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Abstract 

Purpose:  China is persistently allocating resources towards investment in cloud-based e-learning systems (CELS) to enhance 

higher education. Hence, the objective of this research is to investigate the determinants of satisfaction, and continuance intention 

to use CELS among undergraduate students specializing in art at the Sichuan Fine Arts Institute (SFAI) in Chongqing, China. 

Research design, data, and methodology: A quantitative research methodology was employed to investigate art students at the 

Sichuan Fine Arts Institute in Chongqing, China. The study involved a sample size of 500 participants who were administered 

questionnaires. The data collection encompasses various sampling methods, including judgmental, quota, and convenience 

sampling techniques. The utilization of Confirmatory Factor Analysis (CFA) and Structural Equation Model (SEM) was 

employed in the statistical analysis, encompassing assessments of model fit, construct validity, reliability, and hypothesis testing. 

Results: The findings confirmed the causal relationship between e-learning effectiveness, system quality, service quality, and 

information quality. Additionally, they indicated a positive correlation between perceived usefulness, satisfaction, and 

continuance intention. Conclusions: This study aims to assist educators by providing suggestions for higher education 

management, curriculum design, and academia to enhance their understanding and active utilization of CELS. This is due to 

students' high perceived usefulness, satisfaction, and continuance intention in using CELS. 
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1. Introduction 
 

E-learning is an educational modality that utilizes 

modern technology to disseminate information, enabling 

students and instructors to guide and undertake courses 

without geographic or temporal limitations (Al-Samarraie et 

al., 2018). The basic entry point for cloud computing (CC) is 

the integration, storage, and sharing of information through 

network services, which enables educators to integrate 

educational resources to the greatest extent possible. The 

emergence of CC has recently offered an impetus for 

advancing E-education (Rajabion et al., 2019). CELS has the 

benefit of enabling the E-learning system to be operational 

across multiple hardware pieces of equipment, eliminating 

the obstacles between multiple systems and hardware 

devices, and synonymously storing the user’s pertinent 

educational data to the cloud, allowing users to access data 

at any time. An increasing number of academics are 

undertaking deep studies into using CELS (Cheng et al., 

2018). The Internet has revolutionized the pedagogical 

model of education about learning and training. In order to 

ensure E-learning systems stay abreast of the evolution of the 

Internet and can integrate novel communication technologies, 

cloud computing appears to be the most optimal solution or 
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a feasible choice for educational institutions with a 

constrained budget (Siddiqui et al., 2019). Therefore, CELS 

data can also be used as part of the reference of e-learning 

research. 

The Ministry of Education of the People’s Republic of 

China (MOE of PRC) has revealed that in 2020, there were 

almost 2,000 universities and colleges providing art majors, 

and more than 1.15 million students enrolled in these art 

majors, constituting around 10 percent of the total College 

Entrance Examination Student population. There is 

considerable demand from art students on a large scale for 

art-based online courses, and this market has considerable 

potential for growth. The engagement of art teachers and 

learners across various universities has fostered the 

advancement of distance art education in China. Taking the 

iCourse platform as an example, it is integrated into the 

Smart Education of China-High Education platform and 

other online education systems, boasting partnerships with 

799 universities in the country. The iCourse platform will 

provide 426 art courses from 125 universities and institutions 

by February 23, 2023. The courses offered encompass a 

range of disciplines such as art, fine arts, drama and film, 

design, and music and dance, with 140,5406 art students 

enrolled in online learning. This offers excellent ease of 

access for art students at public universities to pursue their 

studies online and broader prospects for their professional 

development. As a result, the primary topic of the 

educational institution’s future development has been 

implementing the reform and innovation of cloud-based e-

learning concepts in art colleges and universities. 

Currently, the Sichuan Fine Arts Institute (SCFAI) has 

provided 11 online courses through the Smart Education of 

China-High Education platform, and three virtual 

experimental projects have been set up on the ilab-x platform. 

The aggregate of online course materials for SCFAI is 

congruent to the total number of web-based course supplies 

of Xi’an Academy of Fine Arts, placing it second in the eight 

major art academies. The China Academy of Fine Arts holds 

the highest accumulative quantity of online course resources, 

securing its position as the most significant service.  

Local context is essential to understand user behaviors 

fully. Art education often relies heavily on visual and 

interactive elements, which may pose different challenges 

and opportunities in an e-learning context compared to 

traditional classroom settings. These nuances require 

exploration. While some studies have explored factors 

influencing satisfaction, fewer have delved into the critical 

aspect of continuance intention—whether students plan to 

continue using these e-learning platforms in the long term. 

Understanding what drives students to persist with these 

platforms is essential for platform providers and educators. 

Hence, the objective of this research is to investigate the 

determinants of satisfaction, and continuance intention to use 

CELS among undergraduate students specializing in art at 

the Sichuan Fine Arts Institute (SFAI) in Chongqing, China. 

 

 

2. Literature Review 
 

2.1 Perceived Usefulness 

The definition of Perceived Usefulness (PU) is faith in 

the mechanism and the belief that it will enhance one’s work 

efficiency (Davis, 1989). According to Davis et al. (1992), 

perceived usefulness is a key driver of using behavior and 

intent. How a person perceives utilizing an approach would 

enhance productivity (Hossain et al., 2020). PU is a precursor 

of Continuance Intention (Cheng et al., 2018). PU is a crucial 

determinant of user mindset toward and intent to utilize 

information technologies (Joo & Choi, 2015). Cheng (2021a) 

defines PU as “the confidence with which one believes that 

adopting a specific method will lead to enhanced 

productivity.” Another indicator of the Technology 

Acceptance Model (TAM), according to Almarashdeh (2016) 

and Davis (1989), is PU, which refers to the teaching staff’s 

perception that utilizing a certain learning management 

system (LMS) would increase the efficiency and quality of 

instruction. 

Hsu and Lu (2004) showed that Perceived Usefulness 

(PU) is a crucial component that significantly influences the 

users’ acceptance level of systems. It is the consumers’ view 

of the anticipated advantages of information systems (IS) or 

information technology (IT) usage (Bhattacherjee, 2001). 

They discovered that, among the variables that predicted this 

construct, PU had the greatest impact on student satisfaction 

(Davis, 1989; Drennan et al., 2005; Hsieh & Cho, 2011; Joo 

et al., 2011). The TAM model assumes that usefulness will 

be a crucial structure and immediate indicator of behavioral 

intentions while utilizing the chosen technology (Al-Fraihat 

et al., 2020; Park et al., 2014). According to Rahmi et al. 

(2018), PU in online educational platforms significantly 

influences learners’ intentions to continue using them. Thus, 

the following possibilities are proposed: 

H1: Perceived usefulness has a significant impact on 

continuance intention. 

H2: Perceived usefulness has a significant impact on 

satisfaction. 

 

2.2 E-learning Effectiveness 

Kashive and Powale (2021) asserted that e-learning 

effectiveness indicates that students believe it has a 

significant role in enhancing the learning efficiencies of 

system users and is a beneficial feature of educational 

programs and learning sessions. Two criteria may be used to 

quantify the efficacy of e-learning: user experience and 
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overall benefits (Chopra et al., 2019). Effective e-learning 

system characteristics include reliability, safety, 

dependability, reactivity, usability, user-friendliness, 

organization, and customization (Tseng et al., 2011). The 

more the technology’s efficiency and dependability, the more 

the learners will gain. E-learning effectiveness is the degree 

to which a person obtains a skill via instruction (Sharma et 

al., 2022). A training program aims to improve workers’ 

knowledge, abilities, behaviors, or attitudes; consequently, 

training effectiveness refers to accomplishing training goals 

(Chien, 2012).  

