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Abstract

Purpose This study explores the factors impacting the purchase intention of mobile games for art major students in Public
Universities in Chongging, China. Research design, data, and methodology: The researcher employed a quantitative
approach to collect sample data from the target population, utilizing a questionnaire. Before distributing the questionnaire,
the Item-Objective Congruence and conducted a pilot test to ensure content validity and reliability were employed. To
validate the model’s goodness of fit and confirm the causal relationship among variables for hypothesis testing, we analyzed
the data using Confirmatory Factor Analysis and Structural Equation Modeling. Results: All six hypotheses in this study
were consistent with the research objectives. Satisfaction and perceived value were the strongest predictors of purchase
intention for mobile games. Perceived value is influenced by perceived enjoyment, social influence, perceived compatibility,
and usefulness. The study found that its conceptual model can predict and explain college students' purchase intention on
mobile games. Satisfaction and value were identified as key predictors and preconditions of mobile game purchase intention.
Conclusions: This study suggests that mobile game developers and marketers of mobile games should focus on improving
the perceived compatibility of mobile games. This will help students think the system is valuable and intend to purchase

mobile games.
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1. Introduction

Mobile games are becoming an important form of
entertainment with the development of smartphones and the
Internet. Due to its simple operation and portability, mobile
games are one of the most popular forms of entertainment in
modern times. They have gradually become a social way in
the new era, and the consumption of mobile games is
increasingly accepted by consumers. In the era of mobile
interconnection, people's lifestyles have undergone great
changes with the rapid development of communication
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technology (Lane et al., 2010).

China's mobile game market continues to grow at an
average annual growth rate of more than 13% until 2023,
from the current $50.62 billion in 2018 to $115.73 billion in
2023, and the user base will continue to grow. From the three
aspects of business model, development model, and industry
policy, China's mobile game market will still have a stable
development trend in the future, which fully reflects the
development potential of China's mobile game market.
(YANYT, 2023)

Contrary to the high school years, the college years play
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a crucial role in shaping one's worldview, lifestyle, and
values. With increased autonomy and freedom, college
students often find that participating in mobile online games
has become part of their lives. Especially for art major
students, their family conditions are better, and there is a
relatively strong desire to consume. It is an important part of
mobile game consumers (Wang, 2021).

The focus shifted to expanding the customer base and
facilitating in-game purchases to ensure a stable revenue
stream. Therefore, understanding what motivates players to
play and pay is critical for developers and retailers. (Wang,
2021).

Through empirical research, it is proved that in the online
world, players play a virtual role, try another personality,
satisfy the players' self-imagination, express the players'
desire to explore another self-identity and shape the self-
identity to become the intrinsic motivation of players to play
games. (Li, 2004).

The wvalidity of consumption value theory has been
widely recognized; previous research has identified different
value components in different contexts; providing superior
value is the key to business success, and identifying value in
the minds of consumers is also crucial to explain their
behavior (Sweeney et al., 1997).

Mobile game vendors face the problem of creating in-
game needs so that players perceive them as desirable. Value
is defined as the total evaluation and evaluation of the total
utility of a product by the consumer. This utility is based on
a subjective trade-off between customer sacrifice and
benefits in return (Grace & Weaven, 2011).

In some mobile game studies, satisfaction, as an effective
response, is a fundamental concept for understanding user
experience and behavior in different contexts. Its influence
extends to system reuse, payment persistence, loyalty,
buyback willingness, and price sensitivity. (Delone &
McLean, 2003)

Previous studies have shown that satisfaction is used to
study several issues, including continuous purchase of intent
mobile value-added services. Satisfaction is also related to
perceived value. If players are satisfied with the game, they
are more likely to engage deeply in it and invest more time
and energy in it (Zhou et al., 2014).

