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Abstract

Purpose: The main purpose of this study is to analyze the behavioral intention of college students using mobile reading apps in
Sichuan Normal University through a questionnaire survey. This study mainly used system quality, information quality, service
quality, perceived usefulness, perceived ease of use, and other methods to determine the influencing factors and behavioral
intention of college students' use of mobile reading apps in Sichuan Normal University. Research design, data, and
methodology: The target population of this study is college students at Sichuan Normal University. The total sample size is 500
undergraduates from the first to the third year in Sichuan Normal University. The researchers used three steps to collect target
samples: purpose or judgment sampling, quota sampling, and convenience sampling. Confirmatory factor analysis (CFA) and
structural equation modeling (SEM) were used to analyze the reliability of study variables and conceptual frameworks. Results:
System quality, service quality and perceived ease of use significantly impact perceived usefulness. Perceived usefulness
significantly impacts behavioral intention. In contrast, information quality has no significant impact on perceived usefulness.
Conclusions: This research offers valuable insights that can guide educational institutions, app developers, policymakers, and

researchers in fostering effective technology integration for educational enhancement.
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1. Introduction

Third-party applications based on smartphones have
permeated every element of people's lives due to the
advancement of mobile Internet technology and the
popularity of smartphones. The way that books were
transported changed as technology and terminals advanced,
moving from traditional paper medium to the PC terminal
and then to the mobile terminal. Reading apps are born under
the call of "national reading." Mobile apps based on
smartphones also become one of the important media for
users to read because of their convenience and
fragmentation (Sarwar & Soomro, 2013).
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The National Medium- and Long-Term Plan for
Educational Reform and Development (2010-2020) outlines
the integration of educational digitization into the overall
development strategy of national digitization and views
information technology as a crucial component of future
educational development. The Outline proposes to speed up
the popularization of mobile terminals and the use of
multiple ways to access the Internet and fully emphasizes the
importance of learning resources and advanced technologies
in education and teaching (CEST, 2019).

Mobile learning has gained much public interest as a
tangible form of instructional material because of the quick
development of wireless network technology. Mobile
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learning brings learning tools to learners' fingertips, subverts
learning behavior, and makes learning no longer limited to a
fixed period and place but personalized and convenient
(Traxler, 2007). Under the policy background of education
informatization, the continuously updated new media and
new technology constantly inject fresh blood into mobile
learning, and mobile learning will also have a huge impact
on the education industry and learners due to the constant
evolution of its connotations and tools (Pimmer et al., 2013).

According to the development status of WAP in the
Statistical Report on the Development of the Internet in
China released by CNNIC, network users aged between 18
and 30 account for 79.4% of the total users. Regarding career
structure, students have become the main group of WAP
users. The age structure of WAP users shows a trend of
younger (China Internet Network Information Center, 2022).

College students refer to people registered in higher
education institutions and receiving education, including
college and junior college students and master's and doctoral
students. College students have always been a group of
people actively concerned with all sectors of society. College
students are imaginative, dare to think and do, and are willing
to accept new things. Their demand for mobile learning is
also rising day by day. Many studies have shown that
learners using social media in a mobile learning environment
can effectively improve their autonomous learning ability
and teamwork ability. Therefore, this study aims to analyze
the behavioral intention of college students using mobile
reading apps in Sichuan Normal University through a
questionnaire survey.

2. Literature Review

2.1 System Quality

Accessibility, response time, dependability, and
flexibility were considered when evaluating system quality
(DeLone & MclLean, 2003). The system quality was
determined by criteria including the system's operation,
interactions, responses, and user interface design (Chen &
Cheng, 2012). System quality, which can be seen as an
individual's evaluation of the information system's utility,
was one of the elements impacting perceived usefulness
(Lederer et al., 2000). System quality, the model's second
independent construct and a recommended variable for the
study of management information systems was recognized
by Swanson (1974). System dependability, responsiveness,
and online accessibility are a few examples of system quality.