Holsapple and Lee-Post (2006) and DeLone and Mclean 

were leaders in characterizing the accomplishments of an 

information system by specifying a few factors, i.e., quality 

of information, system, and services. They developed a 

succession of dependent variables progressively subdivided 

into sub-variables of a single dependent variable, such as 

additional incentives. Users who have never finished an e-

learning program may be apprehensive regarding its 

application and efficacy as a learning resource (Fuller et al., 

2006). DeLone and McLean (2003) established a successful 

model and stated that the idea of e-learning success is 

multifaceted. The efficacy of student learning was evaluated 

using objective and subjective metrics (test scores and 

reported pleasure). Chou and Liu (2005) highlighted e-

learning effectiveness as a crucial indicator of learning 

outcomes in gaining information. Current training 

assessment study focuses on the response of workers to the 

training program as well as the amount of experience or 

knowledge that may be gained from the initiative (Chung & 

Yang, 2006). Therefore, one hypothesis is formulated: 

H3: E-learning Effectiveness has a significant impact on 

satisfaction. 

 

2.3 System Quality 
 

Chang (2013) states that CELS as an educational 

platform and the system are evaluated based on competence. 

It relies not only on how well the system can fulfill the clients’ 

functional needs but also on its ability to satisfy their non-

functional needs. To explain system quality (SY) aspects 

connected to software architectural design, usability, 

modifiability, productivity, safety, trialability, and user-

friendliness are most prominent. Users’ perceptions of a 

digital library’s effectiveness in obtaining and presenting 

information affect the system’s overall quality (Masrek & 

Gaskin, 2016). Pour et al. (2021) specify how much an 

information system (IS) can enable users to meet their 

requirements and is represented in the system’s general 

performance. If the system is too complicated to operate, 

user satisfaction may decline.  

Wu and Wang (2006) system quality (SY) was 

considered a significant factor for contentment in various IS 

contexts. It relies on the demands of the users, as determined 

during the study and design of the system. It is also a 

significant aspect of consumer satisfaction with online 

purchases. Important issues include appearance, 

technological sufficiency, lag, navigation, safety, and 

confidential information (Ahn et al., 2007). If consumers 

think the system is high quality, their desire to utilize it will 

increase (Zhang et al., 2020). According to their research, a 

digital library’s information system must contain the 

following qualities to be of high quality (Tsakonas & 

Papatheodorou, 2008). Therefore, this research posits the 

following hypothesis: 

H4: System quality has a significant impact on satisfaction. 

 

2.4 Information Quality 

Information quality (IQ) indicates the quality of the 

material supplied by CELS as an educational platform at the 

equipment interface, for example, in the mode of a display 

panel and digital evaluation, which is primarily represented 

in the information’s integrity, authenticity, and recirculation 

(Yan et al., 2014). Since its inception, DeLone and McLean’s 

model has been extensively empirically validated in several 

IS domains (Ramírez-Correa et al., 2018). Consequently, it 

is widely acknowledged in the scientific establishment (Al-

Fraihat et al., 2020). IQ measures the semantic performance 

of a system. The quality characteristics include punctuality, 

accessibility, readability, relevancy, and content 

requirements (Mirabolghasemi et al., 2021). Chen et al. 

(2015) define IQ as the knowledge/data quality gained from 

(or through) systems.  

Gable et al. (2008) asserted that information and system 

quality are crucial elements for analyzing the effectiveness 

of IS. Information quality (IQ) evaluates the reporting 

quality and screen display of data a system generates. 

Completeness refers to users’ confidence that IS offers all 

necessary data. In contrast, precision refers to their assurance 

that the data is valid, and currency refers to their confidence 

that the information is up to date (Wixom & Todd, 2005). IQ 

is connected to output quality (Wang & Wang, 2009). 

Through analyzing the IS success model developed by 

DeLone and McLean, they claimed that a high degree of 

correlation exists between satisfied customers and high-

quality data (Seddon & Kiew, 1996). According to Ahn et al. 

(2004), indicators of IQ include a diversity of material, 

comprehensive information, detailed information, correct 

information, timely information, dependable information, 

and suitable format. As a result, a hypothesis is put forth: 

H5: Information quality has a significant impact on 

satisfaction. 
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2.5 Service Quality 
 

Cheng (2014) reckoned that during the CELS procedure, 

the service delivered corresponds to the quantity of service 

utilized to provide supportive physiotherapy. This metric 

focuses mostly on the quality of assistance teachers get from 

the LMS to streamline their use (Hussein et al., 2021). 

Darawong and Widayati (2021) claimed that the technical 

elements indicating what services are supplied and 

functionality describing how services are delivered may be 

used to determine service quality (SQ). According to 

research, the SQ of electronic platforms is a crucial 

prerequisite for satisfaction with these platforms (Yuce et al., 

2019). The following characteristics define SQ: tangibles, 

dependability, responsiveness, assurance, functionality, 

interaction, and empathy (Aldholay et al., 2018).  

Roca et al. (2006) asserted that the support service quality 

is a strong determinant of learner contentment and behavior 

intent for the e-learning system. According to reports, service 

quality (SQ) exhibits a considerable beneficial impact on 

teachers’ experience with the learning management system 

(LMS) (Al-Busaidi & Al-Shihi, 2012). Regarding Higher 

education institutions, SQ has also been described as the 

extent to which students’ basic assumptions about online 

learning differ from their judgments of its advantages. Chiu 

et al. (2016) point out that it also strongly impacts 

satisfaction and actual use. According to Gorla (2011) and 

Goncalves et al. (2007), dependability specifically refers to 

the extent to which the service team offers accurate and 

reliable services or the success likelihood of the service over 

a certain period. Consequently, a hypothesis is formulated: 

H6: Service quality has a significant impact on satisfaction. 

 

2.6 Satisfaction 

 
Chen et al. (2018) asserted that satisfaction is 

characterized as the user’s perceived interest and feeling of 

success in an online learning environment. Customers’ 

perceptions of their digital experience over a certain period 

constitute satisfaction (Salimon et al., 2021). Customers 

perceive that their overall online experience over a given 

period indicates their e-satisfaction (Szymanski & Hise, 

2000). Students’ satisfaction is a measurement of the good or 

negative sensations that come from using e-learning 

technologies (Alrousan et al., 2022). Learners’ validation of 

expectations about the e-learning system determines 

satisfaction with the mechanism as a whole (Cheng, 2020). 

User satisfaction with electronic learning platforms can be 

described as a summary psychological reaction that varies in 

intensity and is experienced following engagement in e-

learning activities (Wang, 2003).  

Satisfaction is essential since it determines whether 

people will continue utilizing a distribution channel (Al-

Hawari & Mouakket, 2010). In e-learning literature, learner 

satisfaction has been deemed an essential aspect since it 

significantly influences learners’ choices to embrace or not 

embrace e-learning systems (Pham et al., 2019). Satisfaction 

is a crucial component in deciding whether or not consumers 

will remain using the information system. The simplicity of 

use may influence student satisfaction, quality of course 

content, internet service, and level of involvement (Horzum, 

2015). Xu et al. (2017) asserted that cloud computing, 

accordingly, refers to a user’s satisfaction level with the 

services, which may be determined by the extent to which 

their expectations about cloud computing services are 

confirmed by their user experiences, as shown by the 

subsequent hypothesis: 

H7:  Satisfaction has a significant impact on continuance 

intention. 

 

2.7 Continuance Intention 
 

Continuance intention (CI) is the extent to which a user 

is committed to continuing to use CELS and suggesting it to 

other users (Mouakket & Bettayeb, 2015). CI of IS denotes 

the elements that lead to long-term information systems (IS) 

use (Franque et al., 2021). Cheng (2020), “CI” describes a 

user’s subsequent actions after adopting a service. According 

to the theory, users’ continuous desire for IS depends on their 

estimation of its perceived usefulness, the extent of the 

validation, and the degree to which they are satisfied with 

their story (Rajeh et al., 2021). CI refers to a person’s 

deliberate planning to engage in a given conduct (Faisal et 

al., 2020). An individual’s propensity to keep utilizing a 

service after first agreeing to act is what is meant by the term 

“CI” (Bhattacherjee, 2001). Ajzen (1991) The individual’s 

ongoing conscious intentions to engage in a certain behavior 

are called their CI to use. 

