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Abstract

Purpose: China's mobile payments are changing the financial landscape and social impact and attracting international attention.
This paper aims to investigate the factors influencing the behavioral intention and use behavior of Generation X consumers in
China toward mobile payments. The framework contains social influence, perceived value, perceived usefulness, perceived ease
of use, perceived risk, behavior intention, and user behavior. Research design, data, and methodology: A quantitative research
method was used to survey 500 Generation X consumers in China. Purposive, quota, and convenience sampling were employed
to collect data. Structural equation modeling (SEM) and confirmatory factor analysis (CFA) were used to analyze the data for
model fit, reliability, and construct validity. Results: The results reveal that behavioral intention significantly impacts use
behavior among Chinese Generation X consumers. Social influence, perceived value, perceived ease of use, perceived usefulness,
and perceived risk have significant effect on behavioral intention, with perceived ease of use also having a significant effect on
behavioral intention through perceived usefulness. Conclusions: The study confirmed seven hypotheses and recommended that
mobile payment platforms adopt the proposed framework to measure and improve mobile payment behavioral intention and use

behavior among Chinese Generation X consumers.
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1. Introduction

With the changing times and the rapid development of
information technology, the functions and convenience of
mobile terminal devices have been greatly improved, and
people widely use various mobile terminal devices. Because
of the popularity of mobile terminal devices, mobile payment
is also becoming more and more widespread. Mobile
payment methods are faster, easier to operate, more efficient,
and safer (Chen & Tang, 2006). In a situation where the
rampant spread of viruses has caused social and financial
crises, there is a very tacit agreement to move
communication, education, and payment online to ensure a
safe distance between people. Mobile payments are widely
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used in various fields in many countries worldwide. China's
mobile payment usage is extremely high and at the forefront
of the world regarding technology (Shi, 2007).

China's mobile payments are changing the financial
landscape and social impact and attracting international
attention (Frost et al., 2019). Through the study, Wu and
Wang (2005) found that perceived risk and value
significantly impact people's willingness to use mobile
commerce.

Chu et al. (2021) argues that in the consumption domain,
individuals receive the perceived stimulus of a new product.
Various external factors influence individuals' perceived
usefulness and perceived ease of use of the product, both of
which affect individuals' consumption intention and
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consumption behavior. Qi (2016) believes a clear link exists
between behavioral intention and use behavior. Fishbein et
al. (2001) Believe behavioral intentions are the best predictor
of behavior. In past studies, safety and risk have influenced
intention to use and use behavior (Tan & Teo, 2000).

Generation X (typically born between the early 1960s and
early 1980s) represents a significant portion of the
population in many countries, including China. They are a
sizable consumer segment with unique characteristics and
preferences. Understanding their behavior regarding mobile
payments can provide valuable insights into a substantial
market segment. Generation X consumers have experienced
significant technological advancements in their lifetimes,
transitioning from analog to digital technologies. As a result,
they are relatively tech-savvy and adaptable to digital
solutions like mobile payments. Investigating their attitudes
and behaviors can shed light on how a generation that has
witnessed rapid technological changes perceives and adopts
mobile payment technologies.

This paper constructs a research framework based on the
TPB model, which suggests that social influence, perceived
value, perceived usefulness, perceived ease of use, and
perceived risk are important factors influencing Generation
X mobile payment consumers' behavioral intention and use
behavior. Among them, the perceived ease of use of
consumers who use mobile payment has an impact on
perceived usefulness and continues to have a positive impact
on their intention to use (Mo & Luo, 2019). It has also been
shown that the behavioral intention of mobile payments
positively impacts user behavior (Cao & Li, 2009).

Therefore, the framework of this study includes seven
variables: social influence, perceived value, perceived
usefulness, perceived ease of use, perceived risk, behavioral
intention, and user behavior to explore further the factors that
influence mobile payments among Generation X consumers
in China.

2. Literature Review

2.1 Social Influence

Social influence is the effect on the attitude or behavior
of others (Jing, 2001). Social influence is the influence that
one party intentionally or unintentionally has on the other
party's behavior because of a certain relationship between the
two parties (Asch, 1951). Venkatesh et al. (2003) sees social
influence as the extent to which people believe those, they
care about will approve of or support their behavior.

