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Abstract 

Purpose: Factors impacting Chinese college students' online learning satisfaction and online continuous learning intention take 

senior students from four universities in Chengdu as an example. Research Design, Data, and Methodology: Quantitative 

methods and questionnaires were used to collect sample data of 500 students in their senior year. Item-objective congruence and 

pilot tests were adopted to test the questionnaire's content validity and reliability before distribution. The data was analyzed using 

Confirmatory Factor Analysis (CFA) and Structural Equation Modeling (SEM) to validate the model's goodness of fit and confirm 

the causal relationships among variables for hypothesis testing. Results: The results are that students' satisfaction with online 

learning significantly affects students' willingness to continue online learning. Students' online learning satisfaction is affected by 

the quality of information, instructor, system and course website. Students' satisfaction with online learning is the significant 

predictor of their willingness to continue learning online. It is important to note that the quality of information and the quality of 

teachers can have a significant impact on student satisfaction with online learning. Conclusions: In general, during the COVID-

19 epidemic in 2019, it is important to explore online education in higher education, especially for senior college students who 

are faced with employment and postgraduate entrance examinations for further study.  
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1. Introduction 
 

Online education in China utilizes the internet and 

information technology to provide educational content for 

various levels of education, including preschool and adult 

education. This mode of education offers students the 

opportunity to receive necessary education in a shorter time 

frame, without traditional education's time and space 

limitations. It has become increasingly popular in recent 

years due to the rapid development of the online education 

industry. However, it is worth noting that the quality of 

online education platforms can vary (Jiang et al., 2023). One 

of the main advantages of online education is the ability to 

access knowledge regardless of location or time. Users can 

learn through mobile phones, PDAs, and other mobile 

devices. In 2023, China's top ten online education brands 

include New Oriental Online, Hujiang Online School, 

Aopeng Education, Chalk Vocational Education, Zhengbao 

Accounting Online School, Xueershi Online School, 

Zhongpublic Network School, Gao Tu, Huatu Online, and 

Youdao Excellent Course. The list of top ten online courses 

and famous online courses includes those with a good 

reputation, high visibility, and strength, ranked in no 

particular order. In addition, various online learning 

platforms are available, including the MOOC network, 

Xuetang Online, Khan Academy, NetEase Open Class, and 

NetEase Cloud Class. According to a report by Xinhua Net, 

approximately 270 million students in China have enrolled 

in online education programs. The report also highlights that 

daily users on various platforms have exceeded 10 million 
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(Gautam, 2020). 

The industry's growth can be attributed to the rise of the 

internet and the impact of the COVID-19 pandemic since 

January 2020. It is worth noting that the COVID-19 virus is 

highly contagious and poses a significant threat to the 

population. To tackle the epidemic control and prevention 

issue, China's Ministry of Education has introduced a new 

approach called 'school suspension without suspending 

school.' With the rapid growth and popularity of cloud 

computing and intelligent terminals, online learning has 

become more diverse. It started with distance education in 

the 1990s, followed by MOOC in 2012, and now includes 

smart classrooms. An increasing number of universities are 

incorporating online learning to supplement traditional 

teaching (Jiang et al., 2023). 

Additionally, many universities offer open online courses 

for students to learn (Zhang, 2019). Chinese MOOC 

platforms have been launched by universities such as Beijing, 

Tsinghua University, and Shanghai Jiaotong University. 

Xuetang Online, for example, has over 4 million registered 

users. According to Professor Li Manli, head of MOOC 

research and development at Tsinghua University, online 

learning has attracted unprecedented global attention and 

rapid action. However, it also has several drawbacks, such as 

the need for more interaction between teachers and students, 

which can make it challenging to develop a personalized 

learning program that supports diverse learners. In addition 

to managing information, teachers require computer literacy 

skills to use learning management systems effectively. While 

implementing a cost-effective learning management system 

is important, it is crucial to consider project circumstances 

that impact success, such as resource availability and 

facilities. 

Furthermore, internet-based learning is unavoidable. 

However, if not properly regulated, it can lead to time 

wastage, fragmented information, and a negative impact on 

one's mood and mental health, which can affect physical 

health and normal learning. Additionally, prolonged internet 

use can adversely affect the skin and eyes. It can lead to a 

lack of emotional connection with family members, 

ultimately affecting family harmony and work productivity. 