It entails analyzing the aspects that lead to the IS’s long-

term success (Lin et al., 2005). In the context of e-learning, 

students’ increased use of LMS might result in enhanced 

views of the effect of learning (McGill & Klobas, 2019). 

Dehghani (2018) defined the term as a person’s desire to use 

the service being utilized continuously. According to Lin et 

al. (2005) and Limayem et al. (2007), the perception that an 

IS is useful positively impacts users’ satisfaction with the 

system and their intention to continue using it. According to 

Chiu and Wang (2008) and Zhou (2011), the factors included 

in the previous TAM study, such as perceived usefulness and 

satisfaction, also impact CI. 
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3. Research Methods and Materials 

 
3.1 Research Framework  
 

The construction of the conceptual framework was 

informed by previous research relevant to the topic. The 

establishment was made using three theoretical frameworks. 

Cheng (2023) investigated the dual-pathway model of cloud-

based e-learning continuance intention and performance 

outcomes. The subsequent is Chopra et al. (2019), which 

studied the E-learning Effectiveness portal from students’ 

perspective. The final study, by Chang (2013), Explored the 

determinants of the sustained intention of electronic learning 

systems in university libraries. The conceptual framework 

for this investigation is shown in Figure 1. 

 

 
 
Figure 1: Conceptual Framework 
 

H1: Perceived usefulness has a significant impact on 

continuance intention. 

H2: Perceived usefulness has a significant impact on 

satisfaction. 

H3: E-learning Effectiveness has a significant impact on 

satisfaction. 

H4: System quality has significant impact on satisfaction.  

H5: Information quality has a significant impact on 

satisfaction. 

H6: Service quality has a significant impact on satisfaction. 

H7: Satisfaction has a significant impact on continuance 

intention.  

                        

3.2 Research Methodology 

 

The present research used a non-probability sampling 

methodology. A questionnaire survey was sent to college 

students enrolled in nine art majors at the Sichuan Fine Arts 

Institute (SCFAI) with prior experience with Cloud-Based e-

learning Systems (CELS). The survey was administered in an 

online electronic questionnaire to gather data to examine the 

attributes of students’ continuance intentions towards CELS. 

The survey instrument was structured into three portions: 

screening inquiries, demographic data, and observation 

variables. Initially, a standardized screening question was 

developed to aid in the differentiation and examination of 

diverse characteristics. 

Furthermore, demographic questionnaires were used to 

gather pertinent background information from the 

participants, including their gender, academic major, and 

essential details about their institution affiliation. 

Furthermore, the Likert five-point scale was used for 

assessment.  

In this study, the questionnaire underwent a rigorous 

evaluation process using the index of item-objective 

congruence (IOC), involving three specialists and academics 

hailing from three prominent public universities in 

Chongqing. These experts possessed substantial familiarity 

with e-learning platforms, ensuring the impartiality and 

credibility of the assessment. Initially, the research comprised 

seven constructs and 33 individual items. However, following 

the expert evaluation, it was found that three items fell below 

the threshold of 0.6. These items were related to the 

effectiveness of e-learning, the quality of the system, and the 

up-to-dateness of information provided by the cloud-based e-

learning system. Consequently, these three items were 

excluded from the questionnaire. The remaining 30 items, all 

exceeding the 0.6 threshold, were deemed suitable for 

inclusion in the final instruments. 

To further validate the questionnaire, a pilot test was 

administered to a group of 30 participants. The effectiveness 

and reliability of the questionnaire were assessed using 

Cronbach's Alpha. The results of the Cronbach's alpha 

coefficients surpassed the recommended threshold of 0.7, as 

established by Nunnally and Bernstein (1994). These high 

coefficients affirmed the internal consistency and reliability 

of each item within the questionnaire. The Cronbach's alpha 

coefficients for the constructs were as follows: e-learning 

effectiveness (0.966), system quality (0.983), information 

quality (0.981), service quality (0.981), perceived usefulness 

(0.977), satisfaction (0.982), and continuance intention 

(0.974). 

After the completion of reliability testing, the 

questionnaire was sent to the intended respondents, acquiring 

500 acceptable replies. The acquired data was analyzed using 

SPSS AMOS 26.0 by the researchers. Subsequently, the use 

of Confirmatory Factor Analysis (CFA) was employed to 

assess the convergent validity and confirmability of the data. 

The model’s validity and reliability are assessed by 

conducting a comprehensive test on the provided data. 

Ultimately, the researchers used the Structural Equation 

Model (SEM) to investigate the relationships between 

variables. 
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3.3 Population and Sample Size  
 

The research participants in this study consist of nine art 

students enrolled at the Sichuan Fine Arts Institute (SCFAI) 

in Chongqing, China. According to the SEM Calculator, a 

total of 425 responses were recommended. Boomsma (1985) 

suggested that an appropriate sample size of at least 100 or 

200 is necessary for applying structural equation modeling. 

According to Hair et al. (2007), most studies require a sample 

size of between 30 and 500 in order to be adequate. 

Consequently, a sample size of 500 students was chosen as 

the target population for the survey. Subsequently, after 

conducting screening tests, 500 valid questionnaires were 

picked from a pool of 750 respondents for this study. 

 

3.4 Sampling Technique 

 
The researcher utilized multiple sampling methods in this 

study, including quota, proportional stratified random 

sampling, and convenience random sampling. The first stage 

involved selecting 500 students as quota samples. The 

second stage we chose undergraduate students from 9 art 

majors at the SCFAI (stratum) in Chongqing, China, who had 

previous experience in CELS. 

 
Table 1: Sample Units and Sample Size 

Nine art majors of Sichuan Fine 

Arts Institute (SCFAI) 

Population 

Size 

Proportional 

Sample Size 

Academy of Chinese Painting and 

Calligraphy 
496 41 

School of Plastic Arts 531 44 

School of Arts and Humanities 360 30 

Academy of Art Education 608 50 

Design Academy 1136 94 

New Media Art Department 304 25 

Architecture Art Department 604 50 

Film-Video-Animation School 728 60 

School of Public Arts 1296 106 

Total 6063 500 

Source: Constructed by author 

 

 

 

 

 

 

4. Results and Discussion 

 
4.1 Demographic Information 

 
Table 2 presents the demographic information of 500 

respondents. Of these respondents, 156 were male, 

accounting for 31.2%, while 344 were female, accounting for 

68.8%. The proportion of respondents from each of the nine 

majors was 8.2%, 8.8%, 6%, 10%, 18.8%, 5%, 10%, 12%, 

and 21.2%, respectively. The School of Public Arts had the 

highest number of respondents, whereas the New Media Art 

Department had the lowest. 
 