Social influence refers to changes in attitudes and
behaviors that affect others and can come from a wide range
of individual or group sources (Myers & Twenge, 2012).
Mehl and Pennebaker (2003) found through experimental
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studies that humans, as social animals, respond to their
surroundings and that a particular social situation can prompt
a behavior change. Social influences include subjective
norms, voluntariness, and other influencing factors, among
which experience and voluntariness impact behavioral
intentions (Jing et al., 2021). Therefore, a hypothesis is
proposed:

H1: Social influence has a significant impact on behavioral
intention.

2.2 Perceived Value

From the customer's point of view, customer value refers
more to the customer's perceived value (Zeithaml, 1988).
Zeithaml first proposed the customer perceived value theory
from the customer's point of view in 1988, and she suggested
two important factors in studying customer value: first, the
customer's perception of the value obtained, and second, the
customer's perception of the cost paid (Su, 2016).
Consumers' perceived value concerns the desire to make
rational shopping choices (Chang & Dibb, 2012).

The values of personal belief and action systems help
people understand the meaning of motivation and behavior
(Bengtson & Lovejoy, 1973). Moreover, researchers or
business practitioners from different disciplines are
increasingly interested in customer-perceived value (Jong et
al., 2005). Customer perceived value is closely related to
price, quality, cost payment, behavioral intention, and
satisfaction (Holbrook, 1999). Thus, this study hypothesizes
that:

H2: Perceived value has a significant effect on behavioral
intention.

2.3 Perceived Usefulness

Perceived usefulness refers to the extent to which people
believe that the application of a system can improves their
work efficiency and the perceived usefulness of such an
application system (Feng et al., 2022). Perceived usefulness
is the degree to which users subjectively perceive an
improvement in their work performance when using a
particular system (Zhu et al., 2021). In the real world of
mobile payments, perceived usefulness leads consumers to
believe that it will improve their level of productivity (Chen
& Adams, 2005).

Bhattacherjee (2001) found through his study that
perceived usefulness is a key motivating factor for user
satisfaction and continued use of information systems.
Through the study, Li et al. (2013) found that perceived
usefulness is closely related to users' behavioral intention in
a positive relationship in mobile payment. In mobile
payment, perceived usefulness will impact the user's
behavioral intention (Dewan & Chen, 2005). Accordingly,
an assumption is presented:
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H3: Perceived usefulness has a significant effect on
behavioral intention.

2.4 Perceived Ease of Use

Perceived ease of use refers to people's perception of the
ease of use of a technology system when they use it
specifically (Davis, 1989). Perceived ease of use is the user's
perceived level of convenience in moving needs and the state
of time, physical effort, and other cost savings (Mao, 2022).
In mobile payment technology, perceived ease of use refers
to the attitude of the individual in using the technology in the
process of accomplishing the desired goal (Lu et al., 2018).

Perceived usefulness and perceived ease of use are the
main factors that influence technology use intention and use
behavior (Wang, 2007). Factors such as ease of use and
usefulness are often mentioned in the acceptance and
adoption of mobile payment technologies (Dewan & Chen,
2005). Through their study, Li et al. (2013) found that
perceived ease of use affects perceived usefulness and is one
of the main factors in users' acceptance and adoption of
mobile payment services (Li et al., 2013).

The Technology Acceptance Model is a new model
proposed by Davis (1989) by modifying the Theory of
Rational Behavior. There are two structures in the
technology acceptance model, perceived usefulness, and
perceived ease of use. The more positive the user's attitude
toward technology use, the stronger the willingness to use
the technology behavior, and the higher the technology
acceptance will be (Adams et al., 1992). Perceived Ease of
Use When technology is easier to use, users do not need to
spend extra time and effort to learn it. They are more
confident in their self-efficacy and have a more positive
attitude, which directly impacts behavioral intentions (Zhu,
2012). Consequently, two hypotheses can be indicated:

H4: Perceived ease of use has a significant effect on
perceived usefulness.
H5: Perceived ease of use has a significant effect on
behavioral intention.