2. Literature Review

2.1 Perceived Enjoyment

Perceived enjoyment in mobile gaming environments
refers to the subjective assessment of the pleasant experience
of using a mobile phone as a gaming device (Choe &
Schumacher, 2014). It reflects individuals' enjoyment and
satisfaction when playing mobile games on their devices.
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Bhattacherjee (2001) researched interactive hedonic
technology and discovered that perceived enjoyment
significantly shapes user opinions. Their findings indicated
that the level of enjoyment experienced while using a
technology substantially impacts the overall attitude of users
towards that technology.

Bruner and Kumar (2005) found that perceived
enjoyment has a greater impact on user attitudes than
perceived utility. This suggests that the hedonic aspect of
hedonism has a greater impact on user perceptions and
attitudes in the context of portable Internet devices. Thus, a
hypothesis is indicated:

H1: Perceived enjoyment has a significant impact on
perceived value.

2.2 Social Influence

Social influence is a broad and multifaceted concept that
has been extensively examined in various contexts. It can be
categorized into two main forms: influence from public
media and interpersonal influence from users’ social
networks (Boro et al., 2018).

Venkatesh et al. (2003) defined social influence as an
individual perception of the social benefits derived from
adopting an innovation. This perception highlights the role
of social influence in shaping individuals’ attitudes and
adoption behaviors, considering the potential benefits or
advantages they can gain from following the preferences and
actions of others in their social networks.

Yang et al. (2012) found that social influence positively
influenced individuals' willingness to adopt mobile payment
services. This suggests that individuals may be more likely
to adopt and use mobile payment services when they observe
others in their social networks using and benefiting from
them. Thus, a hypothesis is indicated:

H2: Social influence has a significant impact on perceived
value.

2.3 Perceived Compatibility

Rogers (1995) describes perceived compatibility as
measuring how well a new technology aligns with potential
adopters' values, past experiences, and existing practices.

In the realm of e-learning systems, perceived
compatibility can be described as the extent to which the
system is perceived as aligning with students' existing values,
needs, and experiences (Moore & Benbasat, 1991). Agarwal
and Prasad (1997) describe compatibility as the perception
that an innovation is compatible with an individual’s work
behavior. In this context, compatibility refers to the
perceived fit between the innovation and the existing
practices and behaviors of the innovator.

Previous studies have highlighted compatibility's direct
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and positive impact on users' adoption intentions. Perceived
compatibility is a crucial factor influencing use intention and
acting as an intermediary between perceived value and other
perceived benefits (Kleijnen, 2007; Schilling, 2002). Thus, a
hypothesis is indicated:

H3: Perceived compatibility has a significant impact on
perceived value.

2.4 Perceived Usefulness

Perceived usefulness is a key concept that has been e
xtensively studied in the literature, capturing individuals’
subjective judgments about the benefits and effectiveness

of implementing a particular behavior to achieve desired
outcomes. According to Davis (1989), perceived usefuln
ess refers to individuals’ perception of how much a give
n system will enhance their job performance.

It is widely recognized that functional value is critical in
determining the acceptance of new technology. Previous
research in the context of mobile applications, including
studies by Kim et al. (2016) and Gurtner et al. (2014),
consistently highlight the significant correlation between
perceived usefulness and users' acceptance and intention to
use. Furthermore, positive relationships have been found
between the effectiveness of new technologies and the
maximization of perceived value in other domains. Thus, a
hypothesis is indicated:

H4: Perceived usefulness has a significant impact on
perceived value.

2.5 Perceived Value

In previous studies, a consumer's overall perception of
the utility of a product or service has been described as
perceived value. The consumer's perception of what is
received and given determines the outcome of this
evaluation. Perceived value includes consumers' perceptions
of the benefits they receive and the sacrifices they make to
use the product or service. (Hsiao & Chen, 2016).

Park and Lee (2011) highlighted the influence of factors
such as enjoyment, character abilities, visual authority, and
monetary value on users' perceived value in this domain.
These dimensions play a key role in directly affecting how
users derive value from purchased online game items.