Table 2: Demographic Profile 
Demographic and General Data 

(N=500) 
 

Frequency Percentage 

Gender 
Male 156 31.2% 

Female 344 68.8% 

Major 

Direction 

Academy of Chinese  

Painting and Calligraphy 
41 8.2% 

School of Plastic Arts 44 8.8% 

School of Arts and 

 Humanities 
30 6% 

Academy of Art Education 50 10% 

Design Academy 94 18.8% 

New Media Art  
Department 

25 5% 

Architecture Art  

Department 
50 10% 

Film-Video-Animation  
School 

60 12% 

School of Public Arts 106 21.2% 

Source: Constructed by author 

 

4.2 Confirmatory Factor Analysis (CFA) 
 

In this research, Confirmatory Factor Analysis (CFA) was 

used to assess the reliability and validity of the measures. The 

reliability of the measures was evaluated using Cronbach’s 

alpha, factor loadings, t-values, Average Variance Extraction 

(AVE), and Composite Reliability (CR). In Table 4, according 

to Stevens (1992), the factor loading of all loading items was 

greater than 0.50, most of which were above 0.70, with values 

between 0.563 and 0.894. In this study, all of the CR scores 

were higher than 0.7. They ranged from 0.775 to 0.908. AVE 

was also higher than 0.4, with values between 0.452 and 

0.713. So, all of the predictions of CFA were significant

 

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE) 

Variables 
Source of Questionnaire (Measurement 

Indicator) 

No. of 

Item 

Factors 

Loading 
CR AVE 

Perceived usefulness (PU) Cheng (2023) 4 0.674-0.730 0.804 0.506 

E-learning Effectiveness (EE) Saifullah et al. (2022) 4 0.669-0.777 0.808 0.514 

System quality (SQ) Chang (2013) 4 0.633-0.765 0.794 0.493 

Information quality (IQ) Chang (2013) 5 0.632-0.709 0.805 0.452 

Service quality (SQ) Chen et al. (2015) 5 0.666-0.791 0.853 0.538 

Satisfaction (SAT) Cheng (2021a) 4 0.563-0.748 0.775 0.465 

Continuance intention (CI) Cheng (2021b) 4 0.803-0.894 0.908 0.713 
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The data shown in Table 4 illustrates CMIN/DF = 1.508, 

GFI = 0.929, AGFI = 0.914, NFI = 0.916, CFI = 0.970, TLI = 

0.966 and RMSEA = 0.032. The study’s indicators were 

found to be feasible and met the criteria for Good of Fit during 

the CFA test. As a result, the measurement model validates 

this study's discriminant and convergent validity. 

 
Table 4: Goodness of Fit for Measurement Model 

Fit Index Acceptable Criteria Statistical Values  

CMIN/DF < 3.00 (Hair et al., 2006) 
578.930/384     

= 1.508 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.929 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.914 

NFI ≥ 0.80 (Wu & Wang, 2006) 0.916 

CFI ≥ 0.80 (Bentler, 1990) 0.970 

TLI ≥ 0.80 (Sharma et al., 2005) 0.966 

RMSEA ≤ 0.08 (Pedroso et al., 2016) 0.032 

Model 

Summary 
  In harmony with 

empirical data 

Remark: CMIN/DF = The ratio of the chi-square value to degree of 
freedom, GFI = Goodness-of-fit index, AGFI = Adjusted goodness-of-fit 

index, NFI = Normed fit index, CFI = Comparative fit index, TLI = Tucker-

Lewis index and RMSEA = Root mean square error of approximation. 

 

Fornell and Larcker (1981) reported that the square root 

of each Average Variance Extracted (AVE) was used to 

assess the discriminant validity. Table 5 displays the findings 

of the discriminant validity test. It is important to notice that 

each latent variable’s AVE square roots are represented by 

the diagonal values in the table. These values must be higher 

than the relationships between various constructs for 

discriminant validity to be deemed acceptable. Accordingly, 

based on these standards, the findings show that the research 

attained reasonable discriminant validity. 

 
Table 5: Discriminant Validity 

 SQ PU EE SY IQ CI SAT 

SQ 0.733             

PU 0.186 0.712           

EE 0.125 0.225 0.717         

SY 0.401 0.566 0.193 0.702       

IQ 0.301 0.657 0.271 0.701 0.672     

CI 0.335 0.544 0.306 0.541 0.657 0.844   

SAT 0.488 0.526 0.267 0.666 0.669 0.672 0.682 

Note: The diagonally listed value is the AVE square roots of the variables 

Source: Created by the author. 

 

4.3 Structural Equation Model (SEM)   
 

The structural approach that demonstrates a causal 

relationship between the variables is called a “structural 

model” (Bentler & Chou, 1987). Similarly, a structural 

model shows how internal and exterior variables are causally 

connected (Ramlall, 2017). Alternatively, Chen (2018) 

argued that the structural model for the SEM only shows the 

connections between the concealed factors. The fitness index 

of the structural model is presented in Table 6 and Figure 2, 

which includes values for CMIN/DF, GFI, AGFI, NFI, CFI, 

TLI, and RMSEA. The results of these indices indicate that 

the Goodness of Fit of the SEM validation in this study is 

acceptable. 

 

Table 6: Goodness of Fit for Structural Model 

Index Acceptable 
Statistical 

Values  

CMIN/DF < 3.00 (Hair et al., 2006) 
1074.144/398 = 

2.699 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.869 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.847 

NFI ≥ 0.80 (Wu & Wang, 2006) 0.845 

CFI ≥ 0.80 (Bentler, 1990) 0.896 

TLI ≥ 0.80 (Sharma et al., 2005) 0.886 

RMSEA ≤ 0.08 (Pedroso et al., 2016) 0.058 

Model 

Summary 
 

In harmony 

with Empirical 

data 

Remark: CMIN/DF = The ratio of the chi-square value to degree of 

freedom, GFI = Goodness-of-fit index, AGFI = Adjusted goodness-of-fit 
index, NFI = Normed fit index, CFI = Comparative fit index, TLI = Tucker-

Lewis index and RMSEA = Root mean square error of approximation. 

 

4.4 Research Hypothesis Testing Result 

 
According to the results in Table 7, the satisfaction 

variable demonstrated the strongest and most direct impact 

on continuance intention, with a standardized path 

coefficient (β) of 0.597 (t-value = 9.160*). Information 

quality had the second most significant influence on 

satisfaction, with a β coefficient of 0.513 (t-value of 7.805*). 

Service quality also had a notable impact on satisfaction, 

with a β coefficient of 0.329 (t-value of 6.250*). Furthermore, 

System quality significantly influenced satisfaction, with a β 

coefficient of 0.314 (t-value of 5.614*). In addition, 

perceived usefulness directly impacted continuance intention, 

with a β coefficient of 0.227 (t-value of 4.739*), and it also 

positively influenced satisfaction, with a β coefficient of 

0.142 (t-value of 4.739*). Lastly, E-learning effectiveness 

had a minor influence on satisfaction, with a β coefficient of 

0.136 (t-value of 2.771*). 

 
Table 7: Hypothesis Results of the Structural Equation Modeling 

Hypothesis (β) t-Value Result 

H1: PU→CI 0.227 4.739* Supported 

H2: PU→SAT 0.142 2.790* Supported 

H3: EE→SAT 0.136 2.771* Supported 
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Hypothesis (β) t-Value Result 

H4: SY→SAT 0.314 5.614* Supported 

H5: IQ→SAT 0.513 7.805* Supported 

H6: SQ→SAT 0.329 6.250* Supported 

H7: SAT→CI 0.597 9.160* Supported 

Note: * p<0.05 
Source: Created by the author 

 

The results in Table 7 can be interpreted in the following 

extensions. The correlation results of H1 support the 

hypothesis that PU significantly influences CI with a 

standardized coefficient of 0.227. As Chiu and Wang (2008) 

demonstrated, the factors included in the previous 

Technology Acceptance Model (TAM) study, such as 

perceived usefulness, impact CI. 

Second, H2 has provided evidence that PU is a crucial 

determinant of SAT, as it has a standardized coefficient of 

0.142. Additionally, Hsu and Lu (2004) have found that PU 

significantly influences SAT. 

Additionally, H3 confirms that EE is one of the critical 

factors affecting SAT, with a standardized coefficient value 

for the structured method of 0.136. In a study of the 

Effectiveness of e-learning portals from students’ 

perspective, Chopra et al. (2019) discovered that the EE 

loads well on user SAT. 

The statistical results for H4 support the hypothesis that 

SY significantly impacts SAT, as indicated by a standardized 

coefficient value of 0.314. According to the findings of Pour 

et al. (2021), system performance (SY) is a measure of how 

effectively an information system (IS) enables users to fulfill 

their needs. It is reflected in the overall performance and 

functionality of the system. The study also revealed a strong 

positive correlation between SY and user satisfaction (SAT). 

