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Abstract

Purpose: This study explored the factors influencing behavior intention in the Chengdu Online Travel Agency system for
disabled people. Behavior intention, perceived ease of use, perceived usefulness, performance expectations, social influence,
effort expectancy, and facilitating conditions were all interconnected in the conceptual framework. Research design, data, and
methodology: 500 questionnaires were distributed to people with mobility disabilities over the age of 18 in Chengdu who have
the financial ability and desire to travel, as well as people who are willing to travel. Item-objective congruence (IOC) and
preliminary examination were conducted and demonstrated in this research. After data collection is complete, confirmatory factor
analysis (CFA) and structural equation modeling (SEM) methods are used to measure the data's validity, reliability, and goodness
of fit. In this experiment. Results: All six hypotheses proposed in the study were supported. Perceived ease of use, perceived
usefulness, performance expectations, social influence, and effort expectancy are the factors of online travel agency systems for
the urban disabled. Conclusion: The aims to provide disabled people with a convenient and barrier-free travel experience,
Therefore, the design team can adopt universal design principles and barrier-free design guidelines to develop tourism products

that meet the needs of different disabled people.
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1. Introduction

In recent years, the Central Committee has established
two centenary strategic goals, the first of which is that by
2020, China will enter a well-off society in an all-round way.
By then, people's income will double and have a richer
spiritual and cultural life. At the same time, people's rights
and interests will be fully respected and protected, and the
social status and happiness index will be significantly
improved (L1, 2008). Disability is an inevitable social cost of
human history, and the well-being of persons with
disabilities is also an important part of the goals of the first
Centenary Strategy. According to the relevant report of the
International Labour Organization, the total number of
disabled people globally has reached 600 million, accounting
for 10% of the total population, and the average increase of
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disabled people is 15 million yearly (Yu, 2008)." According
to the sixth National census, the total number of disabled
people in China is 85.02 million, accounting for about 6% of
the national population (Yu, 2008).

Mockingbird (2017) is a trailblazer in the Chinese travel
industry, being the first to cater specifically to the barrier-
free travel market. Its inception not only filled a long-
standing void in the market but also marked a significant step
in acknowledging the needs of the disabled community by
the tourism sector.

Mockingbird's approach is rooted in empathy and
understanding. It is not just a travel agency but a platform
that truly understands the needs of people with disabilities
and is committed to making their travel dreams a reality.

At the beginning of her business, Xie (2021) did a simple
market questionnaire that surveyed 100 disabled people of
different ages in first, second, and third-tier cities about their
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travel aspirations. The results showed that 68% of them
strongly desired to travel. This result made Xie (2021) stay
in this market and become the first pioneer. "Mockingbird
was created to help more and more people with disabilities
escape their homes. This large community needs to get back
into society, and travel is one of the fastest ways to bring
them out of their homes." Shehaidi asked why the robin was
founded. Mockingbird's establishment has helped some
people with disabilities travel, but these investments are far
from enough for the huge market gap that accessible tourism
has. If the Mockingbird is likened to "the first person to eat
crabs," then Hui is the forerunner of the barrier-free tourism
market, and Ctrip is the "person”" who breaks the silence of
the market. At the beginning of her business, Xie (2021) did
a simple market questionnaire that surveyed 100 disabled
people of different ages in first, second, and third-tier cities
about their travel aspirations. The results showed that 68%
of them strongly desired to travel. This result made Xie
(2021) stay in this market and become the first pioneer.
"Mockingbird was created to help more and more people
with disabilities escape their homes. This large community
needs to get back into society, and travel is one of the fastest
ways to bring them out of their homes."

2. Literature Review

2.1 Perceived Ease of use

Davis (1989) defined perceived ease of use as how easy
it is for users to use a system. Davis (1993) showed that
perceived usefulness correlates more significantly with
future system use behavior than perceived ease of use. Based
on Davis' research results, many scholars have studied users'
perceived ease of use of network information systems. Moon
and Kim (2001) used perceived ease of use to explain Web
users' usage behaviors and motivations. Hsu and Lu (2004)
found that perceived ease of use proved to be a serious
influence on user attitudes. Acharya et al. (2013) proposed a
model based on Information and Communication
Technology (ICT) and showed that perceived ease of use not
only affects the intention to use; in other words, perceived
usefulness plays a mediating role in the influence of
perceived ease of use on the intention to use information
technology products.