It is important to note that there are numerous examples of 

internet-related violence. The power of language should not 

be underestimated, as it can cause harm even without 

physical force.    Unfortunately, the internet is rife with 

examples of such harm, including spreading rumors, 

conducting human flesh searches, and provoking online 

conflicts. These actions can damage the reputation, health, 

and even the safety of others (Ren & Xu, 2021). 

Electronic learning is often recommended due to its cost-

effectiveness and ability to provide unlimited space and time. 

Ngai et al. (2007) define e-learning systems as electronic 

media, such as the internet, extension net, and internal 

networks. Online learning is a widely regarded and effective 

education method that users can access worldwide. The 

number of institutions and learners utilizing online learning 

in higher education has significantly increased in recent 

years. This learning method offers various teaching methods, 

including flipped and blended classrooms, which can help 

improve the quality of training available to students. It has 

become an integral part of higher education due to its 

convenience and accessibility. Online learning is becoming 

increasingly popular in universities inside and outside the 

classroom. According to Edutechnica, over 500 educational 

institutions have over 500 students enrolled in online courses. 

The number of students and teachers using online learning in 

higher education has significantly increased, particularly in 

enterprise training. Online education has expanded in higher 

education due to its convenience and flexibility. These 

factors have influenced students' decisions to enroll in 

traditional schools or universities. 

Additionally, the learning process has evolved to 

accommodate the increasing number of people interested in 

learning beyond books. In China, the traditional teaching 

method has existed for thousands of years. However, the 

rapid emergence of new teaching tools and methods has led 

to implementing learning-centered teaching. Additionally, 

online learning has become increasingly popular, 

particularly due to the HIV/AIDS epidemic, which has 

resulted in more people using this method. Many universities 

have used online learning to analyze and improve student 

learning outcomes. It can also generate reports and indicators, 

such as course completion rates and degree completions, to 

help institutions make informed decisions and strategies. 

There are various definitions of e-learning. Decman (2015) 

defined e-learning as delivering knowledge and educational 

content through digital media. In 2002, China presented a 

prominent example of e-learning. This new learning style 

allows teachers to modify their teaching methods and 

enhance the teacher-student relationship through modern 

technology. OpenAI developed ChatGPT, a chatbot capable 

of enhancing its intelligence and diversifying its abilities. Its 

performance has been widely debated and has brought forth 

various marvels. The impact of online education has been 

acknowledged as a revolutionary advancement. 

The government has implemented several measures in 

response to the Covid-19 crisis, including publishing policies 

on quarantine and social distancing. The epidemic has had an 

unprecedented impact on both the psychological and 

economic sectors. To prevent the spread of the disease, many 

people have been staying at home, which has affected the 

livelihoods of individuals and students. Technology's rapid 

emergence and evolution have greatly affected various 

aspects of life. While online learning has helped with 

everyday tasks, such as promoting traditional learning 

methods, it has also presented challenges for schools. 
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According to a 2020 report by UNESCO, the pandemic has 

affected over 1.7 billion students worldwide. Online learning 

has become increasingly popular due to the pandemic, with 

many schools adopting it as a means of teaching and learning. 

In August, a report from the US Department of Education 

revealed that over 62,000 international students participated 

in a survey about the increasing number of online students. 

The report indicated a shift in attitudes towards online 

learning. In January 2020, COVID-19 swept the world, and 

due to its high contagion rate, the population became highly 

susceptible to the virus. "School suspension without school 

suspension" is a new measure implemented by the Ministry 

of Education of China to cope with epidemic prevention and 

control (Ren & Xu, 2021). The evaluation subjects are 

constantly changing, and the quality of online courses is now 

measured mainly by "student-centered" comments, such as 

the degree of student satisfaction. Due to the time and space 

difference between students and teachers, those who take 

online courses may feel isolated and lonely. Studies have 

shown that students' interactions with teachers can greatly 

influence their satisfaction and learning outcomes (Gao, 

2021). 