2.5 Perceived Risk

The concept of risk became quite popular in economics
in the 1920s (Knight, 2013). Since then, it has been
successfully applied to economics, finance, and other
decision-making disciplines (Dowling & Staelin, 1994). In
1960, Bauer of Harvard University first introduced the
concept of risk into marketing. The theory of perceived risk
is used to explain consumer buying behavior, mainly as a
risk-taking behavior, because consumers are not sure of the
outcome of the use of the product when considering a
purchase, so in fact, consumers assume some risk, which is
the original meaning of perceived risk (Ross, 1975).
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Featherman and Pavlou (2003) found that a direct
association between perceived risk on behavioral intention
was confirmed in the e-service acceptance level. Mitchell
argues that consumers tend to reduce their perceived risk
rather than maximize their perceived value when making
purchase decisions and that perceived risk is a stronger and
more powerful explanation for consumer behavior (Mitchell,
1999). The famous marketing expert Kotler has also pointed
out that consumers change, postpone, or cancel their
purchase decisions largely due to the influence of perceived
risk (Kotler & Armstrong, 1994). Subsequently, a hypothesis
is suggested:

H6: Perceived risk has a significant effect on behavioral
intention.

2.6 Behavioral Intention

Behavioral Intention refers to a person's subjective
judgment of his or her tendency to act in the future (Folkes,
1988). Behavior Intention is a subjective determination of an
individual's willingness to adopt a particular behavior
(Upmeyer, 2012). Fishbein and Ajzen (1975) proposed the
theory of rational behavior, in which attitudes toward a
particular behavior and subjective benchmarks combine to
determine behavioral intentions, and behavioral intentions
lead to volitional behavior (Elliott et al., 2005).

Ajzen believes that the actor does not always analyze
rationally and thus forms the behavioral Intention before
deciding on the best behavior to use (Peach et al., 2005).
With advances in technology and communication,
behavioral intent has been repeatedly shown to be an
influential factor in use behavior (Cao & Li, 2009).
Consumers' consumption activities are based on self-needed
choices, and finding the main reasons for consumer
acceptance and action is a key challenge for the researchers
involved (Schaefers, 2013). Based on the above discussions,
this study put forward a hypothesis:

H7: Behavioral intention has a significant effect on use
behavior.

2.7 Use behavior

Behavior is the activity of an organism under the
influence of various internal and external stimuli. Different
subdisciplines of psychology study different perspectives
(Jing, 2001). Use behavior includes the holder's use behavior
and the licensee's use behavior (Chih-Chien et al., 2005).
Moreover, user behavior refers to the acquisition and use of
goods or services taken by the action; users of the product
first have a cognitive, familiar with the process, use, and
finally decide whether to continue to consume the use and
finally become a loyal user (Wang et al., 2023).
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Limayem et al. (2007) argue that the relationship between
intention and behavior plays a moderating role. Wu and Fan
(2010) found that many factors influence consumers'
behavioral intention and use of mobile payment. Sheng
(2009) found through his research that the use of mobile
payment behavior is influenced by various aspects, one of
which is the behavior of one of the main influences.

3. Research Methods and Materials

3.1 Research Framework

This conceptual framework was developed based on five
theoretical models from previous research frameworks.
Social influence, behavioral intention, and use behavior were
derived from Gupta and Arora (2020) model. The
perceived value variable, on the other hand, was derived
from Lin et al. (2020) model. The variables of perceived
usefulness, perceived ease of use, perceived risk, and
behavioral intention were derived from
Phonthanukitithaworn et al. (2016) model. The variables for
perceived value and behavioral intention were then taken
from Zhang et al. (2019) model. Finally, the variables for
perceived usefulness and ease of use are from Leong et al.
(2021)s’ model (see Figure 1).

Social Influence

Perceived Usefulness — QI 4o otention ——{g——> Use Behavior

Perceived Risk

Figure 1: Conceptual Framework

H1: Social influence has a significant effect on behavioral
intention.

H2: Perceived value has a significant effect on behavioral
intention.

H3: Perceived usefulness has a significant effect on
behavioral intention.

H4: Perceived ease of use has a significant effect on
perceived usefulness.

H5: Perceived ease of use has a significant effect on
behavioral intention.
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H6: Perceived risk has a significant effect on behavioral
intention.
H7: Behavioral intention has a significant effect on use
behavior.

3.2 Research Methodology

The researchers used a quantitative non-probability
sampling method to send a questionnaire to Generation Y
mobile payment consumers living in the degree via the
Internet. Key factors that have a significant impact on
Generation X mobile payment consumers were collected and
analyzed. The survey was divided into three parts. The first
part identifies the characteristics of the respondents through
screening questions. The second part used a Likert scale to
test seven suggested variables ranging from strongly disagree
to agree strongly. Finally, demographic questions about
Generation X, residential, and mobile payment use were
asked.