TAM shows that adopting behavioral intent in
information technology is largely up to the perceived ease of
use (Davis, 1989). Perceived ease of use refers to the user's
perceived ease of operation when using a particular system.
As can be seen from the above, Chen and Bing (2017),
usefulness is more focused on product functions and their
results, which is the core of product managers' work, while
usability is the simple and convenient operation of such
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functions, which is the focus of designers' work. Among
them, the sense of control helps individuals to show interest
and continuous attention to active objects (such as virtual
goods) (Kamis et al., 2010). At the same time, previous
studies have also found that highly neurotic people show
more impulsivity when choosing goods (Bratko et al., 2013),
reducing usefulness's role in highly neurotic people's
selection of virtual goods.

H1: Perceived ease of use has a significant impact on
perceived usefulness.

2.2 Perceived Usefulness

Davis et al. (1989) defined perceived usefulness as users
having confidence in the system and believing that it will
improve their work performance. Sun et al. (2008) pointed
out that the higher the perceived usefulness of a system, the
higher the satisfaction of its users, emphasizing the direct
link between these two factors and their impact on user
experience. Both perceived usefulness and perceived ease of
use are significantly related to current and future system use
Davis (1989). Perceived usefulness, a key factor in the use
of systems at work, determines the customer's expectation
that IT systems will contribute to improving task
performance. It refers to those system users who are
convinced that using a service will yield better results, and is
the ease of using the technology or product (Lin & Lin, 2019).
Hsu and Lu (2004) point out that perceived usefulness is a
heavily influenced user attitude, leading to system
acceptance and adoption in previous studies. Tantiponganant
and Laksitamas (2014) found that different individual
characteristics may lead to differences in perceived
usefulness, such as personal status, education level,
experience and participation in corresponding training may
have a significant impact on perceived usefulness.

Perceived usability refers to how easy users think it is to
use a certain system (Marini et al., 2010). Mathieson et al.
(2001) believes that perceived usefulness and usability are
the internal feelings and subjective evaluation of medical
personnel when they handle medication management
through information technology. It covers the external
factors of system use and personal, institutional, and system
itself factors. Perceived usefulness has a significant
predictive effect on the use of two types of information
technologies and products (Gefen et al., 2003). Perceived
usefulness refers to system users who are convinced that they
will get better results using a service. (Lin & Lin, 2019).
Gefen et al. (2003) propose that the use of the system is
considered to have an intense impact because IT is an
individual's assessment of the IT system and is a specific
relevant goal, such as productivity and achievement.

H2: Perceived usefulness has a significant impact on
behavioral intention.
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2.3 Performance Expectancy

Early research on prediction performance evaluation
abroad is mainly based on error theory and mathematical
statistics theory. For example, Khawaja et al. (2005)
introduced a method for establishing confidence distribution
and determining confidence limits in fault prediction given
the uncertainty of prediction, proposed key prediction
performance indicators such as prediction accuracy,
precision, confidence, and similarity of the predictor, and
proposed an excellent algorithm including the learning route
of uncertainty management. At present, the relevant research
on prediction performance evaluation theory can be roughly
divided into five stages: Xu (1987) the traditional entrance-
based prediction accuracy evaluation research; Wang (1997)
the prediction effectiveness evaluation theory; Yang (2016)
the loss function method, the effectiveness evaluation
research of the prediction means based on mathematical
statistics; and the emerging prediction performance
evaluation index (Liu et al., 2004).

With the in-depth research and discussion on the
evaluation indicators of predictive performance, how to
establish a set of standard and effective evaluation methods
that can give an adequate evaluation of key predictive
performance has attracted the attention of researchers. At the
IEEE Aviation Conference, Saxena et al. (2009) summarized
four evaluation indexes widely used in various fields based
on the analysis of the different prediction performances
concerned with applying prediction theory in different fields.
Lall et al. (2011) further elaborated and experimentally
verified five emerging evaluation indicators that can better
represent the characteristics of prediction results changing
over time. Lall (2012) pointed out that these five new
indicators can better withstand the test of time. Saxena
showed that it is also more suitable to play a role in
comparing different forecasting methods. Lall et al. (2011)
These new indicators soon received widespread attention.
H3: Performance expectancy has a significant impact on
behavioral intention.