In addition, the results indicate a strong impact of IQ on 

SAT scores, with a standardized coefficient value of 0.513 

for hypothesis H5. Seddon and Kiew (1996) analyzed the IS 

success model developed by DeLone and McLean and found 

a strong correlation between SAT customers and IQ.  

Moreover, according to condition H6, the results indicate 

that SQ significantly impacts SAT, with a consistent 

coefficient value of 0.329. According to Chiu et al. (2016), 

SQ strongly emphasized that it significantly impacts SAT 

and actual use. 

Finally, according to H7, SAT significantly impacts CI 

with a standardized coefficient value of 0.597. Horzum 

(2015) argued that SAT primarily impacts consumer CI. 

 

 

 

 

 

 

 

5. Conclusion and Recommendation 
 

5.1 Conclusion and Discussion 

 
This study examines the factors contributing to 

Satisfaction and Continuation Intention among Chinese 

college students using Cloud-based E-learning Systems 

(CELS). The study focuses on students from the Sichuan 

Fine Arts Institute (SCFAI) in Chongqing, China. A total of 

500 students from the academy completed an online 

questionnaire. The researchers used Confirmatory Factor 

Analysis (CFA) and Structural Equation Modeling (SEM) to 

analyze the data and identify factors influencing student 

Satisfaction and Continuance Intention to use the CELS. The 

results reveal that factors such as Perceived Usefulness, E-

learning Effectiveness, System Quality, Information Quality, 

and Service Quality significantly impact student Satisfaction. 

Additionally, students’ Perceived Usefulness and 

Satisfaction significantly affect their Continuance Intention 

to use the CELS. 

Research has found that satisfaction (SAT) significantly 

impacts continuance intention (CI). Additionally, perceived 

usefulness (PU) also significantly affects CI. Horzum (2015), 

Chiu and Wang (2008), and Hsu and Lu (2004) have pointed 

out that SAT primarily influences CI, while PU affects both 

SAT and CI. Furthermore, information quality, service 

quality, system quality, perceived usefulness, and e-learning 

effectiveness significantly impact satisfaction. In this study, 

information quality significantly impacts satisfaction, 

followed by service and system quality. This is consistent 

with the findings of Seddon and Kiew (1996), Chiu et al. 

(2016), Pour et al. (2021), Hsu and Lu (2004), and Chopra et 

al. (2019). 

 

5.2 Recommendation 
 

Based on a survey on the acceptance of cloud-based e-

learning systems (CELS) among students at the Sichuan Fine 

Arts Institute in Chongqing, useful suggestions can be made 

for the future development of CELS, considering the current 

state of art discipline teaching. 

Firstly, satisfaction is key to promoting students’ 

continuance intention to use CELS. Currently, the COVID-

19 pandemic has greatly promoted the development of online 

education in Chongqing. However, as the pandemic ends and 

offline teaching resumes, the enthusiasm for online teaching 

is decreasing. To maintain the enthusiasm for online 

education, the advantages of CELS in art design education 

must be highlighted. The administrators of CELS should 

make efforts to improve the system quality, service quality, 

and information quality. In addition, university 

administrators and course designers should strengthen the 

quality control of online courses. Specific measures can 
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include actively listening to suggestions from different 

stakeholders, such as teachers, students, parents, and service 

companies involved in system development, to fully 

understand the different needs of various groups and 

determine the optimal solutions enabled by modern 

information technology. 

Secondly, information quality has the greatest impact on 

satisfaction with CELS, which in turn significantly promotes 

students’ continuance to use CELS. In art teaching, teachers 

can use CELS more, allowing students to access resource 

libraries that provide professional knowledge and theories 

for art learning and accumulate efficient, timely, and 

contemporary artistic knowledge, transforming content into 

methods. Furthermore, teachers can integrate excellent 

CELS both domestically and internationally, such as iCourse, 

ilab-x, SMART EDUCATION OF CHINA, xuetangX, edX, 

Future Learn, Coursera, etc., allowing students to choose and 

further learn from diverse course resources according to their 

interests, broadening their knowledge and even establishing 

their artistic knowledge system, laying a solid foundation for 

artistic innovation learning. In the future, educational 

administrators and teachers should increase their 

introduction and explanation of domestic CELS and their 

usage methods. Students need to feel the usefulness and 

necessity of this new teaching method through learning 

professional and in-depth knowledge or industry-relevant 

knowledge from CELS. Based on this, they will develop a 

positive and good learning attitude, ultimately influencing 

the formation of their continuance to use e-learning. 

Regarding perceiving usefulness, attention should be 

focused on user experience, the quality and diversity of 

learning materials, feedback and assessment, social 

participation and collaborative learning, and mobile learning 

support—for example, 1. A good user experience enhances 

the practicality of CELS. 2. CELS should include high-

quality and diverse learning materials, including text, 

graphics, videos, and audio. 3. CELS should provide timely 

feedback and assessment to help learners understand their 

learning levels and abilities. 4. CELS should encourage 

social participation and collaborative learning to promote 

shared learning and growth. 5. With the popularity of mobile 

devices, learners should be able to learn anytime, anywhere, 

and ensure continuity. 

Regarding system and service quality, the focus should 

be on improving the online learning experience for students. 

This includes ensuring system stability and security to 

prevent crashes and protect personal data. The user interface 

should be simple and easy to navigate so that students can 

use the system without any difficulties. The system should 

be compatible with multiple devices and operating systems. 

Providing alternative learning resources such as text, audio, 

and video is crucial, and their quality and accuracy should be 

guaranteed. Online chat and study groups promote student 

engagement and collaboration. Timely feedback and 

assessments allow students to evaluate their progress and 

make necessary adjustments. Technical and user support 

should be available 24/7 to address any system-related issues. 

Finally, E-learning effectiveness depends on compelling 

and interactive material, tailored learning, timely feedback, 

and technological assistance. Multimedia content design and 

interactive features like online quizzes and discussion boards 

engage students. Effectiveness increases with personalized 

learning, which lets students’ study at their speed. E-learning 

technologies give rapid evaluations and feedback to help 

students change their learning practices. Tech assistance and 

training help students and instructors utilize e-learning 

systems efficiently. These elements assist pupils in grasping 

and assimilating content in e-learning. 

 

5.3 Limitation and Further Study 
 

Research on student satisfaction and continuance 

intention in developed countries such as the USA and EU has 

a relatively mature theoretical foundation and indicator 

system. However, in the higher education environment of 

China, research on student satisfaction and continuance 

intention, especially for art students, still needs to be 

developed more. There are still some things that could be 

improved in terms of survey scale and theoretical research 

depth in China. The combination of theoretical research and 

practice needs to be closer, and it is necessary to draw on 

foreign experience rather than solely innovating in building 

student satisfaction models. Therefore, there is still much 

research space and value in exploring student satisfaction for 

art students, and further exploration is needed. Especially 

from the perspective of cloud-based art online education, 

how to better meet the learning needs of art students to 

improve their satisfaction and continuance intention requires 

in-depth research and joint efforts in practice. 

 

 

References 
 

Ahn, T., Ryu, S., & Han, I. (2004). The impact of online and offline 

features on the user acceptance of Internet shopping malls. 

Electronic Commerce Research and Applications, 3(4),       

405-420.  

Ahn, T., Ryu, S., & Han, I. (2007). The impact of web quality and 

playfulness on user acceptance of online retailing. Information 

& Management, 44(3), 263-275.  

https://doi.org/10.1016/j.im.2006.12.008 

https://doi.org/10.1016/j.im.2006.12.008


Zhibin Gao / The Scholar: Human Sciences Vol 17 No 1 (2025) 78-90  87 

 

Ajzen, I. (1991). The theory of planned behavior. Organizational 

Behavior and Human Decision Processes, 50(2), 179-211. 
https://doi.org/10.1016/0749-5978(91)90020-t 

Al-Busaidi, K. A., & Al-Shihi, H. (2012). Key factors to instructors’ 

satisfaction of learning management systems in blended 

learning. Journal of Computing in Higher Education, 24(1),   

1-10. 

