 1: Sample Units and Sample Size i
Regioﬁ Populatﬁm Size | Proportional sample size Demoqraphl(tlz\liré%oc);eneral paa F s ey PEEEIEE
Tianfu 1125 139 20-30 135 27.00%
Pidu 1896 234 30-40 170 34.00%
Pengzhou 1032 127 Age 40-50 116 23.20%
Total 4053 500 More than 50 79 15.80%
Source: Constructed by author years old
Within 3 years 108 21.60%
3-10 years 145 29.00%
4. Results and Discussion Year 10-20 years 156 31.20%
of working More than 20 91 18.20
4.1 Demographic Information years
0 115 23.00%
It offers an exhaustive summary of the demographic Weekly usage i U 168 33.60%
profile details for the 500 participants, as presented in Table frequency S5 g 187 37.40%
2. Male respondents accounted for 43.20 percent of the total, Moretir;heasn 5 30 6.00%

whereas female respondents constituted 56.80 percent. In
terms of age, 27.00 percent of the people between the ages of
20 and 30, 34.00 percent of the people between the ages of 30
and 40, 23.20 percent of the people between the ages of 40
and 50, and 15.80 percent are more the 50 years old. For the
years of working, 21.60 percent of the people who have been
working within 3 years, 29.00 percent of the people who have
been working between 3 and 10 years, 31.20 percent of the
people who have been working between 10 and 20 years,
18.20 percent of the people who have been working more
than 20 years. For the weekly usage frequency, 23.00 percent
of the people with 0 usage times, 33.60 percent within 2 usage
times, 37.40 percent with 3 to 5 usage times, and 6.00 percent
with more than 5 usage times.

Table 2: Demographic Profile

Demographic and General Data
(N=500) Frequency Percentage
Gend Male 216 43.20%
ender Female 284 56.80%

4.2 Confirmatory Factor Analysis (CFA)

CFA evaluates hypotheses regarding the shared variance
among variables (Hoyle, 2012). CFA offers a measurement
model based on SEM. It ensures the validity of the
measurement instruments used in the study. As depicted in
Table 3, the coefficients for the seven variables were all above
0.80, indicating high internal consistency. Additionally, all
factor loadings exceeded 0.50, demonstrating significant item
contribution to the factors. The CR values were also above
0.80, suggesting strong construct reliability. Furthermore, the
AVE values were greater than 0.50 Hair et al. (2013),
indicating that the variables effectively captured the variance
of the latent constructs. The diagonal elements of the matrix
indicate the square root of the AVE for each variable, which
measures the proportion of variance captured by the
indicators of the latent constructs.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

Variables g\zlelzzflrzfmgl:eigg?clzgr) l\i(t);,n(:f Cr(izll;) a;f;l's Factors Loading CR AVE
Trust in e-government (TIE) (Abdul Rahim et al., 2023) 3 0.877 0.811-0.872 0.878 0.706
Users’ satisfaction (US) (Abdul Rahim et al., 2023) 3 0.847 0.783-0.826 0.846 0.648
Perceived usefulness (PU) (Carter, 2008) 4 0.891 0.776-0.852 0.891 0.672
Perceived ease of Use (PEOU) (Carter, 2008) 4 0.843 0.713-0.862 0.846 0.581
Facilitating condition (FC) (Camilleri, 2019) 4 0.888 0.796-0.825 0.888 0.665
Social influence (SI) (Camilleri, 2019) 3 0.884 0.829-0.860 0.884 0.718
Intention to use (ITU) (Camilleri, 2019) 3 0.882 0.817-0.860 0.882 0.714

As shown in Table 4, the entire set of indicators,
including the CMIN/DF, GFI, AGFI, NFI, TLI, CFI, and
RMSEA, were used to assess the model fit. Consequently,

all these measures indicated that the GFI statistics in the CFA
testing of this scientific study were satisfactory.
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Table 4: Goodness of Fit for Measurement Model

Fit Index Acceptable Criteria Statistical Values
<5.00 (Al-Mamary & 1.434
CMIN/DF Shamsuddin, 2015)
GFl > 0.85 (Sica & Ghisi, 2007) 0.949
AGFI > 0.80 (Sica & Ghisi, 2007) 0.934
NFI > 0.80 (Wu et al., 2006) 0.952
TLI > 0.80 (Sharma et al., 2005) 0.982
CFlI > 0.80 (Bentler, 1990) 0.985
RMSEA < 0.08 (de Marco et al., 2019) 0.029
Model Acceptable
Summary Model Fit

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, TLI = Tucker Lewis index, CFI =
comparative fit index, and RMSEA = root mean square error of
approximation

Furthermore, all the coefficients between any two latent
variables were determined to be under 0.80, as shown by the
discriminant validity results in Table 5. The data in the table's
columns are all less than the AVE square root. Consequently,
the assessment of discriminant validity was substantiated
through these quantitative evaluations, indicating that the
constructs were sufficiently distinct from one another.