2.4 Social Influence

On the evaluation variables and index system of social
impact, scholars and institutions in various countries have
contributed abundant research results, underscoring the
global significance of social impact assessment. In the
United States, social impact assessment was first adopted as
a component of environmental impact assessment by the
National Environmental Policy Act (NEPA, 1969). Later, it
was gradually promoted and independently applied to water
resources development, urban construction management,
foreign aid and many other aspects. Social impact, as the
object of social impact assessment, refers to the
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consequences of any public or private behavior that bring
about changes in people's lives, work and recreation
activities, mutual relations, and organizational cooperation,
as well as cultural impacts, such as changes in norms, values,
and beliefs, so as to guide the formation and rationalization
of their self-and social cognition (ICGP, ICGP, ICGP).

It covers various social dimensions such as aesthetic,
archaeological, community, cultural, = demographic,
economic, gender, health, indigenous people, infrastructure,
institutions, politics, poverty, psychology, and resources
(Ishikawa, 1999). Chen (2004) pointed out that social
influence refers to the phenomenon that causes changes in
individuals' beliefs, attitudes, emotions, and behaviors under
the influence of social forces. William and Freudenburg
(1986) showed that all special plans generally have strong
industrial characteristics, and the range of indicators to be
considered is difficult to be uniform. The selection and
definition of indicators need to run through the entire
evaluation process. They are constantly adjusted and
improved with the gradual deepening of the cognition of the
project environment. International Organization Committee
on Guidelines and Principles for Social Impact Assessment
(ICGP, 1994) The Interorganizational Committee on
Guidelines and Principles for Social Impact Assessment, put
forward "social impact" as the object of social impact
assessment. It is the consequence of any public or private
behavior that brings about changes in the way people live,
work, and play in their relationships and organizations, as
well as cultural effects, such as changes in norms, values, and
beliefs, to guide the formation and rationalization of their
self-and social cognition.

H4: Social influence has a significant impact on behavioral
intention.

2.5 Effort Expectancy

Effort Expectancy (EE) is a key construct in
understanding user acceptance and use of technology. It
originates from the Unified Theory of Acceptance and Use
of Technology (UTAUT), developed by Venkatesh et al.
(2003). This theory integrates elements from several other
models to explain the variance in user intentions to use
information technology.

Effort Expectancy, as the name suggests, is all about the
user. It refers to the degree of ease associated with the use of
a system; a concept akin to perceived ease of use in the
Technology Acceptance Model (TAM) developed by Davis
(1989). The literature strongly suggests that when users
perceive a system as easy to use, they are more likely to
adopt and continue using it, making Effort Expectancy a
crucial consideration in our work.

HS: Effort expectancy has a significant impact on behavioral
intentions.
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2.6 Facilitating Conditions

Convenience has a positive impact on the usage intention
of mobile learning. Perceived fun refers to the user's
experience in the process of mobile learning. Mobile
learning is a kind of human-computer interaction behavior.
Csikszentmihalyi first proposed the concept of FLOW, that
is, the theory of optimal behavior experience. FLOW is a
kind of overall feeling after the user is concentrated on
something. When the user is in the FLOW state, his or her
attention will be focused on this thing while ignoring the
surrounding things. In this state, the user can devote himself
or herself to mobile learning and enjoy the pleasure of this
interaction process (Liu et al., 2020). In the learning process,
users' learning needs are gradually satisfied, and their
learning curiosity is further stimulated, which makes users
more receptive to mobile learning. Convenience, as a multi-
factor and multi-condition concept, plays a crucial role in
satisfying users' learning needs and ensuring the
effectiveness of mobile learning.

Venkatesh et al. (2012) put forward the UTAUT model,
which integrates the rational behavior theory model TRA,
the planned behavior theory model TPB, the technology
acceptance model TAM, and others. This model can better
reflect the influence of individual users' knowledge,
experience, and voluntary degree on their willingness to
accept information technology. It has been widely verified
that the ability to explain the user's willingness to accept can
reach 70%, which can better measure their use behavior. Han
(2017) found that the effect of performance expectation and
social influence on users' intention to use is moderate, the
effect of payment expectation on users' intention to use is
weak, and the effect of convenience on users' use behavior is
weak.

He6: Facilitating conditions has a significant impact on
behavioral intention.