Game research shows that players have different
lifestyles and personalities, so their satisfaction evaluation
will also differ. Hsiao and Chen pointed out that value-
related factors can positively affect satisfaction and loyalty
(Hsiao & Chen, 2016). Thus, a hypothesis is indicated:

HS: Perceived value has a significant impact on satisfaction.
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2.6 Satisfaction

Satisfaction is a multidimensional concept that captures
an individual’s overall feelings or attitudes in response to
various factors influencing their experience in a given
situation. Petter et al. (2013) define satisfaction as the sum
of an individual’s feelings or attitudes toward numerous
factors that affect their situation. It signifies individuals’
emotional responses based on their assessment of their
experiences.

Satisfied customers are more likely to have a higher
intention to repurchase and continue engaging with a specific
product or service. Moreover, less price-sensitive individuals
exhibit higher satisfaction levels and are more likely to make
additional purchases from the same company (Lovelock &
Wright, 2002).

Numerous studies in the technology sector, specifically
in online environments, have confirmed the significant
relationship between satisfaction and purchase intention
(Hsiao et al., 2016; Wen et al., 2011). This relationship has
been observed in various online contexts, affirming the key
role of satisfaction as a reliable predictor of individual
purchasing attitudes, including purchase intention, brand
choice, and repeat purchase intention. Thus, a hypothesis is
indicated:

H6: Satisfaction has a significant impact on purchase
intention.

2.7 Purchase Intention

Engel et al. (2001) propose that purchase intention
involves a subjective judgment of one’s future behavior. It
captures individuals’ subjective assessment of their
likelihood to engage in a purchasing behavior in the future.
Shao et al. (2004) explain that purchase intention
encompasses individuals’ attempts to acquire products or
visit stores that provide services. It signifies individuals’
intention or desire to engage in a purchase behavior and
acquire the desired product or service. Grazioli and
Jarvenpaa (2000) propose that trust is a crucial factor in
influencing internet users’ purchase intentions in the context
of e-commerce. When consumers have trust in an online
platform or seller, they are more likely to have higher
purchase intentions and engage in online transactions. Trust,
either directly or indirectly, influences individuals’
willingness to engage in online shopping and make
purchases.
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3. Research Methods and Materials

3.1 Research Framework

This conceptual framework was developed from previous
research frameworks. It is adapted from three theoretical
models. Zhou et al. (2019) investigated the effect of
Perceived Enjoyment (PE), Perceived Compatibility(PC),
Perceived Usefulness(PU), and Social Influence(SI) on the
persistent Perceived Value (PV) of users. Secondly, Ho et al.
(2020) confirmed that Perceived Value (PV) significantly
impacted users' Satisfaction. The third study came from Kuo
et al. (2020), who used the Satisfaction variable to prove that
it greatly influenced wusers' Purchase Intention. The
conceptual framework of this study is shown in Figure 1

Perceived
Enjoyment

\
\iy/ Satisfaction

r He

Purchase Intention

HS
Perceived 7_ \
Compatibility 4 Perceived Value

N

Perceived —
Usefulness
Figure 1: Conceptual Framework

H1: Perceived enjoyment has a significant impact on
perceived value.

H2: Social influence has a significant impact on perceived
value.

H3: Perceived compatibility has a significant impact on
perceived value.

H4: Perceived usefulness has a significant impact on
perceived value.

HS5: Perceived value has a significant impact on satisfaction.
H6: Satisfaction has a significant impact on purchase
intention.

3.2 Research Methodology

Using the quantitative method of non-probability
sampling, researchers take the target population of colleges
and universities in Chongqing, China -- art major students as
the research object and conduct a questionnaire survey on the
value of the influencing factors of mobile game Purchase
Intention. Data were collected to analyze the key influencing
factors that significantly impacted Purchase Intention (PI).
This survey consists of three parts. Firstly, the characteristics

of the respondents are identified using the screening questions.