Table 5: Discriminant Validity
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Table 6: Goodness of Fit for Structural Model

Fit Index Acceptable Criteria Statistical
Values
CMIN/DF | <5.00 (Al-Mamary & Shamsuddin,
2.617
2015)
GFlI > 0.85 (Sica & Ghisi, 2007) 0.890
AGFI > 0.80 (Sica & Ghisi, 2007) 0.866
NFI > 0.80 (Wu et al., 2006) 0.906
TLI > 0.80 (Sharma et al., 2005) 0.932
CFl > 0.80 (Bentler, 1990) 0.940
RMSEA | <0.08 (de Marco et al., 2019) 0.057
Model Acceptable
Summary Model Fit

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, TLI = Tucker Lewis index, CFI =
comparative fit index, and RMSEA = root mean square error of
approximation

4.4 Research Hypothesis Testing Result

SEM is widely used in behavioral sciences, academia,
and industries where professionals develop and apply
theories (El-Habashy et al., 2023). The first component
encompasses the observed variables that symbolize the
measurement concept, while the second component defines
the associations among constructs, encompassing the

TIE | US | PU |PEOU | SI FC | ITU intervening pathways within the structural model.
%15 g'ggg 0805 Furthermore, the relationship between external and internal
PU_ | 0220 0258 | 0.845 latent Yarlables in the SEM is evaluated through the path
PEOU | 0251 | 0308 | 0236 | 0.820 coefticient. Table 7 reveals that all hypotheses are supported.
SI__ | 0.243 [ 0.275 | 0.190 | 0.227 | 0.762
FC 0.251 | 0.331 | 0.282 | 0.267 | 0.260 | 0.815 Table 7: Hypothesis Results of the Structural Equation Modelin
ITU 0.247 | 0.308 | 0.358 | 0.275 | 0.253 | 0.324 | 0.847 Hypothesis ® t-value Result
Note: The diagonally listed value is the AVE square roots of the variables
Source: Created by the author. HI: TIE — US 0.260 5.106%** Supported
H2: US - ITU 0.170 3.490%** Supported
. H3: PU—- ITU 0.280 5.788%** Supported
4.3 Structural Equation Model (SEM) H4: PEOT o ITO0 SET > T3 Supported
} o H5: FC — ITU 0.190 3.971*** Supported
SEM has become a widely used statistical method for H6: SI »ITU 0.130 2.652%* Supported

examining intricate relationships among multiple variables
across various disciplines (Tshuma et al., 2023). The real
power of SEM is in its ability to model latent variables,
adjusting for measurement errors by estimating relationships
between latent variables instead of observed ones.

Table 6 shows the statistical values: CMIN/DF = 2.617,
GFI = 0.890, AGFI = 0.866, NFI = 0.906, TLI = 0.932, CFI
= 0.940, and RMSEA = 0.057. Since all these fit indices
exceed the acceptable thresholds, they support the adequacy
of the structural model.

Note: *** p<0.001, ** p<0.01
Source: Created by the author

H1: It has demonstrated that users’ satisfaction is
significantly influenced by trust in e-government, with a
standardized path coefficient of 0.260. As Teo et al. (2008)
said, the research consistently confirms a positive correlation
between TIE and residents’ satisfaction. Abdul Rahim et al.
(2023) also affirmed that residents’ TIE positively influences
satisfaction with e-government services. It shows that high
investor trust in an online broker increases satisfaction.

H2: User satisfaction exerts a substantial influence on the
intention to use e-government services, as indicated by the
standardized path coefficient of 0.170. According to
Hariguna et al. (2019) studies, the user’s intentions are
primarily determined by their satisfaction with prior use.
This suggests that if citizens are content with the services



Liu Zhongming / The Scholar: Human Sciences Vol 17 No 4 (2025) 225-234

offered via e-government platforms, the probability of their
continued use of these services is likely to be significantly
high (Mandari & Koloseni, 2023). This underscores the
potential impact of user satisfaction on the widespread use of
e-government services.

H3: The perception of usefulness positively affected the
intention to adopt, as indicated by a standardized path
coefficient of 0.280. This variable has the highest coefficient
of influence on intention to use. Camilleri (2019) has
supported this, highlighting the substantial impact of
individuals’ PU of e-government systems on their intentions
to use them.

H4: Users’ intention to use e-government services is
significantly influenced by perceived ease of use, with the
standardized path coefficient being 0.130. It was identified
by Carter and Bélanger (2005) and emphasized by Camilleri
(Camilleri, 2019). In essence, citizens’ perceptions of the
ease of using technology and its usefulness are critical
factors in predicting their intentions to adopt and utilize e-
government services. Camilleri (2019) emphasized that
individuals’ perceived ease of use for e-government systems
strongly affects their intentions to use them.

H5: The hypothesis received support, demonstrating that
facilitating conditions significantly influenced the intention
to use, evidenced by a standardized path coefficient of 0.190.
Muhammad and Kaya (2023) further confirm that FC
positively and significantly influences behavioral intention
toward using e-government services. Barriers to open data
usage (Huijboom & van den Broek, 2011) suggested that the
availability of FC, such as networks, internet connections,
and proper open data infrastructure, can elevate the intention
to use open data.