2.7 Behavioral Intentions

Behavioral intention is to change a person's belief. If an
individual thinks he should have such behavior, he will have
such an intention to act after logical thinking. Zhang et al.
(2016). Behavioral intention refers to the degree of intention
whether an individual can carry out a future behavior.
Generally, the stronger people's intention for a certain
behavior, the greater the probability of carrying out the
behavior. Zhao (2012) found that the relationship between
attitude and behavior is the theoretical basis for developing
behavioral intention theory. Zhao (2012) confirmed that
according to the theory of rational behavior, subjective
norms and behavioral attitude are the two main factors
determining a person's behavioral intention. Any factor that

123

affects behavior will indirectly affect the behavioral intention
through the two variables of behavioral attitude and
subjective norm and, finally, affect the actual behavior.

Kim et al. (2008) verified the integrated TRA and TAM
by using structural equations and found that the integrated
model fitted well, but only had 26% explanatory power to
the behavioral intention of network use. Lu et al. (2007)
integrated TPB theory on the basis of TAM model and
verified it with structural equation model. The results
showed that the integrated model could explain 70.41% of
behavior intention. In the field of tourism research, Warshaw
and Davis (1985) wused three indicators, namely,
recommendation intention, revisiting intention and sharing
intention, to measure the behavioral intention of Chinese
tourists. In China, some scholars also chose tourists'
revisiting intention (Zhang et al., 2016) and tourists'
revisiting intention and recommendation intention (Yang,
2016) as indicators to measure tourists' behavioral intention.
These studies, based on empirical research, provide a solid
foundation for understanding behavioral intention.

3. Research Methods and Materials
3.1 Research Framework

A conceptual framework represents the relationship
between all the variables in a study (Hair et al., 2013).
Researchers have mainly developed their conceptual
frameworks based on previous research frameworks, so there
is a link between previous research frameworks and
conceptual frameworks (Clark & Ivankova, 2016). The
conceptual framework is modified based on three core
theories and main studies. Three core research theories
applied to conceptual frameworks include Alwahaishi and
Snasel (2013) using information and communication
technologies to propose models (ICT); Wu et al. (2005)
added trust variables based on the TAM model to carry out
extended research and proposed that planned behavior theory
(TPB) is a model widely used to discuss the role of these
antecedents in behavioral intention. The conceptual
framework was created based on these components, as
illustrated in Figure 1.
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Figure 1: Conceptual Framework

H1: Perceived ease of use has a significant impact on
perceived usefulness.

H2: Perceived usefulness has a significant impact on
behavioral intention.

H3: Performance expectancy has a significant impact on
behavioral intention.

H4: Social influence has a significant impact on behavioral
intention.

HS5: Effort expectancy has a significant impact on behavioral
intentions.

H6: Facilitating conditions has a significant impact on
behavioral intention.

3.2 Research Methodology

The purpose of this study is to find out the influencing
factors that influence the behavioral intention of disabled
people in Chengdu's online travel agency system. Since this
is the most effective method to understand the attitudes of
persons with disabilities towards online travel agency
systems and to assess their psychological reactions, this study
adopts a quantitative survey method.

3.3 Population and Sample Size

The respondents of this study were randomly selected
from five areas: Chenghua District, Wuhou District, Jinjiang
District, Jinniu District, and Qingyang District. The
structured questionnaire was uploaded to short video
platforms such as Douyin, Kuaishou, and Taobao so users
could adjust it. Dudovskiy (2016) believes pilot data
collection may be required for questionnaire surveys. Other
offline respondents were randomly selected from community
and street members in Chenghua District, Wuhou District,
Jinjiang District, Jinniu District, and Qingyang District. The
total sample size requires at least 425 samples, so after
screening and quota selection, 500 people were determined
as the final sample size.
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3.4 Sampling Technique

The researcher distributed the questionnaires for this
doctoral dissertation in person to five districts: Chenghua
District, Wuhou District, Jinjiang District, Jinniu District, and
Qingyang District, and the staff assisted in completing the
survey. Eight 800 questionnaires were distributed to the
respondents, both online and offline. Of the 800
questionnaires distributed, 500 original samples were
collected, with a response rate of 88.33%. Subsequently, 500
respondents were determined as the final sample through
quota sampling.

Table 1: Sample Units and Sample Size

Educational Proportional .