Second, we used a 5-point Likert scale to measure the five
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proposed variables from strongly disagree (1) to agree (5) to
analyze all four hypotheses strongly. Finally, demographic
questions included gender, age, time spent playing mobile
games, and game spending. For pilot testing, 30 respondents
were tested for expert ratings and objective consistency
indicators.

Quantitative research methods were utilized in this study,
focusing on the application of the project-objective
consistency (IOC) test and Cronbach's Alpha test. A panel
comprising three experts evaluated the Index of Item-
Objective Congruence (I0C) to ascertain the effectiveness of
each item in measuring its intended construct, thereby
bolstering the validity of the assessment. In the pilot test
involving 30 participants, the Cronbach's Alpha score
surpassed 0.7, affirming the dependable measurement of the
targeted construct and strengthening the overall reliability of
the test outcomes.

Cronbach's Alpha approach was tested for validity and
reliability. After the reliability test, the questionnaire was
distributed to target respondents, which resulted in 500
accepted responses. The researcher analyzed the collected
data through SPSS AMOS 26.0. Then, Confirmatory Factor
Analysis (CFA) was used to test the convergence accuracy
and validation. The model fit measurement was calculated
with the overall test with given data to ensure the validity and
reliability of the model. Lastly, the researcher applied the
Structural Equation Model (SEM) to examine the effect of
variables.

3.3 Population and Sample Size

The subjects of this paper are undergraduates from
universities in Chongging, China. They are all art students.
The sample size for structural equation modeling
recommends at least 200 respondents (Kline, 2011) to
participate in the study. The survey involved 530 people.
After the data screening process, 500 questionnaires were
used in this study.

3.4 Sampling Technique

Through non-probability sampling and judgment
sampling, the researchers selected three schools in Chongqing,
namely Southwest University (SWU), Chongqing University
(CQU), and Yangtze Normal University (YZNU), which are
located in different areas of Chongqing, China. This ensures
the diversity of the sample. Secondly, the three schools have
a long history and many art students. Then, quota sampling
was used to take the number of art students in each school as
the total value. See Table 1. After that, the researchers
distributed the questionnaire online using convenience
sampling.
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Table 1: Sample Units and Sample Size
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Table 2: Demographic Profile

Y] . Population Proportional
Application (moblie) Size Sample Size
Southwest University 3175 191
Chongging University 1908 115

Yangtze Normal University 3228 194
Total 8311 500

Source: Constructed by author

4. Results and Discussion
4.1 Demographic Information

Demographic indicators an overview of the 500
participants is shown in Table 2. 60.69% of the respondents
were male, and 39.31% were female. The largest age group
in this study is 18-20 years old, accounting for 72.46%,
followed by 20-22 years old, accounting for 24.64%, and over
22 years old, accounting for 2.9%. Among the students who
participated in the survey, 49.28% and 32.79% of students
played mobile phone games for 1-2 hours and 2-3 hours each
day, while 17.93% of students played mobile phone games
for more than 3 hours each day. In this cost, 18.4% of
participants did not spend money on mobile games, 23.6%
Within 100, 50.4% 100-300, and 7.6% Over 300.

Demographl& z:;c; 0();eneral Data Frequency | Percentage
0,
Gender Male 303 60.69%
Female 197 39.31%
18-20 years old 363 72.46%
Age 20-22 years old 123 24.64%
Over 22 years 14 2.9%
old
An hour 246 49.28%
usually One to three 164 32.79%
spend hours
playing Over three 90 17.93%
hours
0 92 18.4%
Spend money Within 100 118 23.6%
on games 100-300 252 50.4%
Over 300 38 7.6%
(by the month)