A pilot test was also conducted in which 50 respondents
were scored by experts on their agreement with the program's
objectives (I0C), and a pilot test was administered. The
validity and reliability of Cronbach's Alpha method were
tested. The results of the expert ratings indicated an 10C score
higher than 0.6, as approved by three experts. Additionally,
the pilot test yielded Cronbach's alpha coefficient values
exceeding the acceptable threshold of 0.7, as defined by
Nunnally and Bernstein (1994).

After the confidence test, a questionnaire was distributed
to the target respondents, and 500 responses were received.
The researchers analyzed the collected data using statistical
software. Then, they used confirmatory factor analysis (CFA)
to test its convergence and validity. The fitted measures of the
model were calculated by combining the tests on the given
data to ensure the validity and reliability of the model. Finally,
the researchers used structural equation modeling (SEM) to
examine the effects of the variables.

3.3 Population and Sample Size

The research population of this paper is Generation X
mobile payment consumers in Chengdu. The structural
equation model suggests a sample size of at least 425 people
(Kline, 2015). Five hundred respondents were used in this
study.

3.4 Sampling Technique

The researcher used purposive sampling to select
Generation X consumers using Alipay, WeChat, and
UnionPay mobile payment applications in Chengdu, Sichuan,
China. Quota sampling was applied to calculate sample size
for each group per shown in Table 1. Afterward, the
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researchers used a convenience sampling tool, Question Star,
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Table 2: Demographic Profile

to distribute an online questionnaire. Dem°9raphi(?\li’;%§e”era' LI Frequency | Percentage
. . . Gender Male 238 47.6%
Table 1 Sample Units and Sample Size : Female 262 52 4%
Mobile Payment Total Generation X Proportional Mobile WeChat 236 47.2%
Application Sample Size Payment Alipay 213 42.6%
consumers ‘e :
Platform Total Application UnionPa 51 10.20%
WeChat 345000000 236 Platform y
Alipay 310000000 213 Total 500 100%
UnionPay 74400000 51 Source: Constructed by author
Total 729400000 500

Source: Constructed by author

4. Results and Discussion
4.1 Demographic Information

The demographic target of this study was information
from 500 participants. All respondents experienced mobile
payments on three mobile payment application platforms:
WeChat, Alipay, and UnionPay. Among respondents, male is
47.6%, and female is 52.4%. The number of people on each
platform was 236, 213, and 51, representing 47.2%, 42.6%,
and 10.20% of the total sample, respectively (see Table 2).

4.2 Confirmatory Factor Analysis (CFA)

Confirmatory factor analysis (CFA) was used in this study.
Cronbach's alpha coefficient values exceed the acceptable
threshold of 0.7 (Nunnally & Bernstein, 1994). All items in
each variable were significant and represented the factor
loadings for testing convergent validity. Hair et al. (2007)
emphasized the importance of the factor loadings for each
item. The factor loading requirement was set at 0.5 with a p-
value coefficient less than 0.05. In addition, according to
Fornell and Larcker (1981), the critical point was set as CR
greater than 0.7 and AVE greater than 0.5. As shown in Table
3, the factor loading values were above 0.5, CR greater than
0.7, and AVE greater (see Table 3).

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

Variables Source of Questior_mai re (Measurement No. of Cronbach's Factors CR AVE
Indicator) Item Alpha Loading
Social Influence (SI) Sobti (2019) 4 0.871 0.777-0.828 0.873 0.633
Perceived Value (PV) Shah et al. (2020) 4 0.867 0.774-0.813 0.868 0.622
Perceived Usefulness (PU) Phonthanukitithaworn et al. (2016) 3 0.832 0.764-0.836 0.836 0.629
Perceived Ease of Use (PEOU) | Phonthanukitithaworn et al. (2016) 3 0.853 0.795-0.844 0.853 0.659
Perceived Risk (PR) Phonthanukitithaworn et al. (2016) 4 0.854 0.755-0.81 0.855 0.595
Behavioral Intention (BI) Sobti (2019) 4 0.838 0.726-0.774 0.839 0.566
Use Behavior (UB) Alam et al. (2020) 3 0.835 0.761-0.823 0.836 0.629
In addition, we used CMIN/DF, GFI, AGFI, NFI, CFlI, o Statistical
TLI, and RMSEA as model fit indices in the CFA test. As Index Acceptable Criteria Values
shown in Table 4, the values obtained in this study are above In harmony
acceptable, verifying that the models fit well. These model Model with
measurements strengthen their discriminant validity and Summary emé’;::a'

validate the validity of the subsequent structural model
estimates (see Table 4).