 

 

2. Literature Review 
 

2.1 Information Quality  
                                                                                                                                                                                                                                                                                                                        

Information quality is a multidimensional concept 

encompassing the information system output's precision, 

integrity, and format (Nelson et al., 2005). Additionally, 

information quality is often associated with the quality of 

content-based online services (Lin & Johnson, 2015). Van 

Birgelen et al. (2008) identified relevance, accuracy, and 

timeliness as key dimensions for measuring information 

systems. Information technology uses equipment and 

methods to obtain, transform, display, transmit, and store 

numerical, textual, sound, and image information. It involves 

providing services and equipment to support communication 

and computer technology. The quality of information 

technology is linked to the digital devices that students use 

for learning (Clark & Mayer, 2003). According to Lin et al. 

(2012), information quality is the ability of a system to 

convey information intention. Digital technology has 

improved students' learning experience and environment 

(Rapanta et al., 2020). Research examples (Alkhalaf et al., 

2015) demonstrate that higher-quality e-information delivery 

correlates with better e-learning performance. Online 

education relies heavily on information technology and 

learning-related information systems, such as learning 

management, video teaching, and online evaluation systems. 

These are significant investments for educational institutions. 

Therefore, the ability of learners to continue using these 

information systems for learning over an extended period is 

directly linked to their behavior in maintaining online 

learning. This, in turn, determines the return on investment 

of online education institutions (Tan, 2015). TRA and TAM 

are commonly used to explain users' initial behavior after 

their first contact with new information technology rather 

than focusing on their later continuous use behavior after 

adoption. The user's later continuous use behavior is critical 

to successfully applying information technology or 

information systems. Cao et al. (2005) noted that previous 

studies had recognized the significance of information 

quality to the effectiveness and success of information 

technology. Lin (2007) found that the success of the intrinsic 

determinant of a virtual community was the information 

quality of a social networking system. Therefore, 

information quality is the most useful factor. According to 

Lin and Lu's (2000) study, users' perception of system 

usefulness was influenced by various factors.  

  Lin (2007) research found that the perceived usefulness of 

virtual communities was particularly affected by the quality 

of information provided. This quality was mainly determined 

by the content of online features, while system quality and 

quality of service focused on the function provided by online 

features (Lin, 2007). Rotchanakitumnuai and Speece (2004) 

demonstrated that customers' perception of information 

quality can determine the usefulness of electronic services. 

Additionally, DeLone and McLean (2003) identified service, 

system, and information quality as crucial online quality 

factors that are key to evaluating exceptional information 

systems. According to Lin and Lu (2000), information 

quality was a forecasted factor in determining perceived 

usefulness. 

The significance of information quality on perceived 

effectiveness has been noted by Lin (2007). Customers only 

consider information quality useful when they perceive the 

information on the site to be accurate, well-informed, and up-

to-date (Perkowitz & Etzioni, 1999). Therefore, the 

following hypothesis has been formulated based on these 

studies: 

H1: Information quality has a significant impact on online 

learning satisfaction. 

 

2.2 System Quality 
 

According to Selwyn (2007), integrating a learning 

management system with a virtual environment can enhance 

student satisfaction. The online learning platform's quality of 

information and service are key factors influencing student 

behavior. Ho et al. conducted a study that found that student 

satisfaction indicates system quality. If the platform's service 

does not meet the students' expectations, it may cause 

dissatisfaction. To prevent such issues, universities usually 

invest heavily in technology to enhance the quality of their 
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learning systems and ensure student satisfaction (Naveh et 

al., 2012). Previous studies have emphasized the significance 

of system quality, particularly in virtual web commerce 

environments (Ahn et al., 2007; Teo et al., 2003).  

Previous studies have shown that system quality can 

significantly impact user satisfaction (Rai et al., 2002). 

Using functional groups and navigational aids in a virtual 

environment, supported by a high-quality website, enables 

effective customer information exchange. Therefore, system 

quality has a positive impact. This hypothesis is based on 

studies supporting perceived usefulness (Kim et al., 2008). 
Based on these studies, the following hypothesis has been 

formulated: 

H2: System quality has a significant impact on online 

learning satisfaction. 

 

2.3 Course Website Quality 
 

The online teaching module utilizes the free group 

Weaves dynamic modular design to implement blended 

learning effectively (Shin, 2009). With the continuous 

development of network technology, networks are playing an 

increasingly important role in all fields of society, including 

education. Various forms of network-based teaching are 

being researched and used more frequently, particularly the 

network teaching platform, which has seen significant 

development and application. More and more teachers are 

using networks to create course websites and expand their 

teaching into cyberspace. 