System quality, which was also regarded as a significant
component that favorably influenced perceived utility, was
the primary factor of online quality to assess the efficacy of
electronic service, according to (Lin & Wang, 2012).
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According to DeLone and McLean (2003), the IS success
model presupposed that user perceptions of system quality
would affect perceived utility and pleasure. These links
would be assessed in various ways depending on the context
of electronic commerce. Customers might receive simple,
private, timely feedback via a better mechanism (Namahoot
& Laohavichien, 2015). System quality was deemed
acceptable for activities and learning requirements in the
learning environment, according to Al-Omairi (2020). Thus,
this study set a hypothesis:

H1: System quality has a significant impact on perceived
usefulness of mobile reading apps.

2.2 Information Quality

The ability of the system to convey information's aim is
referred to as information quality (Lin & Wang, 2012).
Additional aspects of information quality included accuracy,
integrity, and output format (Nelson et al., 2005). DelLone
and McLean (2003) defined information quality as the users'
confidence in the connected, intelligible, accurate, and
integrated information supplied by ERP (Enterprise
Resource Planning) systems. Information quality was
characterized by correctness, timeliness, and relevance, as
Edmunds and Morris (2000) stated. According to Lin (2007),
the perceived utility of the virtual community was influenced
by information quality. According to several prior research,
information quality is important to the efficacy and success
of information technology, as mentioned by Cao et al. (2005).

Many references include a study from Lin and Johnson
(2015), which showed that perceived usefulness was
positively influenced by information and service quality. Lin
and Wang (2012) observed that the quality of information
had a bigger impact on perceived utility than the convenience
of usage. Additionally, perceived usefulness may be
impacted by the quality of the information, the effectiveness
of the system, and the level of service (Cao &
Jittawiriyanukoon, 2022). Lin (2007) discovered that
information quality substantially impacted perceived
usefulness but had no effect on perceived ease of use. Hence,
a hypothesis is developed:

H2: Information quality has a significant impact on
perceived usefulness of mobile reading apps.

2.3 Service Quality

Santos (2003) believed it also applied to the customer's
overall assessment of the superior service offered in the
virtual market. According to Saeed et al. (2012), the service
providers' efficacy was the definition of service quality.
DeLone and McLean (2003) define service quality as the
consistency of service providers. Roca et al. (2006)
defined service quality as the extent to which students
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believed the personal technical support provided by the
electronic learning system was beneficial.

Many references have revealed that service quality was
one of the primary online constructs to assess the efficacy of
electronic commerce (DeLone & McLean, 2003). Service
quality may increase the usefulness of virtual communities
(Kuo & Zuo, 2003). According to Lee (2010), the service
quality provided by the system had a favorable impact on
how useful people thought e-learning was. Prior research
found that service quality was an efficient predictor of
perceived utility in a website setting (Park et al., 2004). Prior
studies had stated that service quality effectively predicted
perceived usefulness in a website context (Park et al., 2004).
Therefore, this study concludes that:

H3: Service quality has a significant impact on perceived
usefulness of mobile reading apps.

2.4 Perceived Ease of Use

The degree to which a sample believes utilizing the
services from the target system would increase effectiveness
is the notion of perceived ease of use (Bashir & Madhavaiah,
2015). It also demonstrates how confident someone is that
utilizing a particular system will be easy (Chauhan, 2015).
According to Davis (1989), customers' perceptions of an
item’s usability are a barometer for the complexity of the
products they use. It is the extent to which a university
student who uses online education technology considers it
more efficient and effortless (Neo et al., 2015). It depends on
how much a student thinks utilizing the online education
system is easy and straightforward (Qin et al., 2020).

The researcher concluded the relationship between
perceived usefulness and ease of use based on several prior
academic studies. For example, Davis (1993) and Teo (2009)
argued that perceived usefulness was directly influenced by
perceived ease of use rather than the other way around. Also,
several earlier academic research studies have established
that perceived ease of use influences other factors like
attitude and intention via the intermediary variable of
perceived usefulness. (Celik, 2008; Lee, 2009).