Aldholay, A., Abdullah, Z., Ramayah, T., Isaac, O., & Mutahar, A. 

(2018). Online learning usage and performance among students 

within public universities in Yemen. International Journal of 

Services and Standards, 12(2), 163.  

https://doi.org/10.1504/ijss.2018.091842 

Al-Fraihat, D., Joy, M., & Sinclair, J. (2020). Evaluating E-learning 

systems success:  an empirical study. Computers in Human 

Behavior, 102(1), 67-86.  
https://doi.org/10.1016/j.chb.2019.08.004 

Al-Hawari, M. A., & Mouakket, S. (2010). The influence of 

technology acceptance model (TAM) factors on students' e-

satisfaction and e-retention within the context of UAE e-

learning. Emerald Group Publishing Limited, 3(4), 299-314. 

Almarashdeh, I. (2016). Sharing instructors experience of learning 

management system: a technology perspective of user 

satisfaction in distance learning course. Computers in Human 

Behavior, 63(1), 249-255. 

Alrousan, M. K., Al-Madadha, A., Al Khasawneh, M. H., & Tweissi, 

A. A. (2022). Determinants of virtual classroom adoption in 

Jordan: the case of princess Sumaya university for technology. 

Interactive Technology and Smart Education, 19(2), 121-144. 
https://doi.org/10.1108/itse-09-2020-0211 

Al-Samarraie, H., Teng, B. K., Alzahrani, A. I., & Alalwan, N. 

(2018). E-learning continuance satisfaction in higher education: 

a unified perspective from instructors and students. Studies in 

Higher Education, 43(11), 2003-2019.  
https://doi.org/10.1080/03075079.2017.1298088 

Bentler, P. M. (1990). Comparative fit indexes in structural models. 

Psychological Bulletin,  107(2), 238-246.  

https://doi.org/10.1037/0033-2909.107.2.238. 

Bentler, P. M., & Chou, C. P. (1987). Practical issues in structural 

modeling. Sociological Methods & Research, 16(1), 78-117. 
https://doi.org/10.1177/0049124187016001004 

Bhattacherjee, A. (2001). Understanding information systems 

continuance: an  expectation-confirmation model. MIS 

Quarterly, 25(3), 351-370. https://doi.org/10.2307/3250921 

Boomsma, A. (1985). Nonconvergence, improper solutions, and 

starting values in LISREL maximum likelihood estimation. 

Psychometrika, 50(2), 229-242.  

https://doi.org/10.1007/BF02294248. 

Chang, C. C. (2013). Exploring the determinants of e-learning 

systems continuance intention in academic libraries. Library 

Management, 34(1/2), 40-55.  
https://doi.org/10.1108/01435121311298261 

Chen, C.-C., Lee, C.-L., & Hsiao, K.-L. (2018). Comparing the 

determinants of non-MOOC and MOOC continuance intention 

in Taiwan Effects of interactivity and openness. Library Hi Tech, 

36(4), 705-719.  
https://doi.org/10.1108/lht-11-2016-0129 

Chen, J. (2018). Quantitative Research in the Social Sciences: 

Principles, Methods, and Practice (1st ed.). Southeast 

University Press. 

Chen, Z. S. C., Yang, S. J. H., & Huang, J. J. S. (2015). Constructing 

an e-portfolio-based integrated learning environment supported 

by library resource. The Electronic Library, 33(2), 273-291. 
https://doi.org/10.1108/el-07-2013-0118 

Cheng, T.-M., & Hong, C.-Y., & Yang, B.-C. (2018). Examining the 

moderating effects of service climate on psychological capital, 

work engagement, and service behavior among flight attendants. 

Journal of Air Transport Management. 67, 94-102. 
https://doi.org/10.1016/j.jairtraman.2017.11.009 

Cheng, Y. M. (2014). What drives nurses’ blended e-learning 

continuance intention?. Educational Technology and Society, 

17(4), 203-215. 

Cheng, Y.-M. (2020). Quality antecedents and performance 

outcome of cloud-based  hospital information system 

continuance intention. Journal of Enterprise Information 

Management, 33(3), 654-683. 

Cheng, Y. M. (2021a). Can tasks and learning be balanced? A dual-

pathway model of cloud-based e-learning continuance intention 

and performance outcomes. Kybernetes, 51(1),  210-240. 

https://doi.org/10.1108/k-07-2020-0440 

Cheng, Y. M. (2021b). Investigating medical professionals’ 

continuance intention of the cloud-based e-learning system: an 

extension of expectation-confirmation model with flow theory. 

Journal of Enterprise Information Management, 34(4),   1169-

1202. https://doi.org/10.1108/jeim-12-2019-0401 

Cheng, Y. M. (2023). What roles do quality and cognitive 

absorption play in evaluating cloud-based e-learning system 

success? Evidence from medical professionals, Interactive 

Technology and Smart Education, 20(2), 228-256.  
https://doi.org/10.1108/itse-12-2021-0222 

Chien, T. C. (2012). Computer self-efficacy and factors influencing 

e-learning effectiveness. European Journal of Training and 

Development, 36(7), 670-686.  
https://doi.org/10.1108/03090591211255539 

Chiu, C. M., & Wang, E. T. (2008). Understanding Web-based 

learning continuance intention: The role of subjective task value. 

Information & Management, 45(3), 194-201.  
https://doi.org/10.1016/j.im.2008.02.003 

Chiu, P.-S., Chao, I.-C., Kao, C.-C., Pu, Y.-H., & Huang, Y. M. 

(2016). Implementation and evaluation of mobile e-books in a 

cloud bookcase using the information system success mode. 

Library Hi Tech, 34(2), 207-223. 

https://doi.org/10.1108/LHT-12-2015-0113. 

Chopra, G., Madan, P., & Jaisingh, P. (2019). Effectiveness of e-

learning portal-from students’ perspective A structural equation 

model (SEM) approach. Interactive Technology and Smart 

Education, 16(2), 94-116.  
https://doi.org/10.1108/itse-05-2018-0027 

Chou, S. W., & Liu, C. H. (2005). Learning effectiveness in a web-

based virtual learning environment: a learner control 

perspective. Journal of Computer Assisted Learning, 21(1), 65-

76. https://doi.org/10.1111/j.1365-2729.2005.00114.x 

Chung, R. G., & Yang, P. W. (2006). To develop the evaluation 

indicators for effectiveness of corporate e-learning. Journal of 

Human Resource Management, 6(1), 123-40. 

 

 

 

https://doi.org/10.1016/j.chb.2019.08.004
https://doi.org/10.1037/0033-2909.107.2.238
https://doi.org/10.1007/BF02294248
https://doi.org/10.1108/LHT-12-2015-0113.


88                                                      Zhibin Gao / The Scholar: Human Sciences Vol 17 No 1 (2025) 78-90         

 

 

 

 

Darawong, C., & Widayati, A. (2021). Improving student 

satisfaction and learning outcomes with service quality of 

online courses: evidence from Thai and Indonesian higher 

education institutions. Journal of Applied Research in Higher 

Education, 14(4), 2050-7003.  

https://doi.org/10.1108/jarhe-02-2021-0074 

Davis, F. D. (1989). Perceived usefulness, perceived ease of use, 

and user acceptance of information technology. MIS Quarterly, 

13(3), 319-340. https://doi.org/10.2307/249008 

Davis, F. D., Bagozzi, R. P., & Warshaw, P. R. (1992). Extrinsic and 

intrinsic motivation to use computers in the workplace. Journal 

of Applied Social Psychology, 22(14), 1111-1132.  
https://doi.org/10.1111/j.1559-1816.1992.tb00945.x 

Dehghani, M. (2018). Exploring the motivational factors on 

continuous usage intention of smartwatches among actual users. 

