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Abstract

Purpose: This study aimed to investigate the factors influencing the behavioral intention and use behavior of Shanghai tourists
towards Tourism Mobile Applets. The research framework focused on exploring the impact of trust, facilitating conditions, social
influence, perceived ease of use, perceived usefulness, use behavior, and behavioral intention. Research design, data, and
methodology: A quantitative research approach was employed, involving a sample of 500 tourists in the region. Sampling
techniques, including judgment sampling and quota sampling, were utilized. Prior to data collection, the index of item-objective
congruence (I0C) was assessed by three experts. Additionally, the Cronbach's alpha coefficient values were calculated based on
30 participants. Statistical analyses were conducted using Confirmatory Factor Analysis (CFA) and Structural Equation Model.
Results: The study revealed that the most significant factors influencing the behavioral intention to use tourism mobile applets
were facilitating conditions and trust. Moreover, social influence, perceived ease of use, and perceived usefulness were found to
be important factors affecting the behavioral intention to use tourism mobile applets. Furthermore, behavioral intention emerged
as a crucial factor impacting the use behavior of tourism mobile applets. Conclusions: It is recommended that enterprises
prioritize improving the facilitating conditions, trust, social influence, perceived ease of use, and usefulness of tourism mobile

applets.
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1. Introduction

With the development of the national economy and the
progress of the Internet, smartphone applets continue to grow
stronger, and tourism mobile applets had emerged as a hew
and booming market. Mobile tourism applets as the future
direction of tourism marketing had begun to rise sharply (Pan,
2020). The COVID-19 pandemic significantly affected the
progress of international and domestic tourism. But as an
important part of tourism, mobile travel applets were
becoming increasingly popular. How to maintain a high level
of customer intention to use and satisfaction with the tourism
applets to improve user stickiness and corporate profits has
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gradually become a topic of common concern among the
business community and scholars.

Velazquez et al. (2018) pointed out that behavioral
intention had a significant impact on usage behavior. Urvashi
etal. (2016) analyzed the impact of perceived ease of use and
perceived usefulness on Indian customer satisfaction.
Namahoot and Lachavichien (2015) analyzed the impact of
trust on willingness to use online banking.

In summary, the above research provides a certain basis
for analyzing the user intention and usage behavior of mobile
tourism maps. However, the factors that affect user intention
and behavior are diverse and require comprehensive analysis.
Shanghai, referred to as Hu, also known as Shen, is a
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municipality directly under the central government of the
People's Republic of China, a national central city, a
megacity, a core city of Shanghai metropolitan area, a center
of China's international economic, financial, trade, shipping,
scientific and technological innovation approved by The
State Council of the People's Republic of China, a famous
historical and cultural city in China, and a first-tier city in the
world. Shanghai is an important component of China’s
economic development and plays an important role in
leading the economic development of the China. It is of great
significance to systematically study the usage intention and
behavior of mobile mini programs in Shanghai tourism.

2. Literature Review
2.1 Perceived Usefulness

Septiani et al. (2017) believed that perceived usefulness
was used to evaluate the extrinsic features of m-commerce
and to help users complete task-related goals, such as
emphasizing efficacy and efficiency. Mahmood et al. (2000)
defined perceived usefulness as a course based on the extent
to which IS supports users’ decisions. Palvia (1996) proved
that perceived usefulness was the strongest motivation for
system acceptance.Previous research demonstrated that high
perceived usefulness levels typically generate effective user
achievement relationships (Ong & Lai, 2006). In several
previous studies, the strength of perceived usefulness was
considered the dominant factor in identifying users’
willingness to accept the target system (Guritno &
Siringoringo, 2013). It was perceived usefulness that was a
vital factor impacting the use of information systems (Lee &
Lehto, 2013). Accordingly, the following hypotheses are
obtained:

H1: Perceived usefulness has a significant effect on
behavioral intention.