The study analyzed the correlation between online 

shoppers' satisfaction and service quality. The results showed 

a positive correlation between the two factors. Furthermore, 

Bai et al. (2008) conducted a study that revealed that website 

quality significantly contributes to customer satisfaction. 

Their survey found no difference in satisfaction between 

online and traditional classroom learning. Toffler (1970) 

suggests that the future of education should focus on 

community-based, homeschooling, small class sizes, and 

multiple teachers, emphasizing online and multimedia 

education. In his 1970 book 'Future Shock,' the author 

discusses education for the future, focusing on cultivating 

students' ability to adapt to new environments, make sound 

judgments, and identify new relationships in a changing 

environment. The author emphasizes the importance of 

developing generic skills that can be applied in future 

environments. Recent technological advancements, 

including the rise of artificial intelligence and the Internet of 

Things, have made the development of online courses and 

educational information more feasible. Based on these 

studies, the following hypothesis has been formulated: 

H3: Course website quality has a significant impact on 

online learning satisfaction. 

 

2.4 Instructor Quality 
 

In the university, teachers play a crucial role as the bridge 

between students and the institution. They facilitate social 

communication and the adoption of technology acceptance 

model techniques. According to Badia et al. (2019), the 

quality of instructors and course materials can impact student 

satisfaction with e-learning. This tool assists students in 

evaluating and assessing the effectiveness of their online 

learning environment and developing effective discussion 

and learning activities (Al-Fraihat et al., 2020; Zhai & Shi, 

2020).  

Teaching technology refers to the various media and 

conditions college teachers use to transmit teaching 

information. It can be divided into conventional and modern 

teaching methods. Conventional methods include intuitive 

teaching instruments often used in classroom teaching, such 

as chalk, blackboard, pointer, and other teaching aids. Visual 

aids commonly used in teaching include charts, blackboard 

drawings, objects, specimens, and models. Modern teaching 

methods refer to various tools that use science and 

technology to transmit information. The teaching facilities 

encompass both hardware and software tools. The hardware 

facilities include a slide projector, film machine, television 

set, tape recorder, video recorder, language laboratory, 

program teaching machine, and electronic computer. The 

software tools include slides, video films, audio tapes, floppy 

disks, and CDs, which carry teaching information. Modern 

teaching tools are primarily audio-visual aids. They provide 

more information and display richer, more vivid images than 

traditional technical means. They effectively supplement 

students' direct knowledge and experience. Based on these 

studies, the following hypothesis has been formulated: 

H4: Instructor quality has a significant impact on online 

learning satisfaction. 

 
2.5 Reliability 

 
Zeithaml and Bitner (2003) define reliability as executing 

security services faithfully and perfectly. In the context of 

colleges and universities, reliability refers to fulfilling 

agreements and commitments and providing services such as 

fee processing and evaluation. Students expect a transparent 

relationship with the institution and rely on it to maintain its 

commitment to service outcomes and core attributes that 

reflect student satisfaction. Therefore, students consider 

reliability as a crucial dimension for evaluating their 

satisfaction. The team of teachers who cater to student needs 

is excellent, compassionate, knowledgeable, and responsive. 

However, students value the ability to perform services 

accurately the most, ensuring reliable student satisfaction. 

According to Grönroos (2001), reliability is a crucial factor 

for customer satisfaction and their trust in the service system 
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created by the company and its employees. It is also the most 

important element when evaluating a service. Reliability is 

crucial for improving customer satisfaction. This involves 

fulfilling commitments such as scheduling, completing tasks 

on time, and ensuring satisfactory results. According to 

Quang et al. (2017), reliability means being trustworthy, 

accurate, and proactive in delivering on promises. Based on 

these studies, the following hypothesis has been formulated:  

H5: Reliability has a significant impact on online learning 

satisfaction. 

 

2.6 Online Learning Satisfaction 
 

In online learning, colleges and universities should strive 

to solve students' online learning difficulties. Students today 

face various problems with social interaction, such as peer 

discussions, practical experimental meetings, face-to-face 

learning opportunities, etc. According to Strong et al. (2012), 

student satisfaction is a vital factor that can be considered 

when assessing the success of e-learning projects.  