Perceived usability has significantly influenced
perceived usefulness (Marakarkandy et al., 2017). Moreover,
the TAM theoretical model contends that perceived ease of
use is the immediate primary cause of perceived usefulness,
giving people the tendency to see technology as helpful and
functional if they believe its usage is easy and undemanding
(Watjatrakul, 2013). Thereby, this researcher refers a
hypothesis:

H4: Perceived ease of use has a significant impact on
perceived usefulness of mobile reading apps.
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2.5 Perceived Usefulness

Researchers have been closely monitoring perceived
utility in recent years across various disciplines (Figl &
Derntl, 2011). The technology adoption paradigm advocated
perceived utility (Davis, 1986). Some studies
define perceived usefulnessas the degree to which
individuals believe using a given system would improve
their learning accomplishment (Davis, 1989). Scholars
describe consumers' efficacy in accessing online system
services (Venkatesh & Davis, 2000). It is the degree to which
a learner agrees that a certain educational system would help
him or her learn (Huang & Liaw, 2018).

Perceived usefulness has been proven to be a crucial
determinant of behavioral intention, according to the Davis
etal. (2006) study. For individuals with first-hand experience
with the system network, for instance, there was a stronger
impact on the consumers' behavioral intentions (Castafieda
et al., 2007). Researchers like Yee and Walet (2013)
combined TAM with empirical studies to better understand
why people use mobile commerce. The findings indicated
that perceived usefulness had a favorable effect on the
intention to use, whereas individual creativity indirectly
contributed to attitude. Consequently, a hypothesis is set:
H5: Perceived usefulness has a significant impact on the
behavioral intention of mobile reading apps.

2.6 Behavioral Intention

The concept of behavioral intention was adapted from a
psychology theory that emphasizes concluding action that
describes a person's conduct in adopting a certain system
(Chauhan, 2015). Behavioral intention may be described as
an individual's cognitive presentation of whether or not they
want to use a certain system right away (Asadi Someh et al.,
2016). Zarmpou et al. (2011) feel that behavioral intention is
a difficult notion, particularly in networks, which relates to
the frequency that users are willing to use. Davis (1989), the
first to introduce this term, characterized it as a behavior and
reaction influenced by various events.

Behavioral intention describes the effort/desire a person
has to carry out the desired activity (Ajzen & Fishbein, 1980).
Multiple assessment items might be used to determine
behavioral intent (Asiri et al., 2019). Researchers found a
fascinating interaction between perceived norms and the
behavioral intention of diplomatic or non-diplomatic clients
to utilize the target system (Taylor & Todd, 1995).
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3. Research Methods and Materials

3.1 Research Framework

All of the variables in the study and their connections to
one another were presented using the conceptual framework
as a model (Hair et al., 2013). There was a relationship
between the prior research framework and conceptual
framework since the researcher primarily built their own on
top of the prior research framework (Plano Clark &
Ivankova, 2016). This study aimed to investigate the
behavioral intentions of college students in Sichuan Province
who used mobile reading software. In order to create and
maintain the conceptual framework, researchers employ
three studies which are Hu and Zhang (2016). Park (2009),
and Wang et al. (2018), as shown in Figure 1.
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Figure 1: Conceptual Framework

H1: System quality has a significant impact on perceived
usefulness of mobile reading apps.

H2: Information quality has a significant impact on
perceived usefulness of mobile reading apps.

H3: Service quality has a significant impact on perceived
usefulness of mobile reading apps.

H4: Perceived ease of use has a significant impact on
perceived usefulness of mobile reading apps.

H5: Perceived usefulness has a significant impact on the
behavioral intention of mobile reading apps.

3.2 Research Methodology

In order to identify the aspects or components connected
to the behavioral intention of college students in Sichuan
Normal utilizing mobile reading applications, the quantitative
research methodologies used in this academic study are
described in the first section. In the second portion, the target
population, sampling unit, sample size, and sampling
procedure are all discussed in depth, as are the respondents in
this research. The third part gives an overview of the research
tools used in this study. The fourth component displays the
research instrument's pilot test, Cronbach's alpha, content
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validity, and item-objective congruence. The process of
gathering the data is shown in the fifth part. The sixth section,
which also contains confirmatory factor analysis, construct
validity, convergent validity, average variance extracted, and
discriminant validity, shows the statistical analysis of the data.
The seventh component displays an examination of the model
or fit quality. In the eighth section, the structural equation
model's results demonstrate how numerous factors affect
undergraduate students' behavioral intentions about adopting
hybrid education. The statistical techniques that were
employed to evaluate the research's hypotheses are
summarized in the last section.