Behavior and Information Technology, 37(2), 145-158.  
https://doi.org/10.1080/0144929x.2018.1424246 

DeLone, W. H., & McLean, E. R. (2003). The DeLone and McLean 

model of information systems success: a ten-year update. 

Journal of Management Information Systems, 9(4), 9-30. 

Drennan, J., Kennedy, J., & Pisarski, A. (2005). Factors affecting 

student attitudes toward  flexible online learning in 

management education. The Journal of Educational Research, 

98(6), 331-338. https://doi.org/10.3200/joer.98.6.331-338 

Faisal, C. M. N., Fernandez-Lanvin, D., Andres, J., & Gonzalez-

Rodriguez, M. (2020). Design quality in building behavioral 

intention through affective and cognitive involvement for e-

learning on smartphones. Internet Research, 30(6), 1631-1663. 
https://doi.org/10.1108/intr-05-2019-0217 

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation 

models with unobservable variables and measurement error. 

Journal of Marketing Research, 18(1), 39-50.  

https://doi.org/10.2307/315131. 

Franque, F. B., Oliveira, T., Tam, C., & Santini, F. O. (2021). A 

meta-analysis of the quantitative studies in continuance 

intention to use an information system. Internet Research, 31(1), 

123-158. https://doi.org/10.1108/intr-03-2019-0103 

Fuller, R. M., Vician, C., & Brown, S. A. (2006). E-learning and 

individual characteristics: the role of computer anxiety and 

communication apprehension. Journal of Computer 

Information Systems, 46(4), 103-115.  
https://doi.org/10.1080/08874417.2006.11645917 

Gable, G. G., Sedera, D., & Chan, T. (2008). Re-conceptualizing 

information system success: the IS impact measurement model. 

Journal of the Association for Information Systems, 9(7),   

377-408. https://doi.org/10.17705/1jais.00164 

Goncalves, M. A., Moreira, B. L., Fox, E. A., & Watson, L. T. 

(2007). What is a good digital library? A quality model for 

digital libraries. Information Processing and Management, 

43(5), 1416-1437. https://doi.org/10.1016/j.ipm.2006.11.010 

Gorla, N. (2011). An assessment of information systems service 

quality using SERVQUALþ. The Data Base for Advances in 

Information Systems, 42(3), 46-70.  
https://doi.org/10.1145/2038056.2038060 

Hair, J., Black, W., Babin, B., Anderson, R., & Tatham, R. (2006). 

Multivariate Data Analysis (6th ed.). Pearson Education. 

Hair, J. F., Arthur, H. M., Samouel, P., & Mike, P. (2007). Research 

Methods for Business (7th ed.). John Wiley and Sons. 

Holsapple, C. W., & Lee-Post, A. (2006). Defining, assessing, and 

promoting e-learning success: an information systems 

perspective. Decision Sciences Journal of Innovative Education, 

4(1), 1174-1192.  
https://doi.org/10.1111/j.1540-4609.2006.00102.x 

Horzum, M. B. (2015). Interaction, structure, social presence, and 

satisfaction in online learning. Eurasia Journal of Mathematics, 

Science & Technology Education, 11(3),505-512.  
https://doi.org/10.12973/eurasia.2014.1324a 

Hossain, M. N., Talukder, M. S., Khayer, A., & Bao, Y. (2020). 

Investigating the factors driving adult learners’ continuous 

intention to use M-learning application: a fuzzy-set analysis. 

Journal of Research in Innovative Teaching & Learning, 14(2), 

245-270. https://doi.org/10.1108/jrit-09-2019-0071 

Hsieh, P. A. J., & Cho, V. (2011). Comparing eLearning tools’ 

success: The case of instructor-student interactive vs. self-paced 

tools. Computers & Education, 57(3), 2025-2038.  
https://doi.org/10.1016/j.compedu.2011.05.002 

Hsu, C.-L., & Lu, H.-P. (2004). Why do people play on-line games? 

An extended TAM with social influences and flow experience. 

Information & Management, 41(7), 853-868.  

https://doi.org/10.1016/j.im.2003.08.014. 

Hussein, M., Ow, S. H., Ibrahim, I., & Mahmoud, M. A. (2021). 

Measuring instructors  continued intention to reuse 

Google Classroom in Iraq: a mixed method study during 

COVID-19. Interactive Technology and Smart Education, 18(3), 

380-402. https://doi.org/10.1108/itse-06-2020-0095 

Joo, S., & Choi, N. (2015). Understanding users’ continuance 

intention to use online library resources based on an extended 

expectation-confirmation model. The Electronic Library, 34(4), 

554-571. https://doi.org/10.1108/el-02-2015-0033 

Joo, Y. J., Lim, K. Y., & Kim, E. K. (2011). Online university 

students’ satisfaction and persistence: Examining perceived 

level of presence, usefulness, and ease of use as predictors in a 

structural model. Computers & Education, 57(2), 1654-1664. 
https://doi.org/10.1016/j.compedu.2011.02.008 

Kashive, N., & Powale, L. (2021). Understanding user perception 

toward artificial intelligence (AI) enabled e-learning. The 

International Journal of Information and Learning Technology, 

38(1), 1-19. https://doi.org/10.1108/ijilt-05-2020-0090 

Limayem, M., Hirt, S. G., & Cheung, C. M. K. (2007). How habit 

limits the predictive power  of intention: the case of 

information systems continuance. MIS Quarterly, 31(4),   

705-737. 

Lin, C. S., Wu, S., & Tsai, R. J. (2005). Integrating perceived 

playfulness into  expectation-confirmation model for web 

portal context. Information & Management, 42(5), 683-693. 
https://doi.org/10.1016/j.im.2004.04.003 

Masrek, M. N., & Gaskin, J. E. (2016). Assessing users’ satisfaction 

with web digital library:  the case of University Teknologi 

MARA. The International Journal of Information and Learning 

Technology, 33(1), 36-56.  
https://doi.org/10.1108/ijilt-06-2015-0019 

 

https://doi.org/10.2307/315131
https://doi.org/10.1016/j.im.2003.08.014
https://doi.org/10.1108/ijilt-05-2020-0090


Zhibin Gao / The Scholar: Human Sciences Vol 17 No 1 (2025) 78-90  89 

 

McGill, T. J., & Klobas, J. E. (2019). A task-technology fit view of 

learning management system impact. Computers and 

Education, 52(2), 496-508.  
https://doi.org/10.1016/j.compedu.2008.10.002 

Mirabolghasemi, M., Shasti, R., & Choshaly, S. H. (2021). An 

investigation into the determinants of blended leaning 

satisfaction from EFL learners’ perspective. Interactive 

Technology and Smart Education, 18(1), 69-84.  
https://doi.org/10.1108/itse-07-2020-0117 

Mouakket, S., & Bettayeb, A. M. (2015). Investigating the factors 

influencing continuance usage intention of learning 

management systems by university instructors. International 

Journal of Web Information Systems, 11(4), 491-509.  
https://doi.org/10.1108/ijwis-03-2015-0008 

Nunnally, J. C., & Bernstein, I. R. (1994). Psychometric theory (3rd 

ed.). McGraw-Hill. 

Park, N., Rhoads, M., Hou, J., & Lee, K. M. (2014). Understanding 

the acceptance of teleconferencing systems among employees: 

an extension of the technology acceptance model. Computers in 

Human Behavior, 39(1), 118-127.  
https://doi.org/10.1016/j.chb.2014.05.048 

Pedroso, R., Zanetello, L., Guimaraes, L., Pettenon, M., Goncalves, 

V., Scherer, J., Kessler, F., & Pechansky, F. (2016). 

Confirmatory factor analysis (CFA) of the crack use relapse 

scale (CURS). Archives of Clinical Psychiatry, 43(3), 37-40. 
https://doi.org/10.1590/0101-60830000000081 

Pham, L., Limbu, Y. B., Bui, T. K., Nguyen, H. T., & Pham, H. T. 