Background Sample Sample Size
High school degree 170 34
University degree 302 60.4
Master degree or above 28 5.6

Source: Constructed by author

4. Results and Discussion
4.1 Demographic Information

Table 3 summarizes the complete demographics of the
500 respondents. Of all the respondents, 51% were male and
49% were female. Among them, 7.4% had an income of less
than 4,500, 31.4% had an income of 4,501-6,000, 28.6% had
an income of 6,001-7,500, 27.2% had an income of 7,501-
9,000, and 5.4% had an income of more than 9,000. By age,
12.8% were between 18 and 20 years old, 27.8% were
between 21 and 22 years old, 32.2% were between 23 and 24
years old, and 27.2% were over 24 years old.

Table 2: Demographic Profile

Demographic Information(n=500) | Frequency Percentage
Male 255 51%
Gender
Female 245 49%
Below 4,500 37 7.4%
4,501-6,000 157 31.4%
Income 6,001-7,500 143 28.6%
7,501-9,000 136 27.2%
Above 9,000 27 5.4%
18-20 64 12.8%
21-22 139 27.8%
Age
23-24 161 32.2%
24 Above 136 27.2%
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4.2 Confirmatory Factor Analysis (CFA)

The confirmatory factor analysis (CFA) method was used
in this thesis. CFA can be seen as a key starting point in SEM
(Hair et al., 2010). Social science is where confirmatory
factor analysis, a specific sort of factor analysis, is most
frequently used.

Table 3 shows that the CFA was used before analyzing the
measurement model with the structural equation model
(SEM). The result of CFA indicated that all items in each
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variable are significant and have factor loading to prove
discriminant validity. Hair et al. (2006) recommends
guidelines to define the significance of factor loading of each
item and acceptable values in defining the goodness of fit.
Factor loadings are higher than 0.50, and the p-value is lower
than 0.05. Furthermore, aligning with the recommendation
from Fornell and Larcker (1981), the Composite Reliability
(CR) is greater than the cut-off point of 0.7, and the Average
Variance Extracted (AVE) is higher than the cut-off point of
0.4.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

q Source of Questionnaire No. of | Cronbach's Factors

VAIELI D (Measurem%nt Indicator) Item Alpha Loading (E e
Perceived Ease of Use (PEU) Davis (1989) 4 0.840 0.700-0.799 0.841 0.570
Perceived Usefulness (PU) Dauvis et al. (1989) 3 0.864 0.780-0.901 0.866 0.685
Effort Expectancy (EE) Davis (1989) 4 0.774 0.675-0.687 0.774 0.462
Behavioral Intention (BI) Zhang et al. (2016) 4 0.863 0.747-0.813 0.865 0.615
Social Influence (SI) Chen (2004) 4 0.838 0.691-0.824 0.840 0.568
Performance expectancy (PE) Khawaja et al. (2005) 4 0.821 0.708-0.752 0.821 0.535
Facilitating_conditions (FC) Venkatesh et al. (2012) 4 0.808 0.698-0.771 0.810 0.516

Additionally, all applicable thresholds for the absolute fit ~ Table 5: Discriminant Validity
indicators, such as CMIN/DF, GFI, AGFI, and RMSEA, as PEU | PU EE | BI SI | PE | FC
well as the incremental fit measurements, such as CFI, NFI, EEEE 0.755
. . PU 0.294 0.828
and TLI, are shown in Table 4 and meet Fhe requlr.ements. As EE 0293 | 0174 | 0.680
a result, all of the goodness of fit metrics used in the CFA BI 0358 | 0279 | 0337 | 0.784
evaluation were valid. SI 0.287 | 0.186 | 0.245 | 0.395 |0.754
PE 0.434 0.234 0.308 | 0.391 10.242| 0.731

Table 4: Goodness of Fit for Measurement Model FC 0434 | 0.198 | 0358 | 0.467 |0.412] 0.545 0.718

Fit Index Acceptable Criteria Statistical Values
<5.00 (Al-Mamary & 633.368/303 or 2.
CMIN/DF Shamsuddin, 2015; Awang, 2012) 09
GFl > (.85 (Sica & Ghisi, 2007) 0.916
AGFI >0.80 (Sica & Ghisi, 2007) 0.895
NFI > 0.80 (Wu & Wang, 2006) 0.901
CFlI >0.80 (Bentler, 1990) 0.945
TLI >0.80 (Sharma et al., 2005) 0.936
RMSEA | <0.08 (Pedroso et al., 2016) 0.047
Model Acceptable
Summary Model Fit

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index, and RMSEA = root mean square error of
approximation

Table 5 illustrates the outcomes of the inquiry into and
presentation of the discriminant validity. According to
Fornell and Larcker (1981), testing for discriminant validity
was evaluated by computing the square root of each AVE.
Based on this study, the value of discriminant validity is
larger than all inter-construct/factor correlations. Therefore,
the discriminant validity is supportive.