H6: Our findings indicated that social influences had an
important effect on the intention to use with a standardized
path coefficient of 0.130. Social influence positively
correlates with the inclination to adopt and embrace open
data technologies (Zuiderwijk et al., 2015). Camilleri (2019)
emphasizes that individuals’ social influences significantly
impact their intentions to use e-government systems. In
summary, social influence plays a consistent and influential
role in shaping individuals’ intentions to adopt and use
various technologies, including e-government services and
open data technologies.

5. Conclusion and Recommendation
5.1 Conclusion

This research aimed to explore the determinants of e-
government usage intention within the workforce of

government agencies situated in three different areas of
Chengdu, China. A theoretical model was employed to
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construct and test six hypotheses, which examined the
interconnections between trust in e-government, users’
satisfaction, perceived usefulness, perceived ease of use,
facilitating conditions, social influences, and the intention to
use e-government services. The study sought to validate
these hypotheses to understand the mechanisms driving e-
government adoption in the regions. The research
administered a set of scale items to 500 individuals with
experience using e-government services as part of its
research methodology. CFA was utilized to thoroughly
evaluate the construct validity and reliability of the
theoretical model. Furthermore, SEM was utilized to confirm
the key factors influencing the intention to use e-government
services.

Our research findings highlight the direct and substantial
influence of perceived usefulness on ITU, making it the most
significant factor in this study. Facilitating conditions and
user satisfaction were identified as the second and third most
influential factors impacting ITU, followed by perceived
ease of use and social influences as the fourth most
influential factors impacting ITU.

Additionally, this quantitative study revealed that TIE
positively and significantly affected the US. In essence, the
main factors influencing users’ ITU were identified as US,
PU, PEOU, FC, and SI. PU stood out as a crucial element in
forecasting users’ ITU.

5.2 Recommendation

Based on collecting the data from this quantitative
investigation and the analysis of it, the study suggested that
the interconnection between the TIE, US, PU, PEOU, FC, SI,
and ITU should be carefully considered. The following
recommendations are outlined in order to enhancements and
updates of e-government systems to make convenient
communication and transaction between units and users.

For the TIE, at first, relevant departments should ensure
the transparency of all online services and operations,
allowing users to better understand their functioning.
Secondly, strong security measures must be implemented to
prevent data breaches and protect user privacy.
Simultaneously, it is necessary to maintain communication
with users through various channels, promptly addressing
their queries and feedback. Lastly, a robust legal and
regulatory framework needs to be established to ensure the
legality and reliability of services, as well as to supervise and
evaluate their effectiveness.

For US, relevant departments can understand the
behavior of different users through data analysis, thereby
providing services that are more tailored to the users, and
ensuring that the service process is simple and intuitive, with
strong operability, reducing the learning cost for users and
enhancing their usage efficiency. They should also respond
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quickly to user inquiries and feedback through various
means, pay attention to user opinions, and continuously
adjust and optimize the service.

By conducting research on user needs, optimizing the
functionalities of the service system to address users' actual
problems. Additionally, enhance the PU by improving the
system interface, user experience, system performance, and
providing detailed operational guidance.

Simplify the system operation process and provide clear
guidance and assistance, enabling users to quickly identify
and understand the functions on the operation interface, and
reduce the number of steps required for users to perform
operations. The operation interface should also have prompts
to help users understand the results of their actions in a
timely manner. By regularly conducting user testing and
collecting feedback, we can understand the difficulties and
needs users encounter during usage, and add targeted system
features accordingly. The above improvement measures can
better enhance PEOU.

For FC, departments need to coordinate and cooperate,
allocate resources reasonably according to user needs, ensure
the effective use of resources, and establish efficient
communication channels to promptly address issues users
encounter when using the system, collectively advancing
system improvements. Additionally, policies and regulations
conducive to the use of government platforms need to be
formulated, advanced technical tools and systems should be
introduced, and regular operational training provided to
employees to enhance their professional capabilities and
technical skills.

Enhancing SI also requires relevant departments to
approach the matter from multiple angles. By widely
adopting e-government systems and gathering user
satisfaction feedback, the influence of e-government systems
can be gradually enhanced. Department staff should
continuously learn professional knowledge and system-
related technologies, consistently listen to user opinions,
improve service quality, and regularly optimize and upgrade
the e-government systems. This strategy aims to build a
brand for the e-government systems and utilize social media
to promote the affairs handled through these systems.

5.3 Limitation and Further Study

Although meaningful findings were obtained in this study,
there are several limitations, such as a relatively small
sample size, focus only on three regions in Chengdu city, and
inclusion of only seven variables, among others. Given the
opportunity, future research could expand the sampling to
include two or three provinces and cities in China. This
would significantly increase the sample size and allow for a
more diverse population representation. Furthermore, further
refining the sample population's individual characteristics,
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such as occupation and education level, would be beneficial.
This approach would yield more accurate data and
strengthen the analysis of research questions, leading to more
representative conclusions.
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