Table 4: Goodness of Fit for Measurement Model

Index Acceptable Criteria Skl

Values
CMIN/DF | < 5.0 (Wheaton et al., 1977) 1.716
GFI > (.85 (Sica & Ghisi, 2007) 0.937
AGFI > 0.80 (Sica & Ghisi, 2007) 0.919
NFI > 0.80 (Wu & Wang, 2006) 0.935
CFlI > 0.80 (Bentler, 1990) 0.972
TLI > 0.80 (Sharma et al., 2005) 0.966

< 0.10 (Hopwood & Donnellan, 20

RMSEA 10) 0.038

Remark: CMIN/DF = The ratio of the chi-square value to degree
of freedom, GFI = goodness-of-fit index, AGFI = adjusted
goodness-of-fit index, NFI = normalized fit index, CFl =
comparative fit index, TLI = Tucker-Lewis index, IFI = Incremental
Fit Index, and RMSEA = root mean square error of approximation

As shown in Table 5, the square root of AVE for each
variable is greater than its correlation with other variables,
indicating that the model has good discriminant validity.
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Table 5: Discriminant Validity

st | pv | PU |PEOU| PR | BI UB
si | 0.79

PV | 0292 | 0.789

PU | 0274 | 0349 | 0793

PEO 0.220 | 0369 | 0430 | 0.812

PR | -0.270 | -0.408 | -0.248 | -0.327 | 0.771

BI | 0299 | 0419 | 0478 | 0557 | -0.386 | 0.752

UB | 0269 | 0350 | 0.470 | 0.474 | -0.309 | 0552 | 0.793

Note: The diagonally listed value is the AVE square roots of the
variables
Source: Created by the author.

4.3 Structural Equation Model (SEM)

The structural equation model (SEM) is a generalization
of the regression model and has many advantages that the
regression model does not have: It can deal with multiple
independent and dependent variables at the same time to
meet the needs of increasingly complex theoretical models
in social science research; it can analyze explicit and latent
variables at the same time to meet the general implicit
characteristics of variables in social science research; it
allows measurement errors of independent variables and
higher accuracy of parameter estimation; it has great fit
evaluation indicators to evaluate the model, etc. These
advantages make SEM an important statistical method in
social science research (Wang et al., 2022).

The fit indices of the structural equation model (SEM)
are shown in Table 6. By using statistical software for SEM
calculation and model adjustment, the results of the fit
indices present a good fit, i.e., CMIN/DF=2.795, GFI1=0.883,
AGFI=0.858, NFI=0.888, CFI=0.925, TLI=0.916, and
RMSEA=0.060, according to the acceptable values
mentioned (see Table 6).

Table 6: Goodness of Fit for Structural Model

. R Statistical
Fit Index Acceptable Criteria Values
CMIN/DF < 5.0 (Wheaton et al., 1977) 2.795

GFI > 0.85 (Sica & Ghisi, 2007) 0.883

AGFI > 0.80 (Sica & Ghisi, 2007) 0.858

NFI > 0.80 (Wu & Wang, 2006) 0.888
CFlI > 0.80 (Bentler, 1990) 0.925
TLI > 0.80 (Sharma et al., 2005) 0.916

RMSEA < 0.10 (Hopwood & Donnellan, 20 0.060

10)
In harmony

Model with
Summary empirical

data
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Remark: CMIN/DF = The ratio of the chi-square value to degree
of freedom, GFI = goodness-of-fit index, AGFI = adjusted
goodness-of-fit index, NFI = normalized fit index, CFl =
comparative fit index, TLI = Tucker-Lewis index, IFI = Incremental
Fit Index, and RMSEA = root mean square error of approximation