2.2 Perceived Ease of Use

Chen and Wu (2017) defined perceived ease of use as the
degree to which consumers found it easy to carry out M-
payment transactions. Zahra et al. (2017) defined perceived
ease of use as the availability and suitability of a system.
Chong (2013) defined perceived ease of use as the degree to
which users believed in using mobile commerce, which
needed minimal effort to handle. Mahmood et al. (2000)
believed that if users regarded the system as easy to use, they
would need less effort and more time to work on other
activities, which might improve overall job performance.
Agarwal and Prasad (1999) argued that ease of use
significantly affected intent. Based on the above discussion,
hypotheses are proposed:
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H2: Perceived ease of use has a significant effect on
behavioral intention.

2.3 Trust

Interpersonal trust was defined as an individual’s
widespread expectation of the reliability of oral
commitments and written statements in interpersonal
communication, and organizational trust was defined as a
kind of emotion that people have confidence and support for
the organization (Morgan & Hunt, 1994). Rahimnia and
Hassanzadeh (2013) regarded trust as a choice of
cooperation in the competition. Trust was the determining
factor in the progress of the sharing economy (Ert et al.,
2016). A lack of peer trust was seen as an obstacle to
collaborative consumption (Mohlmann, 2015). Website
content dimensions and online trust will affect the
effectiveness of online marketing (Rahimnia & Hassanzadeh,
2013). Thereby, H3 is set:

H3: Trust has a significant effect on behavioral intention.

2.4 Social Influence

Dwivedi et al. (2016) explained social influence as the
extent to which an individual perceives the beliefs of others.
Tarhini et al. (2015) explained social influence as the
influence of the surrounding social environment on a
customer’s intention to use the relevant. Islam et al. (2018)
argued that social influence relied on whether people's goals
were interdependent. Zhou et al. (2015) believed social
influence influenced the behavioral intention to use m-
Health services. Gifford and Nilsson (2014) pointed out that
social influence might also make consumers regain their
desire to buy. Hence, H4 is set:

H4: Social influence has a significant effect on behavioral
intention.

2.5 Facilitating Conditions

Facilitation conditions were defined as the extent to
which a person believed that the use of AR was supported by
the organizational and technical infrastructure (Chen & Chan,
2014). Mahardika et al. (2019) believed that facilitating
conditions used to be defined as whether the user had control
over the available resources. Facilitating conditions refer to
the ease with which consumers access the necessary
resources to facilitate the use of technology (Venkatesh et al.,
2003). Sun et al. (2013) believed that convenience
facilitating conditions were one of the core determinants of
users' willingness to adopt mHealth services. Some previous
studies had also found that convenience was positively
correlated with behavioral intention (Teo, 2009). Therefore,
hypotheses are obtained:
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H5: Facilitating conditions have a significant effect on
behavioral intention.

2.6 Behavioral Intention

Behavioral intention was widely considered the precursor
to true technological behavior (Awang et al.,, 2020).
Usefulness increases their confidence in their mobile system
usage behavior (Amin et al., 2014). User behavior is the set
of actions and patterns that users demonstrate when
interacting with your product (Hooda et al., 2022).BI had a
very important impact on the use of new facilities (Ajzen,
1991). The UTAUT model was often used to explain usage
behavior (Kaplan & Gurbuz, 2021). The use of mobile
applets has to do with how users want to be perceived in their
social circles (Zolkepli, 2016). Thus, a significant
relationship between behavioral intention and use behavior
is found:
H6: Behavioral intention has a significant effect on use
behavior.

2.7 Use Behavior

Behavioral intention was widely considered the

precursor to true technological behavior (Awang et al., 2020).

Usefulness increases their confidence in their mobile system
usage behavior (Amin et al., 2014). User behavior is the set
of actions and patterns that users demonstrate when
interacting with your product (Hooda et al., 2022).BI had a
very important impact on the use of new facilities (Ajzen,
1991). The UTAUT model was often used to explain usage
behavior (Kaplan he UTAUT model was often used to
explain usage behavior (Kaplan & Gurbuz, 2021). The use
of mobile applets has to do with how users want to be
perceived in their social circles (Zolkepli, 2016).