4.2 Confirmatory Factor Analysis (CFA)

Confirmatory Factor Analysis (CFA) was conducted in
this study. All items in each variable are significant and
represent factor loading to test discriminant validity. The
significance of factor loading of each item and acceptable
values indicate the goodness of fit (Hair et al., 2006). Factor
loadings show a greater value than 0.30 and a p-value lower
than 0.05. The construct reliability is greater than the cut-off
points of 0.7, and the average variance extracted was greater
than the cut-off point of 0.5 (Fornell & Larcker, 1981) in
Table 3. All estimates are significant.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

q Source of Questionnaire No. of | Cronbach's Factors
Variables (Measurem%nt Indicator) Item Alpha Loading . AVE
Perceived Enjoyment (PE) Wang et al. (2020) 4 0.907 0.73-0.95 0911 0.721
Social Influence (SI) Wang et al. (2020) 4 0.791 0.647-0.733 0.709 0.486
Perceived Compatibility (PC) Tang et al. (2019) 4 0.684 0.679-0.931 0.873 0.636
Perceived usefulness (PU) Tang et al. (2019) 4 0.843 0.633-0.943 0.851 0.597
Perceived Value (PV) Chen (2014) 3 0.764 0.642-0.788 0.768 0.526
Satisfaction (SAT) Wu and Lee (2011) 3 0.897 0.836-0.903 0.896 0.896
Purchase Intention (PI) Lee (2009) 3 0.858 0.722-0.872 0.865 0.682
The square root of the average variance extracted is Fit Index Acceptable Criterin Statistical
determined to have all the correlations greater than the o
di lation values for that variable as of Table TLI = 0.80 (Sharma et al., 2005) 0941
corresponding corre RMSEA | <0.10 (Hopwood & Donnellan, 2010) 0.055
4. In addition, GFI, AGFL, NFI, CFI, TLI, and RMSEA are Model Acceptable
used as indicators for model fit in CFA testing. Summary Model Fit

Table 4: Goodness of Fit for Measurement Model

Fit Index Acceptable Criteria e
Values
CDI;';N/ <5.0 (Wheaton et al., 1977) 640. 1;%?“ or
GFI >0.80 (Doll et al., 1994) 0.907
AGFI > 0.80 (Sica & Ghisi, 2007) 0.881
NFI > 0.80 (Wu & Wang, 2006) 0.921
CFI > 0.80 (Bentler, 1990) 0.950

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index, and RMSEA = root mean square error of
approximation

The convergent validity and discriminant validity were
verified as the values of this study shown in Table 5 are
greater than acceptable values. Therefore, convergent
validity and discriminant validity are ensured. Moreover,
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these model measurement results consoled discriminant
validity and validation to measure the validity of subsequent
structural model estimation.

Table 5: Discriminant Validity

PE SI | PC PU PV SAT | PI
PE 0.849
SI 0.433  10.697
PC 0.485 |0.44 | 0.797
PU 0.322 ]0.242| 0.254 | 0.772
PV 0.422 [0.366| 0.436 | 0.364 [0.725
SAT 0.579 10.519] 0.57 | 0.321 |0.582| 0.861
BI 0.54 10.551] 0.518 | 0.329 | 0.52 | 0.745 | 0.825

Note: The diagonally listed value is the AVE square roots of the variables
Source: Created by the author.

4.3 Structural Equation Model (SEM)

According to Hair et al. (2010), Structural Equation
Modeling (SEM) validates the causal relationship among
variables in a proposed model and encompasses
measurement inaccuracy in the structure coefficient. The
goodness of fit indices for the Structural Equation Model
(SEM) is measured as demonstrated in Table 6. According to
the suggestions of Wheaton, Muthen, Alwin, and Summers
et al., Chi-square/degrees-of-freedom (CMIN/DF), the
measured value of model fitting should not exceed 3.
According to Doll et al., GFI should be higher than 0.8;
according to Bentler, CFI should be higher than 0.8. The
calculation in SEMs and adjusting the model by using SPSS
AMOS version 26, the results of the fit index were presented
as a good fit, which are CMIN/DF = 3.929, GFI = 0.841,
AGFI = 0.808, NFI = 0.869, CFI = 0.898, TLI = 0.887 and
RMSEA = 0.077, according to the acceptable values are
mentioned in Table 6.