Meanwhile, Cole et al. (2014) noted that student 

satisfaction is vital to improving learning outcomes in online 

courses. Students' satisfaction with e-learning systems is a 

vital factor that policymakers and instructional materials 

must consider. This is because it influences the decision-

making process of learners when it comes to adopting such 

systems (Pham et al., 2019). Therefore, this study studies 

online learning satisfaction from five aspects: Information 

quality, system quality, course website quality, instructor 

quality, and reliability. Based on these studies, the following 

hypothesis has been formulated: 

H6: Online learning satisfaction has a significant impact on 

online learning continuous intention. 

 

2.7 Online Learning Continuous Intention 

 
The goal of continuing education online is also affected 

by how satisfied students are with their learning experiences. 

Numerous studies have shown that service quality can affect 

students' satisfaction with their education. Guo et al. (2023) 

studied the social factors that influence learners' continuous 

intention to learn online from the perspective of the existence 

of a society. They mainly analyzed the influence of co-

existence, immersion, interaction, and intimate relationships 

on online learning satisfaction, thus influencing online 

learning persistence intention. Bhattacherjee (2001) is 

convinced that users' continuous use of information systems 

is like repeated consumer purchases. Therefore, satisfaction 

is considered an antecedent variable affecting the continuum 

of participation behavior (Tsai et al., 2011). Kuo et al. (2014) 

found students' satisfaction and performance, including 

students' grades in online courses. 

 

3. Research Methods and Materials 

 
3.1 Research Framework 

  
The study examined six variable relationships. The initial 

relationship is between system quality and satisfaction with 

online learning. System quality is the external variable, while 

online learning satisfaction is the internal variable. The 

second relationship is between information quality and 

satisfaction with online learning. The variables impacting 

information quality and online learning satisfaction can be 

categorized as internal or external. The correlation between 

online course quality and satisfaction with online learning is 

crucial. Finally, it is important to consider the correlation 

between reliability and satisfaction with online learning. 

Online course quality is an exogenous variable, while 

satisfaction with online learning is an endogenous variable. 

The correlation between teacher quality and satisfaction with 

online learning should also be considered. The final 

relationship is the correlation between satisfaction with 

online learning and intentions for continuous learning. 

Online learning satisfaction is the independent variable, 

while continuous learning intention is the dependent variable. 

 
 

Figure 1: Conceptual Framework 

 

H1: Information quality has a significant impact on online 

learning satisfaction. 

H2: System quality has a significant impact on online 

learning satisfaction. 

H3: Course website quality has a significant impact on 

online learning satisfaction. 

H4: Instructor quality has a significant impact on online 

learning satisfaction. 

H5: Reliability has a significant impact on online learning 

satisfaction. 

H6: Online learning satisfaction has a significant impact on 

online learning continuous intention. 
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3.2 Research Methodology 

 
This chapter introduces the research methods and 

hypotheses of the researchers. This dissertation investigates 

the factors that affect online learning satisfaction and 

continuous intention of college students in Chengdu, China. 

The scope of this study includes the selection of the target 

population, sampling unit, sample size, and other research 

tools and methods. Quantitative methods were used to collect 

data on the target population. The researcher collected data on 

the target group using a questionnaire. The data collection 

process is described in detail.  

Before data collection, the researchers ensured its validity 

by performing steps such as Item-Objective Congruence 

(IOC) and Cronbach's Alpha. The IOC was assessed by a 

panel of three experts, with all items exceeding the acceptable 

threshold of 0.6. In the pilot test, which included 50 

participants, Cronbach's alpha reliability was utilized. 

According to Tavakol and Dennick (2011), a measurement 

tool is deemed appropriate for use if the Alpha coefficient is 

0.70 or higher, indicating satisfactory structural quality. 

After data collection, the relationship between variables 

was analyzed using the structural equation modeling program 

(SEM). This study covers eight aspects. This text describes 

the research methods, including the steps in data collection, 

sampling procedures, research tools, and questionnaires. The 

language is clear, objective, and value-neutral, with a formal 

register and precise word choice. The text adheres to a 

conventional structure, with common academic sections and 

consistent formatting features. Causal connections between 

statements are established, and the text is free from 

grammatical, spelling, and punctuation errors. The data 

collection process is summarised, including internal 

consistency and validity checks, model fit analysis, 

confirmation factor analysis (CFA), and structural equation 

modeling (SEM). 