3. Research Methods and Materials

3.1 Research Framework

In this study, the researcher developed an empirical
framework for examining the behavioral use intention of
individuals in the Shanghai area towards mobile tourism
applets. The core theories utilized in this study were the
Technology Acceptance Model (TAM), the Unified Theory
of Acceptance and Use of Technology (UTAUT), and the
Decomposed Theory of Planned Behavior Model (DTPB).
Additionally, four representative articles in the field were
selected for reference.

According to Neuman et al. (1992), a conceptual
framework is a tool used by both media and individuals to
convey, interpret, and evaluate information. Figure 1
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illustrates the conceptual framework employed in this study.
The framework consisted of independent variables and
dependent variables. The independent variables included
facilitating conditions (FC), trust (TR), social influence (SI),
perceived ease of use (PEOU), and perceived usefulness
(PU). The dependent variables were behavioral intention (BI)
and use behavior (UB).

Perceived Usefulness

Perceived Ease-of-Use

o
Trust Behavioral Intention

Use Behavior

Social Influence

Facilitating Conditions

Figure 1: Conceptual Framework

H1: Perceived usefulness has a significant effect on
behavioral intention.

H2: Perceived ease of use has a significant effect on
behavioral intention.

H3: Trust has a significant effect on behavioral intention.
H4: Social influence has a significant effect on behavioral
intention.

H5: Facilitating conditions have a significant effect on
behavioral intention.

H6: Behavioral intention has a significant effect on use
behavior.

3.2 Research Methodology

In this study, researchers used quantitative research and
nonprobability sampling methods to determine the wide
range and limitations of using tourism mini-programs in
Shanghai, China, especially the top three users of tourism
mobile mini-programs. The questionnaire consists of three
main parts: screening questions, demographic information,
and factors that affect tourist behavior intentions and mobile
app usage behavior. Firstly, screening questions help ensure
that only capable respondents can fill out the questionnaire,
as evidenced by Visram et al. (2018). Secondly, according to
Miles and Huberman (1994), population information will
make it easier to construct successful studies considering
various target populations. Finally, a five-point Likert scale
was used to measure respondents' attitudes toward each
variable (Lavrakas, 2008).

In order to test the effectiveness of the scale items and
truly reflect the survey purpose, three tourism management



Zibiao Cheng / The Scholar: Human Sciences Vol 16 No 3 (2024) 122-131

project experts were invited to evaluate the questionnaire's
effectiveness. After receiving the results of the experts,
calculate the sum and average of their ratings for each scale
item. For content validation using three expert rating results,
an 10C value of approximately 0.67 is considered statistically
significant (Rovinelli & Hambleton, 1977). Before collecting
data for the preliminary study, researchers suggest conducting
a pilot study as a preliminary investigation (Khan & Qudrat-
Ullah, 2021). In order to obtain accurate survey data, pilot
testing is considered key to successfully conducting the
survey (Lavrakas, 2008). In this study, 30 Shanghai tourists
with experience using travel mobile mini-programs were
selected as pilot participants, and Cronbach's alpha
coefficient was measured with an acceptance coefficient of
0.7 or above (Tavakol & Dennick, 2011).

During the formal data collection process, 500 Shanghai
tourists using three major mobile mini-programs were
selected as the target group. Researchers used statistical
software to analyze the data. Confirmatory factor analysis
(CFA) evaluates factor load, T-value, and reliability. CR),
Mean-Variance Extraction (AVE), and Discriminant
Effectiveness. Structural equation modeling (SEM) tests the
meaning of hypotheses and the direct, indirect, and overall
impact of relationships in hypothesis testing.

3.3 Population and Sample Size

This study focuses on tourists in Shanghai, China, who
utilize three specific tourism mobile apps: the Ctrip mini-app,
the Qunar mini-app, and the Mafengwo mini-app. The
selection of these three mini-programs was based on several
reasons. Firstly, as Shanghai is a prominent municipality
directly under the central government of China, it can serve
as a representative location for studying tourist behavior
related to tourism mobile mini apps. Secondly, these three
travel mobile apps have garnered the highest downloads
among travel-related apps. Thirdly, these three-travel mobile
mini apps are extensively used by tourists.