Table 6: Goodness of Fit for Structural Model

Fit Index Acceptable Criteria G
Values
YN | <5.0 (Wheaton et al., 1977) 103697269 or
GFI > 0.80 (Doll et al., 1994) 0.841
AGFI > 0.80 (Sica & Ghisi, 2007) 0.808
NFI > 0.80 (Wu & Wang, 2006) 0.869
CFI > 0.80 (Bentler, 1990) 0.898
TLI >0.80 (Sharma et al., 2005) 0.887
RMSEA | <0.10 (Hopwood & Donnellan, 2010) 0.077
Model Acceptable
Summary Model Fit

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index, and RMSEA = root mean square error of
approximation

Jinghao Yang / The Scholar: Human Sciences Vol 17 No 1 (2025) 283-291

4.4 Research Hypothesis Testing Result

The research model is calculated as the significance of
each variable from its regression weights and R2 variances.
The result from Table 7 postulated that all hypotheses were
supported with a significance at p = 0.05. Continuance
Intention has a significant influence on Actual Behavior.
Moreover, it has the highest influence of 0.873; however,
Attitude (B=0.379), Utilitarian Outcome Expectations (f=
0.305), Hedonic Outcome Expectations (B= 0.295), and
Subjective Norm(B= 0.184) have a significant impact on
Time Constraint. The model demonstrated the variance of
innovative work behavior, as illustrated in Table 7.

Table 7: Hypothesis Results of the Structural Equation Modeling

Hypothesis () t-value Result
Hl: PE-PV 0.378 6.804* Supported
H2: SI->PV 0.359 6.125* Supported
H3: PC—PV 0.372 6.591* Supported
H4: PU>PV 0.266 5.211%* Supported
H5: PV—>SAT 0.809 9.593* Supported
H6: SAT—PI 0.816 16.679* Supported

Note: * p<0.05
Source: Created by the author

The result from Table 7 can be refined that:

HI has proved that perceived enjoyment is one of the key
driving factors affecting the purchase intention of mobile
games for college students majoring in art, and the standard
coefficient value on the structural path is 0.378. Perceived
enjoyment has been shown to play a crucial role in shaping
the perceived value of the Internet (Kim et al., 2016). In H2,
the analysis results support the hypothesis that Social
Influence significantly impacts Perceived value, and its
standard coefficient value is 0.359. In H3, the analysis results
support the hypothesis that perceived compatibility
significantly affects perceived value, with a standard
coefficient value of 0.372. In mobile games, perceived
compatibility is a key factor affecting purchase intention and
mediating between perceived value and other perceived
benefits (Schilling, 2002). At the same time, H4 proves that
perceived usefulness is also one of the key driving factors
affecting the purchase intention of mobile games for art
major college students, revealing that the standard
coefficient value in the structural path is 0.266. HS5 also
proves that perceived value is also one of the key driving
factors affecting college students' purchase intention of
mobile games, revealing that the standard coefficient value
in the structural path is 0.809. Players have different
lifestyles and personalities, so their satisfaction evaluation
will vary. The perceived value and satisfaction will
determine whether the player intends to buy. (En-Pei & Zhao,
2013). Finally, H6 proves the influence of the above factors
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on satisfaction, and that satisfaction significantly impacts the
purchase intention of college students for mobile games. The
standard coefficient value in the structural path is 0.816.
Player satisfaction is important because game developers can
better understand their intentions and maximize their profits
(Wu & Liu, 2007).