 

3.3 Population and Sample Size 

 

Raza and Hanif (2013) aim to determine the appropriate 

sample size for their research. The literature presents various 

views on the scope of the study. Tabachnick and Fidell 

(2007) recommend a sample size of 300 to 400, while Hair 

et al. suggest a more modest figure of 100. A sample size of 

approximately 150 to 200 respondents is reasonable. Herzog 

and Boomsma (2009) stated that a minimum sample size of 

100 or 200 is required for a structural equation model. In 

2013, a larger sample size was required for a more complex 

model. Williams et al. (2010) found that a sample size of 500 

was the most accurate for complex equations. After inputting 

all required information into the calculator, the expected 

effect size was determined to be 0.2, with a desired statistical 

power level of 0.8. The model consisted of 7 latent and 27 

observed variables, with a probability scale of 0.05. The 

researchers calculated the minimum detectable result to be 

425 and determined the minimum sample size for the model 

structure to be 109, with a recommended minimum sample 

size of 425. They collected 500 samples from four 

institutions of higher learning in Sichuan to obtain more 

accurate statistical results. 

 

3.4 Sampling Technique 
 

The questionnaires were distributed online through the 

web board of each institution's website for one month starting 

May 2023. Therefore, convenience sampling is employed for 

respondents willing to answer the questionnaires. 

Respondents are filtered from screening questions to ensure 

they meet the target respondents of undergraduates with at 

least one year of learning experience with online study. 

 
Table 1: Sample Units and Sample Size 

The four schools 
Population 

Size 

Proportional 

Sample Size 

Sichuan University 
17952

  

185 

Southwest University for 

Nationalities 

13950

  

144 

Sichuan Conservatory of Music 
4469

  

46 

Chengdu University 
12229

  

126 

Total 48600 500 

Source: Constructed by author 

 

 

4. Results and Discussion 

 

4.1 Demographic Information 
 

The demographics of the total 500 respondents and the 

sample size of the four universities are shown in Table 2 

below. 

 
Table 2: Demographic Profile 

Demographic and General Data 

(N=500) 

 

 

Frequency Percentage 

Gender 
Male 120 24% 

Female 380 76% 

Online 

Learning 

Experience  

 

One year 183 36.6% 

2-3 Years 142 28.4% 

4-5 Years 47 9.4% 

Over 5 Years 128 25.6% 

 

4.2 Confirmatory Factor Analysis (CFA) 
 

Confirmatory Factor Analysis (CFA) is a crucial starting 

point for Structural Equation Modelling (SEM) (Hair et al., 



Dong Wang / AU-GSB e-Journal Vol 18 No 2 (2025) 89-99                   95 

2010). CFA can be used to measure the reliability and validity 

of variables (Byrne, 2010). Convergent validity can be 

statistically measured using Cronbach's Alpha reliability, 

factor load, mean-variance extraction (AVE), and composite 

reliability (CR) (Fornell & Larcker, 1981). A factor loads 

above 0.50 is highly significant (Hair et al., 1998). The study 

found that each factor had a load greater than 0.50, with most 

exceeding 0.70 (ranging from 0.619 to 0.811, as shown in 

Table 4). As recommended by Fornell and Larcker (1981) and 

Hair et al. (1998), the composite reliability (CR) should be 

0.70 or higher, and the mean-variance extraction (AVE) 

should be at least 0.4. Table 4 shows that all estimates are 

significant when CR values exceed 0.7 and AVE values 

exceed 0.5. Cronbach's alpha is a technique used to assess the 

internal consistency of a project's structure (Killingsworth et 

al., 2016). To indicate acceptable reliability, Cronbach's alpha 

value should be 0.7 or higher (George & Mallery, 2003; Hair 

et al., 2010). Table 3 shows that all Cronbach alphas are above 

0.7, indicating acceptable reliability.

 

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE) 

   

Table 4 displays the goodness of fit indicators, including 

CMIN/DF, GFI, AGFI, NFI, CFI, TLI, and RMSEA. All of 

these CFA statistical values are greater than the acceptable 

values, confirming the measurement model's goodness of fit. 