Typically, a sample size of N=100-150 is considered the
minimum requirement for Structural Equation Modeling
(SEM) (Tabachnick & Fidell, 2007). However, as Perera
(2013) pointed out, a more complex model, such as the one
employed in this study, necessitates a larger sample size.
Thus, a minimum sample size of 500 was appropriate
(Williams et al., 2010). By utilizing judgment sampling and
quota sampling techniques, this study ultimately selected
500 customers as the final sample.

3.4 Sampling Technique
The researchers employed three sampling techniques:

judgmental, stratified, and convenience. Firstly, a judgmental
sampling method was utilized to select users of tourism
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mobile apps in Shanghai from the top three available options.
Following stratified sampling principles, 500 individuals
were selected as the final sample, representing three distinct
subgroups (as outlined in Table 1). Lastly, a convenience
sampling approach was employed to contact potential
respondents who had the time and willingness to participate
in the survey when distributing the questionnaire.

Table 1: Sample Units and Sample Size

Population Proportional

Sl Size Sample Size
Ctrip applets 50 250
Qunar applet 30 150
Mafengwo applet 20 100
Total 100 500

Source: Constructed by author

4. Results and Discussion
4.1 Demographic Information

The survey questionnaire was distributed among
Shanghai tourists using three selected travel mobile mini-
programs. Among the respondents are 232 women and 268
men, accounting for 46.4% and 53.6% of the total population,
respectively. One hundred forty people aged 18 to 30, 145
people aged 31 to 40, 146 people aged 41 to 50, 48 people
aged 51 to 60, and 21 people aged 60 and above accounted
for 28.0%, 29.0%, 29.2%, 9.6%, and 4.2% of the total
population, respectively. Thirty people have a primary school
education or below, 81 people have a junior high school
education or below, 130 people have a high school education
or above, 144 people have a bachelor's degree or above, and
115 people have a bachelor's degree or above, accounting for
6.0%, 16.2%, 26.0%, 28.8%, and 23.0% of the total
population, respectively. Ninety-two people have a monthly
income of 3000 to 50000 yuan, 125 people have a monthly
income of 500 to 70000 yuan, 116 people have a monthly
income of 7001 to 9000 yuan, 107 people have a monthly
income of 9001 to 11000 yuan, and 60 people have a monthly
income of over 1101-yuan, accounting for 18.4%, 25.0%,
23.2%, 21.4%, and 12.0% of the total population, respectively.
(See Table 2).

Table 2: Demographic Profile

Demographl(t;,\l e;r;c(i) O(i-eneral Data Frequency| Percentage
Gender Male 232 46.4%
Female 268 53.6%
0-30 years old 140 28.0%
31-40 years old 145 29.0%
Age 41-50 years old 146 29.2%
51-60 years old 48 9.6%
More than 61 years old 21 4.2%
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Demographl(?\l azrgc(l) 0C;eneral Data Frequency| Percentage
Primary school or below 30 6.0%
Education Junior middle school 81 16.2%
Level Senior middle school 130 26.0%
Bachelor 144 28.8%
Bachelor above 115 23.0%
3000-5000 RMB 92 18.4%
Monthly 5001-7000 RMB 125 25.0%
Income 7001-9000 RMB 116 23.2%
9001-11000 RMB 107 21.4%
More than 11001 RMB 60 12.0%

Source: Constructed by author

4.2 Confirmatory Factor Analysis (CFA)

In this study, Confirmatory Factor Analysis (CFA) was
employed as a statistical tool. CFA is a versatile and robust
technique widely used in various research fields (Teo, 2013).
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It is a specific advanced factor analysis approach that aids in
identifying and validating factor structures underlying
phenomena of interest (Huang & Yuan, 2020). The
assessment of the CFA model's goodness of fit involves
evaluating the reliability of individual indicator variables and
latent variables, also known as composite reliability or
structural reliability (Murugesan & Jayavelu, 2015).