3.3 Population and Sample Size

According to Malhotra et al. (2017), the sample size was
representative of the study's intended audience. The target
population of this study is college students at Sichuan
Normal University. The determination of the sample size
significantly influenced all quantitative or statistical
academic research, according to McClave et al. (2009), and
it was a crucial part of the research team's design process.
The population is 500 undergraduate students (1st-3rd year)
using mobile reading software.

3.4 Sampling Technique

The method of sampling used is known as judgment
sampling. The judgment sample was a technique for
controlling and selecting the sample's contents (Kervin, 1992).
Purposive sampling, sometimes called judgmental sampling,
is a method in which researchers select samples based on their
own judgment and are then assessed based on the qualities the
sample's participants sought (Hair et al., 2010).

The second step of the study uses quota sampling to
establish hierarchies, each representing a different institution
that has been selected. To ensure that the sample is
representative, stratified sampling is used to distribute 500
samples proportionally among the strata. Lastly, the target
audience was receptive to the interview and willing as a result,
thus the researcher of this study used convenience sampling
technique to accomplish data collection.

Table 1: Sample Units and Sample Size

Grade Popu]ation Proportiopal
Size Sample Size
Freshman 3482 218
Sophomore 3343 162
Junior 3654 120
Total 10479 500

Source: Constructed by author
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4. Results and Discussion

4.1 Demographic Information

The profile of the demographic targets 500 participants
and is concluded in Table 2. Male respondents represent
46.2%, and female respondents account for 53.8%. For the
Age of 18 years old for 16.2%, 19 years old of 33.2%, 20
years old for 36.4%., 21 years old of 10.6%, Over 21 years
old for 3.6%.

Table 2: Demographic Profile

Demographic and General Data Frequency| Percentage
(N=500)
Gender Male 231 46.2%
Female 269 53.8%
18 years old 81 16.2%
19 years old 166 33.2%
Age 20 years old 182 36.4%
21 years old 53 10.6%
Over 21 years old 18 3.6%
Daily use 168 33.6%
Not used daily, at least once a 120 24.0%
Frequency week
of qulle No weekly use, at least once a 93 18.6%
Reading month
Use No monthly use, at least once 75 15.0%
every 3 months
Less than once every three 24 8.8%
months

- Five hours or less 207 41.4%
SF;'rTjeof 5-10 hours 195 39.0%
the Use 10-15 hours 67 13.4%
More than 15 hours 31 6.2%

Source: Constructed by author
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4.2 Confirmatory Factor Analysis (CFA)

Confirmatory Factor Analysis (CFA) is a crucial first step
in the SEM (Hair et al., 2010). By Joreskog (1969),
confirmation factor analysis was created. CFA is a group of
specialized advanced factor analysis techniques frequently
used in social science research and helps distinguish between
the factor structure that the researchers are persuaded the
phenomenon follows One benefit of confirmatory factor
analysis (CFA) was the ability to assess the reliability and
validity of both variables (Byrne, 2010). The CFA differs
from other hypothetical idea testing methods since it can
measure complex hypotheses in the deductive simulation
pattern (Hoyle, 2012).

In Table 3, The value of Cronbach's Alpha was obtained
using SPSS. All variables' Cronbach's Alpha values above 0.7,
which was needed for the content reliability index. Within the
context of Confirmatory Factor Analysis, item loadings
exceeding 0.40, coupled with p-values below 0.05, were
deemed satisfactory, signifying substantial associations
between the observed items and their underlying constructs.