  
Table 4: Goodness of Fit for Measurement Model 

Fit Index Acceptable Criteria Statistical Values  

CMIN/ 

DF 

≤ 5.0 (Al-Mamary & 

Shamsuddin, 2015; Awang, 

2012) 

605.618 / 303 = 1.999 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.920 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.900 

NFI ≥ 0.90 (Wu & Wang, 2006) 0.891 

CFI ≥ 0.80 (Bentler, 1990) 0.942 

TLI ≥ 0.80 (Sharma et al., 2005) 0.933 

RMSEA < 0.08 (Pedroso et al., 2016) 0.045 

Model 

Summary 

 Acceptable  

Model Fit 

Remark: CMIN/DF = The ratio of the chi-square value to degree of 

freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit 

index, NFI = normalized fit index, CFI = comparative fit index, TLI = 

Tucker Lewis index, and RMSEA = root mean square error of 

approximation 

 

According to Fornell and Larcker (1981), testing for 

discriminant validity was evaluated by computing the square 

root of each AVE. Based on this study, the value of 

discriminant validity is larger than all inter-construct/factor 

correlations. Therefore, the discriminant validity is 

supportive. The convergent and discriminant validity were 

proved; Therefore, the evidence is sufficient for establishing 

construct validity. 
 

 

 

 

 

Table 5: Discriminant Validity 
 IQ SQ CWQ IQUA REL OLS OLCI 

IQ 0.731       

SQ 0.215 0.771      

CWQ 0.165 0.163 0.723     

IQUA 0.148 0.197 0.185 0.733    

 Rel 0.175 0.221 0.194 0.227 0.748   

OLS 0.324 0.306 0.274 0.336 0.260 0.676  
OLCI 0.221 0.247 0.202 0.185 0.202 0.365 0.735 

Note: The diagonally listed value is the AVE square roots of the variables 

Source: Created by the author. 

 

4.3 Structural Equation Model (SEM)   
 

This study employed structural equation modeling (SEM) 

to analyze the collected data. SEM has several advantages. 

Firstly, it can explore dependency relationships (Hair et al., 

2010). Secondly, it examines the causal relationship between 

latent and observed variables. Thirdly, random errors in the 

observed variables are used to provide more accurate 

measurement results. Finally, it uses multiple indicators to 

measure potential variables. Finally, it is possible to test 

hypotheses at the building level, not just at the project level 

(Hoyle, 2011). Table 6 shows the reference values and 

literature for the goodness of fit. The goodness of fit of the 

structural model in this study is presented in Table 6, The 

statistical values were as follows: CMIN/DF = 2.386, GFI = 

0.896, AGFI = 0.877, NFI = 0.863, CFI = 0.915, TLI = 0.906, 

and RMSEA = 0.053. The model's suitability was confirmed 

as all fitting indexes exceeded the acceptable values. 

 

 

Variables 
Source of Questionnaire 

(Measurement Indicator) 

No. of 

Item 

Cronbach's 

Alpha 

Factors 

Loading 
CR AVE 

Information Quality (IQ) Nelson et al. (2005) 3 0.825 0.619-0.811 0.773  0.534  

System Quality (SQ) Selwyn (2007) 3 0.814 0.757-0.788 0.814  0.594  

Course Website Quality (CWQ) Shen (2009) 4 0.797 0.619-0.811 0.813  0.523  

Instructor Quality (IQUA) Badia et al. (2019) 3 0.765 0.651-0.839 0.775  0.537  

Reliability (REL) Zeithaml and Bitner (2003) 5 0.861 0.688-0.785 0.864  0.560  

Online Learning Satisfaction (OLS) Strong et al. (2012) 5 0.804 0.580-0.730 0.807  0.457  

Online Learning Continuous Intention (OLCI) Guo et al. (2023) 4 0.813 0.662-0.788 0.823  0.540  



96                                                             Dong Wang / AU-GSB e-Journal Vol 18 No 2 (2025) 89-99         

Table 6: Goodness of Fit for Structural Model 

Fit Index Acceptable Criteria 
Statistical 

Values 

CMIN/ 

DF 

≤ 5.0 (Al-Mamary & Shamsuddin, 

2015; Awang, 2012) 

758.728 / 318 = 

2.386 

GFI ≥ 0.85 (Sica & Ghisi, 2007) 0.896 

AGFI ≥ 0.80 (Sica & Ghisi, 2007) 0.877 

NFI ≥ 0.90 (Wu & Wang, 2006) 0.863 

CFI ≥ 0.80 (Bentler, 1990) 0.915 

TLI ≥ 0.80 (Sharma et al., 2005) 0.906 

RMSEA < 0.08 (Pedroso et al., 2016) 0.053 

Model 

Summary 

 Acceptable 

Model Fit 

Remark: CMIN/DF = The ratio of the chi-square value to degree of 

freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit 

index, NFI = normalized fit index, CFI = comparative fit index, TLI = 

Tucker Lewis index, and RMSEA = root mean square error of 

approximation 

 

4.4 Research Hypothesis Testing Result 
 

Regression coefficients or standardized path coefficients 

are used to measure the correlation between the independent 

and dependent variables proposed in the hypothesis.  