According to the predefined criteria for this study, the
Cronbach's Alpha value is considered acceptable when it
exceeds 0.70. Moreover, the acceptable threshold for factor
loading is set at 0.5 or higher. Additionally, following the
criteria outlined by Fornell and Larcker (1981), both the
Composite Reliability (CR) and Average Variance Extracted
(AVE) values are deemed acceptable when they reach or
exceed 0.6 for CR and 0.4 or higher for AVE. These
established benchmarks ensure the strength and reliability of
the measurement instruments utilized in this study.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

. Source of Questionnaire No. of Cronbach's Factors

VRIS (Measurement Indicator) Item Alpha Loading oK VIS
Trust (TR) Rather et al. (2019) 4 0.815-0.871 0.876 0.906 0.706
Facilitating Conditions (FC) Hu et al. (2019) 5 0.812-0.858 0.859 0.917 0.689
Social Influence (SI) Hu et al. (2019) 4 0.788-0.819 0.841 0.875 0.637
Perceived Usefulness (PU) Suki and Suki (2019) 4 0.803-0.920 0.887 0.913 0.725
Perceived Ease of Use (PEOU) Suki and Suki (2019) 3 0.724-0.794 0.825 0.802 0.575
Use Behavior (UB) Hu et al. (2019) 4 0.830-0.856 0.878 0.908 0.713
Behavioral Intention (BI) Lin et al. (2020) 5 0.832-0.860 0.871 0.925 0.712

The model fit of the measurement model in this study is
deemed acceptable based on the fit indicators. The statistical
values of each indicator were compared against established
standards. The values obtained are as follows: CMIN/DF =
2.258, GFI1 =0.899, AGFI =0.876, NFI = 0.915, CFIl = 0.950,
TLI = 0.944, and RMSEA = 0.050. No modifications were
necessary for the measurement model as the original model
demonstrated a good fit.

Table 4: Goodness of Fit for Measurement Model

When the square root of AVE is greater than the
coefficient of any related structure, the effectiveness of the
decision is confirmed (Fornell & Larcker, 1981). As shown
in Table 5, the square roots of each structure on the diagonal
are 0.840, 0.830, 0.798, 0.851, 0.758, 0.844, and 0.844,
respectively, which are greater than the inter-meter
coefficient. Therefore, the effectiveness of discrimination is
guaranteed.

Table 5: Discriminant Validity

Fit Index Acceptable Criteria Statistical Values TR FC Sl PU |PEOU| UB Bl
<5.00 (Al-Mamary & TR
CMIN/df Shamsuddin, 2015; Awang, 2012) 2.258 0.840
GFI >0.85 (Sica & Ghisi, 2007) 0.899 FC 0.422 | 0.830
AGFI > 0.80 (Sica & Ghisi, 2007) 0.876 SI 0.379 | 0.473 |0.798
NFI >0.80 (Wu & Wang, 2006) 0.915 U
414 | o. . .
CFI > 0.80 (Bentler, 1990) 0.950 0 0.383 0.369] 0.851
TLI >0.80 (Sharma et al., 2005) 0.944 PEOU | 0.313 | 0.320 |0.257| 0.333 | 0.758
RMSEA | <0.08 (Pedroso et al., 2016) 0.050 UB 0.492 | 0.509 [0.409| 0.415 | 0.357 | 0.844
Model In harmony with B 0.507 | 0.540 |0.477| 0.465 | 0.359 | 0.581 | 0.844
Summary empirical data

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index and RMSEA = root mean square error of approximation

Note: The diagonally listed value is the AVE square roots of the variables
Source: Created by the author.
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4.3 Structural Equation Model (SEM)

Following the completion of Confirmatory Factor
Analysis (CFA), Structural Equation Models (SEM) were
applied to estimate specific systems of linear equations and
validate the model fit. Shelley (2006) argued that SEM
evaluates the linear causality between variables and accounts
for error specifications. It is akin to return evaluation but may
hold more influence than regression assessment. The results
of the adjustments using statistical software, including
CMIN/DF, GFI, AGFI, CFI, TLI, and RMSEA, are presented
in Table 6. These results demonstrate that the goodness-of-
fit index verified by SEM is deemed acceptable.