Furthermore, in adherence to the recommendations of
Fornell and Larcker (1981), the construct's convergent
validity was evaluated. The Average Variance Extracted
(AVE) surpassed 0.5, and the Composite Reliability (CR)
exceeded 0.6. These outcomes provide robust evidence
supporting the construct's convergent validity.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

. Source of Questionnaire No. of Cronbach's Factors

VETED s (Measurem?ent Indicator) Item Alpha Loading G (A3
System Quality (SYQ) Hu and Zhang (2016) 3 0.761 0.694-0.745 0.762 0.517
Information Quality (1Q) Hu and Zhang (2016) 3 0.760 0.664-0.803 0.761 0.517
Service Quality (SEQ) Hu and Zhang (2016) 3 0.787 0.644-0.803 0.795 0.567
Perceived Ease of Use (PEOU) Park (2009) 3 0.717 0.654-0.713 0.721 0.463
Perceived Usefulness (PU) Hu and Zhang (2016) 4 0.761 0.630-0.693 0.762 0.444
Behavioral Intention (BI) Wang et al. (2018) 3 0.881 0.832-0.860 0.881 0.712

Table 4 was employed in conjunction with statistical
software to assess the fit of the measurement model. The
measurement model for the SNU group demonstrated an
acceptable fit without necessitating adjustments. The
following goodness of fit metrics support this conclusion:
CMIN/DF =1.511, GFI =0.0958, AGFI =0.942, NFI =0.945,
CFI = 0.981, TLI = 0.976, and RMSEA = 0.032. These
metrics conform to established benchmarks, affirming the
validity of the confirmatory factor analysis model proposed
in this study.

Table 4: Goodness of Fit for Measurement Model

Fit Index Acceptable Criteria Statistical Values
CMIN/DF | <5.00 (Marsh et al., 2004) 207.002/137 = 1.511
GFI > 0.85 (Sica & Ghisi, 2007) 0.958
AGFI > 0.80 (Sica & Ghisi, 2007) 0.942
NFI >0.80 (Wu & Wang, 2006) 0.945
CFl > 0.80 (Bentler, 1990) 0.981
TLI > 0.80 (Sharma et al., 2005) 0.976
RMSEA < 0.08 (Pedroso et al., 2016) 0.032
Model In harmony with
Summary empirical data

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFl = comparative fit index, TLI =
Tucker-Lewis index, and RMSEA = root mean square error of
approximation
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In line with the principles outlined by Fornell and
Larcker (1981), discriminant validity was assessed by
calculating the square root of each Average Variance
Extracted (AVE). As illustrated in Table 5, the outcomes
revealed that the discriminant validity values exceeded all
inter-construct/factor correlations. This outcome offers
corroborative support. The successful establishment of both
convergent and discriminant validity yields compelling
evidence substantiating the construct validity of the study.

Table 5: Discriminant Validit

PEOU | PU PBC AT Sl BI
PU 0.667
SYQ | 0529 | 0719
10 0213 | 0279 | 0.719
SEQ | 0579 | 0483 | 0.174 | 0.753
PEOU | 0591 | 0678 | 0298 | 0.614 | 0.680
BI 0569 | 0540 | 0320 | 0486 | 0.585 | 0.844

Note: The diagonally listed value is the AVE square roots of the
variables
Source: Created by the author.

4.3 Structural Equation Model (SEM)

The structural equation model is a tool for scrutinizing
the causal relationships among variables. Table 6 provides an
overview of the computed goodness-of-fit indices for the
structural model within the main campus group. For this
study, the statistical outcomes indicated a satisfactory fit,
underscored by the following indices: CMIN/DF = 3.869,
GFI = 0.883, AGFI = 0.849, NFI = 0.849, CFI = 0.883, TLI
= 0.864, and RMSEA = 0.076. These values collectively
establish an acceptable level of fit for the model.