Note: The diagonally listed value is the AVE square roots of the variables
Source: Created by the author.

4.3 Structural Equation Model (SEM)

This study followed the CFA assessment by the structural
equation model (SEM) verification. The structural equation
model (SEM) analysis combined with the principle of
multiple analysis is a method to find out the reasons and
relations. SEM can test the causal relationship between
variables (Wanichbancha, 2014). The total values of
CMIN/DF, GFI, AGFI, CFI, NFI, TLI, and RMSEA were all
above permissible limits when corrected using AMOS
version 24, as shown in Table 6. As the result demonstrates,
the SEM's goodness of fit was established.
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Table 6: Goodness of Fit for Structural Model

Fit Index Acceptable Criteria Statistical Values
<5.00 (Al-Mamary & 1147.16/318 or 3.
CMIN/DF Shamsuddin, 2015; Awang, 2012) 607
GFI > 0.85 (Sica & Ghisi, 2007) 0.843
AGFI >0.80 (Sica & Ghisi, 2007) 0.813
NFI > 0.80 (Wu & Wang, 2006) 0.820
CFlI >0.80 (Bentler, 1990) 0.862
TLI >0.80 (Sharma et al., 2005) 0.848
RMSEA | <0.08 (Pedroso et al., 2016) 0.072
Model Acceptable
Summary Model Fit

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI = comparative fit index, TLI =
Tucker Lewis index, and RMSEA = root mean square error of
approximation

4.4 Research Hypothesis Testing Result

According to the results shown in Table 7, PEU has a
significant positive correlation with PU, and its standardized
coefficient is 0.351 (t-value = 6.347%*). The higher the PEU,
the higher the PU. There is a significant positive correlation,
and its standardized coefficient is 0.179 (t-value = 3.737%).
When the PU is higher, its BI is also higher; PE has a
significant positive correlation with BI, and its standardized
coefficient is 0.186 (t-value = 3.685%); when PE has The
higher value, the higher the BI, SI has a significant positive
correlation with BI, and its standardized coefficient is 0.264
(t-value = 5.171%); the higher the SI, the higher the BI; EE
has a significant positive correlation with BI, and its
standardized coefficient is 0.181 (t-value = 3.507%*), when
EE The higher the value, the higher the BI; FC has a
significant positive correlation with BI, and its standardized
coefficient is 0.317 (t-value = 5.913%*), the higher the FC, the
higher the BI.

Table 7: Hypothesis Results of the Structural Equation Modelin

Hypothesis ® t-value Result
Hl: PEU-PU 0.351 6.374* Supported
H2: PU—BI 0.179 3.737* Supported
H3: PE—BI 0.186 3.685* Supported
H4: SI-BI 0.264 5.171%* Supported
HS5: EE—>BI 0.181 3.507* Supported
H6: FC—BI 0.317 5.913* Supported

Note: * p<0.05
Source: Created by the author

Based on the results in Table 7, Perceived Ease of Use
significantly influences Perceived Usefulness for H1, with a
standard coefficient value of 0.351. Previous research has
highlighted that perceived usefulness and ease of use are
significantly correlated with current and future system use.
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(Davis, 1989; Igbaria et al., 1995).

With a normalized path coefficient of 0.179, the analysis
in H2 demonstrates that perceived usefulness is one of the
key components of behavioral Intention. Perceived product
usefulness plays a crucial role in the usefulness of behavioral
Intention (Jia & Wang, 2022).

The H3 evidence supports the statistical hypothesis,
which shows that Performance expectancy significantly
affects behavioral Intention, with a standard coefficient of
0.186. Based on the theory of rational action, one's attitude
positively impacts one's behavioral intentions (Ajzen &
Fishbein, 1980).