Table 6: Goodness of Fit for Structural Model

Before Before
Adjustment Adjustment
e geeEtbi Statistical Statistical
Values Values
<5.00 (Al-
Mamary &
CMIN/df | Shamsuddin, 3.504 2.983
2015; Awang,
2012)
>0.85 (Sica &
GFI Ghisi, 2007) 0.827 0.851
>0.80 (Sica &
AGFI Ghisi, 2007) 0.798 0.821
>0.80 (Wu &
NFI Wang, 2006) 0.862 0.886
>0.80 (Bentler,
CFlI 1990) 0.897 0.921
>0.80 (Sharma
TLI et al., 2005) 0.888 0.911
< 0.08 (Pedroso
RMSEA etal,, 2016) 0.071 0.063
Not in In harmony
Su'\r/lnonciealr harmony with | with Empirical
y Empirical data data

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index and RMSEA = root mean square error of approximation

4.4 Research Hypothesis Testing Result

The results were derived from the analysis of
standardized coefficient value and t-value per demonstrated
in Table 7. Subsequently, all hypotheses were supported.

Table 7: Hypothesis Results of the Structural Equation Modeling

Hypothesis (1)) t-Value Result
H1: PU —BI 0.255 5.004*** Supported
H2: PEOU—BI 0.116 4.055*** Supported
H3: TR—-BI 0.237 7.425*** Supported
H4: SI-BI 0.197 5.857*** Supported
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Hypothesis ® t-Value Result
H5: FC—BI 0.436 7.461*** Supported
H6: BI-UB 0.926 9.202*** Supported

Note: *** p<0.001
Source: Created by the author

According to the data in Table 7, the research results are
explained as follows:

H1 indicates that perceived usefulness affects behavioral
intention in this study, with a standard value of 0.255. The
results of this study are consistent with those of Stocchi et al.
A study on perceived usefulness and behavioral intention
(2019), Dasgupta et al. (2011), Yee et al. (2019), and
Visinescu et al. (2015).

H2 has been confirmed in this study that perceived ease
of use is one of the important factors affecting behavioral
intention, with a standard value of 0.116. This result supports
the previous research by Septiani et al. (2017), Stocchi et al.
(2019), and Dasgupta et al. (2011).

H3 indicates that trust has a significant impact on
behavioral intention. The standardization coefficient of H3 is
0.237. This result supports Namahoot and Laohavichien's
(2015) and Akbari et al. (2019) studies.

H4 indicates that social influence has a significant impact
on behavioral intention. The standardization coefficient of
H4 is 0.197. This result supports the previous study by Chang
et al. (2015) and Yang (2010).

H5 indicates that convenience conditions have a
significant impact on behavioral intention. The
normalization coefficient of H5 is 0.436. This result supports
Lin et al. (2020) and Pham et al. (2020).

H6 confirms that behavioral intention has a significant
impact on usage behavior. The normalization coefficient of
H6 is 0.926. This result supports the previous research by
Velazquez et al. (2018) and Lin et al. (2020).

5. Conclusion and Recommendation
5.1 Conclusion and Discussion

This study aims to comprehensively analyze the
important factors that affect the behavioral intention and
usage behavior of Shanghai tourists' mobile tourism
applications. The Chinese government encourages tourism
mobile applications to improve the quality of tourism
services. Therefore, it is necessary to understand which
factors can motivate or stimulate tourists to use tourism
mobile applications for travel effectively. Researchers
proposed six hypotheses based on the defined research
questions. They surveyed tourists' use of mobile phones from
four aspects: perceived usefulness, perceived ease of use,
trust, social impact, and convenience conditions. The
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decisive factors of this study come from the three core
theories and four theoretical frameworks of previous
research. The three core theories are the Technology
Acceptance Model (TAM), the Unified Theory of
Technology Acceptance and Use (UTAUT), and the
Decomposition Theory of Planned Behavior Model (DTPB).
The object of this study is Shanghai tourists who use the top
three tourism mobile applications. The sampling program
adopts multi-stage sampling. In the first stage, Shanghai
tourists with the top three travel mobile mini-programs will
be selected for purposive or judgmental sampling. The
second stage is stratified sampling, where the sample size is
distributed proportionally by region.