4.4 Research Hypothesis Testing Result

The research model judges the significance of the
regression path coefficients based on their t-values and
calculates the explanatory power of the independent
variables on the dependent variable based on R2. Table 7
shows that at the significance level, *P < 0.05, **P < 0.01,
***P <(0.001. all hypotheses were supported. The coefficient
of influence of social influence on behavioral intention was
0.116, the coefficient of influence of perceived value on
behavioral intention was 0.169, the coefficient of influence
of perceived usefulness on behavioral intention was 0.291,
the coefficient of influence of perceived ease of use on
perceived usefulness was 0.5, the coefficient of influence of
perceived ease of use on behavioral intention was 0.465, and
the coefficient of influence of perceived risk on behavioral
intention was -0.181. Finally, the coefficient of influence of
behavioral intention on use behavior was 0.664. the
behavioral intention had the greatest influence on user
behavior (see Table 7).

Table 7: Hypothesis Results of the Structural Equation Modeling

Hypothesis (1)) t-Value Result
H1: SI>BI 0.116 2.752** Supported
H2: PV—BI 0.169 3.927*** Supported
H3: PU—-BI 0.291 5.332%** Supported
H4: PEOU—PU 0.5 9.176*** Supported
HS5: PEOU—BI 0.465 8.098*** Supported
H6: PR—BI -0.181 -4.174% Supported
H7: BI-UB 0.664 11.251*** Supported
Note: *** p<0.001, ** p<0.01, * p<0.05
Source: Created by the author
H1 has confirmed that social influence influences

behavioral intention with a result of 0.116. Among the many
factors influencing behavioral intention, social influence is
an important factor influencing the mobile payment
behavioral intention of Generation X consumers. In the
mobile payment environment, social influence significantly
impacts users' intention to use and their behavior (Zhang &
Yuan, 2019). The result of H2 is 0.169, indicating that
perceived value has an impact on behavioral intention.
Parasuraman and Grewal (2000) studied perceived value
from the perspective of cost and benefit, input and generation,
etc. perceived value impacts all stages of consumer behavior.
The result of H3 is 0.291, which indicates that perceived
usefulness impacts behavioral intention. Perceived
usefulness evaluates things in the user's perception process,
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is the main content, and ultimately influences the user's
attitude and behavior (Davis, 1989). The result of H4 is 0.5,
indicating that perceived ease of use affects perceived
usefulness. Feng (2022) experimentally demonstrated the
significant positive effect of perceived ease of use on
perceived usefulness. The result for H5 is 0.465, indicating
that perceived ease of use impacts behavioral intention. From
the perspective of mobile payment users, perceived ease of
use affects users' behavioral intention (Chiu et al., 2009). The
result for H6 is -0.181, indicating that perceived risk affects
behavioral intention. Perceived risk is reduced to a level
acceptable to consumers or disappears completely, and
consumers can generate selling intentions and purchase
behavior (Mitchell et al., 1997). Finally, the result for H7 is
0.664, indicating that behavioral intention impacts user
behavior. In a study of consumer purchase behavior, Xing
(2011) found that behavioral intention is an important
determinant of the occurrence of behavior.

5. Conclusion and Recommendation
5.1 Conclusion and Discussion

This study aims to examine the factors that influence the
behavioral intention and use behavior of Chinese Generation
X consumers in mobile payment. The model consists of
seven variables and seven hypotheses. The hypotheses are
the effect of social influence on behavioral intention, the
effect of perceived value on behavioral intention, the effect
of perceived usefulness on behavioral intention, the effect of
perceived ease of use on perceived usefulness, the effect of
perceived ease of use on behavioral intention, the effect of
perceived risk on behavioral intention, and the effect of
behavioral intention on user behavior. A questionnaire
survey was conducted among Generation X consumers using
Alipay, WeChat, and UnionPay mobile payment applications
in Chengdu, Sichuan, China. The data analysis aimed to
explore the factors that influence the behavioral intention
and use behavior of Generation X consumers in mobile
payment. Confirmatory factor analysis (CFA) was used to
measure the validity and reliability of the conceptual model.
Structural equation modeling (SEM) was used to analyze the
proposed relationships between the hypotheses.