5. Conclusion and Recommendation
5.1 Conclusion and Discussion

This research aims to provide further insights into the
variables’ impact on Perceived Value and Purchase Intention
in the context of mobile gaming among university students
in Chongqing, China. Based on the hypothesis as the
conceptual framework, Perceived Enjoyment (PE), Social
Influence (SI), Perceived Compatibility (PC), Perceived
Usefulness (PU), Perceived Value (PV), Satisfaction (SAT),
and Purchase Intention (PI) were significantly affected. The
questionnaire was randomly distributed to students majoring
in art from three representative universities in different
regions of Chongqing through the Internet. This study adopts
the method of data analysis to explore the influencing factors
of college students 'purchase Intention on mobile games.
Confirmatory factor analysis (CFA) was used to measure the
validity and reliability of the model. Therefore, the structural
equation model (SEM) is used to analyze the influencing
factors of innovative work behavior.

The results prove it. First, satisfaction and perceived
value have a significant impact on purchase intention, and
the impact is huge. Secondly, perceived value has a
significant impact on satisfaction. Thirdly, Perceived
Enjoyment, Social Influence, Perceived Compatibility, and
Perceived Usefulness also significantly affect perceived
value. Among them, Perceived Enjoyment is the most
influential factor. The results show that the four aspects of
Perceived Enjoyment, Social Influence, Perceived
Compatibility, and Perceived Usefulness are positively
related to perceived value. In summary, the objectives of this
study were to study the key factors of Perceived Enjoyment,
Social Influence, Perceived Compatibility, Perceived
Usefulness, perceived value, satisfaction, and purchase
intention. Player satisfaction and perceived value are
important for purchase intentions, and many factors, such as
Enjoyment, social, and technology, influence players'
purchase intentions because game developers can better
understand their intentions and maximize their profits (Wu
& Liu, 2007).
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5.2 Recommendation

The researchers found that satisfaction and perceived
value are the key factors that affect the purchase intention of
college students majoring in art in Chongqing, China when
they play mobile games. Their influence is almost as
powerful and significant. Perceived enjoyment is also an
important factor, meaning if mobile games can bring
enjoyment to college students, they will be more willing to
spend time on mobile games. Therefore, game manufacturers
should pay attention to the design of fun mobile games in the
overall development and promotion of these aspects to
enhance the consumption potential. In addition, Social
Influence, Perceived Compatibility, and Perceived
Usefulness also play an important role. Game manufacturers
can build social platform communities, select mobile game
products that meet the values of user groups, and improve
the effect of game consumption. Thus, the perceived value of
the user is increased. In addition, player satisfaction with the
game can increase all players' willingness to pay. This
finding is consistent with past research, highlighting that
satisfaction can reduce users' willingness to buy alternatives
and attract users to pay (Wu & Wang, 2006; Hsiao & Chen,
2016).

5.3 Limitation and Further Study

Although the material selection data analysis and
processing have been studied scientifically and meticulously
in this paper, some problems cannot be addressed. This paper
selects art college students in colleges and universities in
Chonggqing as research samples to analyze college students'
purchase intention for mobile games. However, as a new
economic growth pole, mobile games must be studied and
analyzed to provide a stronger theoretical foundation for
developing mobile games. However, as a complex market
object, mobile games have various types, and different
mobile games have different profit models. Regarding
sample selection for questionnaire distribution, this paper
only selects students majoring in art from three universities
in Chongging, China. Although it is more targeted in terms
of groups, there are also obvious shortcomings. First, the
respondents are all identified as art students, but stratified
screening needs to be done within the survey sample. There
are also differences in the consumption groups of students
from different majors, with different levels and influencing
factors. In the follow-up research, the survey samples will be
carefully distinguished to explore the authenticity of the
influencing factors. In addition, the sample selection is
limited to Chongqing, China, which needs more
comprehensive sample coverage of college students. In
screening influencing factors, it is possible to ignore the
influence of other powerful factors. Therefore, in the follow-
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up in-depth investigation and research, the researchers will
broaden the investigation field and hypothesis direction and
further explore the actual behavioral factors that affect the
willingness of college students to continue to use online
games from multiple perspectives.
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