(2019). Does e-learning  service quality influence e-

learning student satisfaction and loyalty? Evidence from 

Vietnam. International Journal of Educational Technology in 

Higher Education, 16(1), 1-26.  
https://doi.org/10.1186/s41239-019-0136-3 

Pour, M. J., Mesrabadi, J., & Asarian, M. (2021). Meta-analysis of 

the DeLone and McLean models in e-learning success: the 

moderating role of user type. Online Information Review, 46(3), 

1468-4527. https://doi.org/10.1108/oir-01-2021-0011 

Rahmi, B., Birgoren, B., & Aktepe, A. (2018). A meta-analysis of 

factors afecting perceived  usefulness and perceived ease of 

use in the adoption of e-learning systems. Turkish Online 

Journal of Distance Education, 19(4), 4-42.  
https://doi.org/10.17718/tojde.471649 

Rajabion, L., Wakil, K., Badfar, A., Nazif, M., & Ehsan, A. (2019). 

A new model for evaluating the effect of cloud computing on 

the e-learning development. Journal of Workplace Learning, 

31(5), 324-344. https://doi.org/10.1108/jwl-12-2018-0156 

Rajeh, T. M., Abduljabbar, H. F., Alqahtani, S., Waly, J. F., Alnaami, 

M., Aljurayyan, A., & Alzaman, N. (2021). Students’ 

satisfaction and continued intention toward e-learning: a 

theory-based study. Medical Education Online, 26(1), 1-8. 
https://doi.org/10.1080/10872981.2021.1961348 

Ramírez-Correa, P. E., Rondán-Cataluña, F. J., & Arenas-Gaitán, J. 

(2018). Student  information system satisfaction in higher 

education: the role of visual aesthetics. Kybernetes, 47(8), 

1604-1622. https://doi.org/10.1108/k-08-2017-0297 

Ramlall, I. (2017). Applied Structural Equation Modelling for 

Researchers and Practitioners Using R and Stata for 

Behavioral Research (1st ed.). Emerald Group Publishing 

Limited. 

Roca, J. C., Chiu, C. M., & Martınez, F. J. (2006). Understanding 

e-learning continuance intention: an extension of the 

technology acceptance model. International Journal of Human 

Computer Studies, 64(8), 683-696.  
https://doi.org/10.1016/j.ijhcs.2006.01.003 

Saifullah, M. K., Sharmeen, N., & Ahmed, Z. (2022). Effectiveness 

of online educationduring  the COVID-19 pandemic: a study 

of Bangladesh. The International Journal of Information and 

Learning Technology, 39(4), 405-422.  
https://doi.org/10.1108/ijilt-11-2021-0167 

Salimon, M. G., Mokhtar, S. S. M., & Aliyu, O. A. (2021). E-

learning satisfaction and retention:  a concurrent 

perspective of cognitive absorption, perceived social presence 

and technology acceptance model. Journal of Systems and 

Information Technology, 23(1), 317-327. 

Seddon, P., & Kiew, M. Y. (1996). A partial test and development 

of DeLone and McLean’s model of is success. Australasian 

Journal of Information Systems, 4(1), 90-109.  

https://doi.org/10.3127/ajis.v4i1.379 

Sharma, G. P., Verma, R. C., & Pathare, P. (2005). Mathematical 

modeling of infrared radiation thin layer drying of onion slices. 

Journal of Food Engineering, 71(3), 282-286.  
https://doi.org/10.1016/j.jfoodeng.2005.02.010 

Sharma, S., Vaidya, A., & Deepika, K. (2022). Effectiveness and 

satisfaction of  technology-mediated learning during global 

crisis: understanding the role of pr-developed videos. On the 

horizon: The International Journal of Learning Futures, 30(1), 

28-43. https://doi.org/10.1108/oth-04-2021-0057 

Sica, C., & Ghisi, M. (2007). The Italian versions of the beck 

anxiety inventory and the beck depression inventory-II: 

Psychometric properties and discriminant power. In M.A. 

Lange (Ed.), Leading - edge psychological tests and testing 

research (pp. 27-50). Nova. 

Siddiqui, S. T., Alam, S., Khan, Z. A., & Gupta, A. (2019). Cloud-

Based E-Learning: using  cloud computing platform for an 

effective E-Learning. In B. K. Panigrahi, M. C. Trivedi, K. K. 

Mishra, S. Tiwari & P. K. Singh (Eds.), Smart Innovations in 

Communication and Computational Sciences (pp. 335-346). 
https://doi.org/10.1007/978-981-13-2414-7_31 

Stevens, J. P. (1992). Applied multivariate statistics for the social 

sciences (2nd edition) Hillsdale. 

Szymanski, D. M., & Hise, R. T. (2000). E-satisfaction: an initial 

examination, Journal of Retailing, 76(3), 309-322.  
https://doi.org/10.1016/s0022-4359(00)00035-x 

Tsakonas, G., & Papatheodorou, C. (2008). Exploring usefulness 

and usability in the evaluation of open access digital libraries. 

Information Processing and Management: An International 

Journal, 44(3), 1234-1250.  

https://doi.org/10.1016/j.ipm.2007.07.008 

Tseng, M. L., Lin, R. J., & Chen, H. P. (2011). Evaluating the 

effectiveness of e-learning  system in uncertainty. Industrial 

Management & Data Systems, 111(6), 869-889.  
https://doi.org/10.1108/02635571111144955 

Wang, W. T., & Wang, C. C. (2009). An empirical study of 

instructor adoption of web-based learning systems. Computers 

& Education, 53(3), 761-774.  
https://doi.org/10.1016/j.compedu.2009.02.021 

 

https://doi.org/10.1108/jwl-12-2018-0156


90                                                      Zhibin Gao / The Scholar: Human Sciences Vol 17 No 1 (2025) 78-90         

 

 

 

 

Wang, Y. S. (2003). Assessment of learner satisfaction with 

asynchronous electronic learning systems, Information and 

Management, 41(1), 75-86.  
https://doi.org/10.1016/s0378-7206(03)00028-4 

Wixom, B. H., & Todd, P. A. (2005). A theoretical integration of 

user satisfaction and technology acceptance. Information 

Systems Research, 16(1), 85-102.  
https://doi.org/10.1287/isre.1050.0042 

Wu, J. H., & Wang, Y. M. (2006). Measuring KMS success: A 

respecification of the DeLone and McLean’s model. 

Information and Management, 43(6), 728-739.  

https://doi.org/10.1016/j.im.2006.05.002. 

Xu, F., Tian, M., Xu, G., Ayala, B. R., & Shen, W. (2017). 

Understanding Chinese users’ switching behaviour of cloud 

storage services. The Electronic Library, 35(2), 214-232. 
https://doi.org/10.1108/el-04-2016-0080 

Yan, Y., Zha, X., Zhang, J., & Hou, X. (2014). Comparing digital 

libraries with virtual communities from the perspective of e-

quality. Library Hi Tech, 32(1), 173-189.  
https://doi.org/10.1108/lht-04-2013-0042 

Yuce, A., Abubakar, A., & Ilkan, M. (2019). Intelligent tutoring 

systems and learning performance Applying task-technology fit 

and IS success model. Online Information Review, 43(4),   

600-616. https://doi.org/10.1108/oir-11-2017-0340 

Zhang, Z., Cao, T., Shu, J., & Liu, H. (2020). Identifying key factors 

affecting college students’ adoption of the e-learning system in 

mandatory blended learning environments. Interactive 

Learning Environments, 29(1), 1-14.  
https://doi.org/10.1080/10494820.2020.1723113 

Zhou, T. (2011). Understanding mobile Internet continuance usage 

from the perspectives of UTAUT and flow. Information 

Development, 27(3), 207-218.  
https://doi.org/10.1177/0266666911414596 

 

 

 

https://doi.org/10.1016/j.im.2006.05.002