Additionally, H4 demonstrates that social influence and
behavioral Intention have a substantial positive association
with a standard coefficient of 0.264. The development focus
of international social impact assessment has gradually
shifted to strategic evaluation, emphasizing the prevention
and solution of social problems from the source of the whole
decision-making chain (strategy, policy, plan, program,
project) (Bailey et al., 1983).

According to HS, effort expectancy strongly influences
behavioral intentions in this survey, and the standard
coefficient value is 0.181. Saxena et al. (2009) used historical
performance indicators and design performance indicators as
benchmarks to evaluate the performance of model predictive
control, used statistical control charts to monitor the
performance of predictive control, and diagnosed the causes
of performance deterioration according to the results of
statistical control charts.

Finally, H8 found a significant positive association
between Facilitating conditions and behavioral Intention,
with a statistical score of 0.317 for the standard coefficient
of positive influence. Ma (2009) pointed out that the UTAUT
model contains four core variables that affect users' Intention
to use and behavior: performance expectation, pay
expectation, social influence, and convenience.

5. Conclusion and Recommendation
5.1 Conclusion and Discussion

This study explored the factors influencing behavior
intention in the Chengdu Online Travel Agency system for
disabled people. In order to demonstrate how behavior
intention, perceived ease of use, perceived usefulness,
performance expectations, social influence, effort
Expectation, and facilitating conditions interact with one
another, The conceptual framework presents six hypotheses.
In order to determine how these characteristics interacted,
500 disabled people participated in the questionnaire survey.
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Confirmatory factor analysis (CFA) is used to determine
whether data fit a particular measurement model that was
theoretically derived. Using structural equation modeling
(SEM), the relationship between latent and observable
factors influencing satisfaction was also assessed, and
hypotheses were tested.

The results of this study show that when the dependent
variable is BI, PU plays a mediating role in the impact of
PEU on BI, particularly in the context of online travel
agencies for disabled people.

5.2 Recommendation

Based on the results of this quantitative survey, the
following are some useful suggestions for the supplementary
study on the influence of disabled people's behavioral
intention towards the OTA system in Chengdu.

First, the research and development and sales of barrier-
free tourism products are a meaningful direction that aims to
provide disabled people with a convenient and barrier-free
travel experience. In the research and development of
barrier-free tourism products, market research is first needed
to understand the travel needs of disabled people and the
product gaps in the current market. According to market
demand, the design team can adopt universal design
principles and barrier-free design guidelines to develop
tourism products that meet the needs of different disabled
people, such as barrier-free transportation, barrier-free hotels,
and scenic facilities.

Second, user needs should be considered when
developing barrier-free tourism social network platforms.
Conduct in-depth demand research and user interviews with
disabled users and volunteers to understand their desired
functions and services. The platform should provide users
with a safe and friendly environment. This can be achieved
by establishing strict user behavior guidelines, providing
reporting mechanisms, and protecting user privacy.

Third, it is crucial to ensure access space in the design of
access space. This involves providing auxiliary facilities for
disabled people, such as ramps, barrier-free elevators, and
more guide signs. These facilities are designed to help
disabled people navigate in unfamiliar environments and
ensure their safety and comfort. Moreover, it is important to
emphasize the need for architects, planners, designers, and
related personnel to undergo training and education on
barrier-free design. This will enhance their awareness and
understanding of the needs of people with disabilities and
ensure compliance with relevant norms and standards.

Finally, cultivate the skills and re-employment skills of
people with disabilities. Provide targeted vocational skills
training for people with disabilities and choose appropriate
training programs based on their interests, abilities, and
market needs. This may involve various fields such as
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technical skills, office software, handicraft production, and
service industries. Teach them how to write resumes,
interview skills, communication skills, professional ethics,
etc., as much as possible to help people with disabilities
better cope with the challenges they may encounter in job
hunting and employment. Provide entrepreneurship training
for people with disabilities willing to start a business,
including business plan writing, market research, financial
management, marketing strategies, etc., to help them realize
their entrepreneurial dreams.

5.3 Limitation and Further Study

Based on the study's limitations and purpose, the
preliminary study's scope was limited to studying people
with disabilities in the Chengdu area of China. Other regions
were not mentioned. Only seven potential variables were
included in the conceptual framework. Therefore, the
following two points involve further investigation: Including
other regions in China in the scope of the study. To create a
conceptual framework, it is also important to study various
technology acceptance theories, such as the theory of
reasoned action (TRA) and planned behavior (TPB).
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