Table 6: Goodness of Fit for Structural Model

Index Acceptable Statistical Values
CMIN/DF | <5.00 (Marsh et al., 2004) 568.712/147 = 3.869
GFI > 0.85 (Sica & Ghisi, 2007) 0.883
AGFI > 0.80 (Sica & Ghisi, 2007) 0.849
NFI >0.80 (Wu & Wang, 2006) 0.849
CFl > 0.80 (Bentler, 1990) 0.883
TLI > 0.80 (Sharma et al., 2005) 0.864
RMSEA < 0.08 (Pedroso et al., 2016) 0.076
Model In harmony with
Summary empirical data

Remark: CMIN/DF = The ratio of the chi-square value to degree
of freedom, GFI = goodness-of-fit index, AGFI = adjusted
goodness-of-fit index, NFI = normalized fit index, CFl =
comparative fit index, TLI = Tucker-Lewis index, and RMSEA =
root mean square error of approximation
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4.4 Research Hypothesis Testing Result

The current investigation delved into the relationships
between the variables stipulated in the research hypotheses.
This evaluation encompassed the scrutiny of standardized
path coefficients and t-values. The outcomes of this
examination have been laid out in Table 7, where statistical
significance was determined based on p-values lower than
0.05. Consequently, most hypothesis garnered support,
except H2.

Table 7: Hypothesis Results of the Structural Equation Modeling
Hypothesis (1)) t-Value Result
H1: SQ —-PU 0.254 4.695* Supported
H2: 1Q—PU 0.094 1.858 Not Supported
H3: SQ—PU 0.348 6.080* Supported
H4: PEOU—PU 0.560 7.826* Supported
H5: PU-BI 0.697 10.331* Supported

Note: * p<0.05
Source: Created by the author

In this study, various factors related to the quality and
usability of a system were analyzed to determine their impact
on users' perceived usefulness and behavioral intention. The
researchers investigated System Quality (SYQ), Information
Quality (1Q), Service Quality (SEQ), Perceived Ease of Use
(PEOU), Perceived Usefulness (PU), and Behavioral
Intention (BI). The standardized path coefficients (B), t-
values, and testing results were used to assess the
relationships between these factors. Let's delve into the
findings:

Hypothesis H1: The relationship between System Quality
(SYQ) and Perceived Usefulness (PU) was tested. The
standardized path coefficient (B) was found to be 0.254, and
the t-value was 4.695. The testing result indicates that this
hypothesis was supported, meaning that higher system
quality is associated with greater perceived usefulness.

Hypothesis H2: The researchers examined the link
between Information Quality (1Q) and Perceived Usefulness
(PU). The standardized path coefficient (B) for this
relationship was 0.094, and the associated t-value was 1.858.
The testing result suggests that this hypothesis was not
supported, indicating that information quality may not have
a significant impact on perceived usefulness.

Hypothesis H3: The relationship between Service
Quality (SEQ) and Perceived Usefulness (PU) was explored.
The standardized path coefficient () was calculated as 0.348,
with a corresponding t-value of 6.080. This hypothesis was
supported, suggesting that higher service quality is positively
related to perceived usefulness.

Hypothesis H4: The researchers investigated the
connection between Perceived Ease of Use (PEOU) and
Perceived Usefulness (PU). The standardized path
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coefficient (B) for this relationship was 0.560, and the t-value
was 7.826. This hypothesis was supported, indicating that
when a system is perceived as easy to use, it enhances users'
perceived usefulness of the system.

Hypothesis H5: The researchers studied the impact of
Perceived Usefulness (PU) on Behavioral Intention (BI). The
standardized path coefficient (B) for this relationship was
0.697, and the t-value was 10.331. This hypothesis was
supported, suggesting that when users perceive a system as
useful, it positively influences their intention to use the
system.

In summary, the study revealed several important insights
regarding the relationships between different factors and
users' perceptions and intentions. Specifically, system quality,
service quality, perceived ease of use, and perceived
usefulness were found to significantly impact users'
perceptions and behavioral intentions. However, information
quality did not appear to have a notable effect on perceived
usefulness, at least within the context of this study. These
findings emphasize the significance of providing a high-
quality, easy-to-use system that users perceive as useful in
driving positive behavioral intentions.

5. Conclusion and Recommendation
5.1 Conclusion and Discussion

In this research investigation, the study reaches its
culmination through a comprehensive discussion and
conclusion in its concluding chapter, leveraging the attained
outcomes. The researcher scrupulously examines and
underscores the ramifications of theoretical frameworks and
practical applications.