The results of the study are as follows. First, behavioral
intention has the greatest impact on user behavior, which
means that mobile payment behavioral intention largely
determines the mobile payment use behavior of Chinese
Generation X consumers. Perceived ease of use has a
significant effect on perceived usefulness and behavioral
intention. In contrast, perceived usefulness significantly
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affects behavioral intention, which indicates that perceived
ease of use can indirectly influence behavioral intention
through perceived usefulness. Second, social influence
significantly affects behavioral intention, indicating that
social influence is the basis of behavioral intention.
Perceived value and perceived risk have a significant effect
on behavioral intention. This implies that Chinese
Generation X consumers' behavioral intention of mobile
payment is influenced by social influence, perceived value,
perceived risk, perceived usefulness, and perceived ease of
use.

In summary, this study concludes that social influence,
perceived value, perceived ease of use, and perceived
usefulness significantly impact behavioral intention.
Perceived risk has a negative impact on behavioral intention.
In contrast, the behavioral intention has the greatest impact
on user behavior, indirectly proving that social influence,
perceived value, perceived risk, perceived ease of use, and
perceived usefulness significantly impact the mobile
payment use behavior of Chinese Generation X consumers.

5.2 Recommendation

The researchers found that by investigating the
behavioral intention and use behavior of Chinese Generation
X consumers, they can conclude that the key factors
influencing the behavioral intention of Chinese Generation
X consumers in mobile payment are social influence,
perceived value, perceived risk, perceived ease of use, and
perceived usefulness. Behavioral intention is the main factor
influencing Chinese Generation X consumers' mobile
payment use behavior. Therefore, in the mobile payment
context, improving social influence, perceived value,
perceived ease of use, and perceived usefulness can enhance
Chinese Generation X consumers' behavioral intention to use
mobile payment. Laroche et al. (2001) found that a user's
behavioral intention influences use behavior by studying a
customer's perceived transaction value, and user behavior
has a positive relationship.

Second, the behavioral intention of Chinese Generation
X consumers significantly impacts use behavior in the
mobile payment context. Behavioral intention and use
behavior are a unified whole, where behavioral intention is
the basis of user behavior, and user behavior is the
application and development of behavioral intention. The
understanding of consumers' behavioral intention varies
among researchers, with some researchers arguing that
behavioral intention and use behavior are driven by social
influence, perceived value, and perceived risk (Lai, 1995).

Third, it is suggested that the perceived usefulness of
mobile payments in the mobile payment context is enhanced
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by increasing the perceived ease of use among Chinese
Generation X consumers because perceived ease of use
positively affects perceived usefulness. Perceived usefulness
positively affects Chinese Generation X consumers'
behavioral intention to make mobile payments. Thus,
perceived ease of use improves the perceived usefulness of
mobile payments for Chinese Generation X consumers and
effectively induces mobile payment behavioral intentions of
Chinese Generation X consumers. They are adding to the
literature. Finally, Chinese Generation X consumers'
perceived risk of mobile payment can significantly
negatively impact their behavioral intention of mobile
payment, making Chinese Generation X consumers'
behavioral intention of mobile payment lower and indirectly
affecting Chinese Generation X consumers' mobile payment
behavior. Yang et al. (2012) argued that social influence,
perceived value, cost, perceived usefulness, perceived ease
of use, perceived risk, and various other factors influence the
behavioral intention of user behavior, further determining the
actual adoption of that mobile payment.

In summary, the results of this study will help Chinese
mobile payment platforms to gain reference information and
inspiration on the practices of Chinese Generation X
consumers, improve the behavioral intention and use
behavior of Chinese Generation X consumers, and promote
more possibilities for Chinese Generation X consumers to
use mobile payment in the mobile payment context.

5.3 Limitation and Further Study

The basic purpose of this study is to evaluate the usability
of the proposed combination model in a developing country
context. As payment methods continue to evolve and be used
in society, the results of this study will help provide insight
into the behavioral intentions and use behavior of mobile
payment methods.

However, this study still has obvious limitations, such as
the single sample country context and the fact that only three
sampling methods were considered to collect data. In
addition, it is important to note that the influencing factors
may have yet to be considered comprehensively, so more
studies and more concise models are needed in the future to
determine the experimental results.

In conclusion, more and more people are using mobile
payment applications, and this payment behavior will have a
very significant impact on the Chinese economy. We
encourage other scholars to discover future lines of research
across different cultures that will enhance the use of mobile
payment methods and ensure the continued growth of the
Chinese economy.
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