The third is to facilitate the distribution of sampling
questionnaires.  Collect quantitative data  through
questionnaire surveys. The questionnaire includes screening
questions, a Likert scale, measuring all variables from
strongly disagree (1) to agree (5) strongly, and demographic
questions about the respondents. Prior to a larger population
distribution, project and target consistency testing was
conducted on three experts, and pilot testing was conducted
on 30 respondents to ensure the reliability and consistency of
each ~measurement project. Five hundred survey
questionnaires were distributed to some tourists in Shanghai.
The three selected travel mobile mini-programs are the Ctrip
mini-program, the Qunar mini-program, and the Mafengwo
mini-program. Using the collected data, confirmatory factor
analysis (CFA) is used to measure and validate the
effectiveness and reliability of the conceptual model.
Through comprehensive reliability and Cronbach a, the
convergence effectiveness results of reliability, factor load,
mean square error extraction analysis and discriminant
validity are used to measure the effectiveness and reliability
of the conceptual model. The structural equation model
(SEM) was used to analyze and discuss the factors affecting
tourists' behavioral intention and behavior of using mobile
mobile phones. This is to prove the proposed research
hypothesis and respond to the defined research questions.
The six hypotheses proposed have been supported and
proven, achieving the research objectives. The findings of
this study can be summarized into two main findings.

Firstly, facilitating conditions are the strongest predictors
of behavioral intention. Perceived usefulness, trust,
perceived ease of use, and social influence significantly
impact tourist behavioral intentions. Therefore, improving
facilitating conditions is the key to enhancing behavioral
intention. Secondly, behavioral intention has a significant
impact on usage behavior.

Therefore, the recommendation for these two main
findings is to ensure and promote the advantages or benefits
of using tourism mobile applications. Enterprises should
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emphasize improving convenience, trust, social influence,
perceived usefulness, and perceived ease of use to facilitate
users' use of the platform. This will promote tourists'
behavioral intention and usage behavior of using tourism
mobile mini-programs, making them willing to use them for
online consultation and booking.

5.2 Recommendation

The researchers identified the key factors influencing
behavioral intention and use behavior of the three most
popular tourism mobile applets used by tourists in Shanghai,
such as Facilitating Conditions (FC), Trust (TR), Perceived
usefulness (PU), Perceived Ease-of-Use (PEOU) and Social
Influence (SI).

These key factors need to be developed and promoted to
enhance tourists' behavioral intentions and use of mobile
mobile phones. In this study, facilitating conditions were the
strongest predictors of Apple's behavioral

intention for mobile travel. Therefore, it is necessary to
emphasize facilitating conditions. If tourists perceive
facilitating conditions as high, they will use tourism mobile
applications. Enterprises should ensure this attribute. At the
same time, enterprises should make every effort to improve
the trust, perceived usefulness, perceived ease of use, and
social impact of tourism mobile applications and help
tourists organize useful concepts of tourism mobile
applications in order to improve the tourist trust, perceived
usefulness, perceived ease of use, and social impact of
tourism mobile applications. In summary, this study provides
a detailed explanation of the factors affecting tourists'
behavioral intentions and the usage behavior of mobile
applications. This paper provides a basis for relevant
corporate identity to identify variables that affect the
behavior intention and use behavior of tourism mobile
applications and can be applied to the operation and
management of tourism mobile applications.

5.3 Limitation and Further Study

It is worth noting that this study has some limitations. The
following are suggestions for further research.

Firstly, seven factors were selected as variables in the
model, which do not fully represent all the factors that affect
user behavior intention. Therefore, this study's selection of
influencing factors may need to be more comprehensive.
Secondly, in terms of data collection, this study analyzed the
factors that affect tourism application users' continued use of
questionnaires. During the questionnaire distribution process,
most respondents had close relationships with classmates or
young people, resulting in a younger age structure that
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needed to be more comprehensive. Finally, this study only
selected the three most widely used tourism mobile
applications, and their scope needs further expansion.

Further research may involve e-commerce platforms in
other regions like Beijing and Xinjiang. Exploring the use of
e-commerce in different regions may lead to different
findings, improve the universality of research models, and
obtain more general results. Further research should expand
the research scope of tourism mobile apps and strive to
include more. At the same time, further, select research
variables and respondents to make the research results more
scientific and accurate.
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