The present study delves into the analysis of behavioral
intention among college students in Sichuan Normal
University who utilize mobile reading apps, as examined
through a meticulously conducted questionnaire survey. By
employing a variety of methods, including the assessment of
system quality (SQ), information quality (IQ), service
quality (SQ), perceived usefulness (PEOU), perceived ease
of use (PU), and other related factors, the research strives to
unveil the determinants that shape college students'
intentions to engage with mobile reading applications in the
context of Sichuan Normal University.

The research findings underscore the significance of
system quality, information quality, service quality,
perceived ease of use, and perceived usefulness in shaping
students' behavioral intentions. The empirical validation of
these relationships contributes to refining and expanding
existing theoretical frameworks related to technology
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adoption and behavioral intention. Importantly, the study's
differentiation of impacts across distinct participant groups
underscores the necessity of considering contextual
contingencies in both theoretical application and practical
implementation.

The implications derived from the findings extend to both
theoretical and practical realms. Theoretical frameworks
such as the Technology Acceptance Model (TAM) and the
Unified Theory of Acceptance and Use of Technology
(UTAUT) benefit from validating and adapting their
constructs in diverse contexts. These insights enrich our
understanding of user behavior and its nuanced interplay
with technology in educational settings.

The study's recommendations offer actionable strategies
for practitioners and stakeholders to optimize mobile reading
app design, usability, and promotional efforts. These
recommendations, informed by the research findings,
provide a roadmap for enhancing user experiences, fostering
engagement, and tailoring app features to meet the
distinctive needs of college students at Sichuan Normal
University.

In a broader context, this study contributes to the growing
body of knowledge on technology adoption among students,
particularly in the context of mobile reading apps. The
research addresses the specific variables under investigation
and highlights the importance of considering cultural,
institutional, and contextual factors in technology-related
studies.

5.2 Recommendation

Drawing from the research findings, several actionable
recommendations emerge for stakeholders invested in
optimizing the adoption and utilization of mobile reading
apps among college students:

Continuous App Improvement: Employ a user-
centered approach to consistently enhance mobile reading
apps. Regularly gather user feedback, conduct usability
testing, and iterate on app features based on user preferences
and evolving technological trends.

Information Quality Enhancement: Invest in curating
high-quality, accurate, and relevant content within mobile
reading apps. Collaborate with academic institutions and
subject experts to ensure that the information provided aligns
with students' educational needs.

Usability Enhancement: Prioritize  user-friendly
interfaces that facilitate easy navigation and interaction.
Conduct usability assessments to identify pain points, and
refine the app's design to reduce complexity and enhance
user engagement.
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Promote Training and Support: Provide users with
training materials, tutorials, and customer support resources
to enhance their comfort and proficiency in using the app.
Addressing user concerns promptly can foster a positive
perception of the app's usability.

Educational Integration: Collaborate with educational
institutions to integrate mobile reading apps into the
curriculum. Promote the app's utility in supplementing
course materials, aiding research, and supporting academic
growth.

5.3 Limitation and Further Study

While this study has provided valuable insights into the
behavioral intentions of college students using mobile
reading apps at Sichuan Normal University, several
limitations warrant consideration for future research
endeavors:

Contextual Generalization: The findings are specific to
the context of Sichuan Normal University and its college
students. Replicating the study in different geographical
locations or with different student populations could provide
a more comprehensive understanding of the factors
influencing behavioral intentions.

Cross-Cultural Variability: The study does not deeply
delve into potential cross-cultural differences that might
impact the relationships between variables. Exploring the
influence of cultural nuances on technology adoption could
enhance the applicability of the findings across diverse
cultural contexts.

Sample Size and Diversity: While sufficient for the
current analysis, the sample size might limit the
generalizability of findings. Future research could aim for
larger and more diverse samples to enhance the robustness
of results.

Unexplored Variables: While the current study focused
on key variables like system quality, information quality, and
perceived usefulness, other potentially relevant variables,
such as app design aesthetics or social influence, were not
explored. Future research could investigate these variables'
contributions.
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