     
Table 7: Hypothesis Results of the Structural Equation Modeling 

Hypothesis (β) t-value Result 

H1: IQ→OLS 0.119 5.170* Supported 

H2: SQ→OLS 0.106 4.511* Supported 

H3: CWQ→OLS 0.097 3.853* Supported 

H4: IQUA→OLS 0.184 4.953* Supported 

H5: REL→OLS 0.079 2.517* Supported 

H6: OLS→OLCI 0.529 6.731* Supported 

Note: * p<0.05 

Source: Created by the author  
 

Table 7 demonstrate that all six proposed hypotheses are 

supported. Students' satisfaction with online learning 

strongly influences their willingness to continue. 

Information quality, system quality, course website quality, 

teacher quality, and reliability all affect students' satisfaction 

with online learning, with information quality and teacher 

quality having a significant impact. The relationship between 

information quality and students' satisfaction with online 

learning is indicated by a path coefficient of 0.119 in H1, 

with a T-value of 5.170. In H4, the path coefficient between 

teacher quality and students' satisfaction with online learning 

is 0.184, with a T-value of 4.953. 

Additionally, the impact of system quality and website 

course quality is examined. In H2, the path coefficient 

between system quality and students' satisfaction with online 

learning is 0.106, with a T-value of 4.511. The standardized 

path coefficient of the path relationship between website 

course quality and students' online learning satisfaction is 

0.097, with a T-value of 3.853 in H3. In the path relation H5, 

the standardized path coefficient of reliability and students' 

online learning satisfaction is 0.079 with a T-value of 2.517. 

The satisfaction of students with online learning significantly 

impacts their willingness to continue with it. This 

relationship is demonstrated by a standardized path 

coefficient of 0.529 and a T-value of 6.731 in H6. Students' 

satisfaction with online learning is influenced not only by the 

quality of information, system, course website quality, 

teacher, and reliability but also strongly impacts their 

willingness to continue with online learning. Students' 

satisfaction with online learning is influenced not only by the 

quality of information, system, website course, teacher, and 

reliability but also strongly impacts their willingness to 

continue with online learning. 

 

 
5. Conclusion and Recommendation 
 

5.1 Conclusion and Discussion 

 
This study aims to comprehensively analyze the factors 

influencing online learning satisfaction and continuous 

learning willingness among college students in the Chengdu 

area. The researchers propose six hypotheses in the 

conceptual framework to explore the factors that affect 

online learning satisfaction and the willingness to continue 

online learning of senior-year college students. After 

compiling and verifying the questionnaire was distributed to 

students online. The language used in the questionnaire is 

clear, concise, and objective, with a formal register and 

precise word choice. The text adheres to conventional 

academic structure and formatting, with consistent citation 

and footnote style. The four selected universities in Chengdu 

are representative of different academic fields. No changes 

in content have been made. Sichuan University is a 

comprehensive university, Southwest University for 

Nationalities specializes in higher education for ethnic 

minorities, Sichuan Conservatory of Music focuses on the 

arts, and Chengdu University is a locally-funded institution. 

The research conceptual model's validity and reliability were 

measured and tested by CFA using the collected data. The 

factors influencing online learning satisfaction and 

continuous learning willingness of college students in the 

Chengdu area were analyzed and discussed using scanning 

electron microscopy. All six proposed hypotheses were 

supported, achieving the research objectives. 

The results indicate that the conceptual model can predict 

the factors that affect online learning satisfaction and the 

willingness to continue learning among students in the 

Chengdu area. Information quality and teacher quality are 

the most significant factors affecting students' online 

learning satisfaction, followed by system quality, website 

course quality, and reliability. Online learning satisfaction is 

the strongest predictor directly and indirectly affecting 

students' willingness to continue learning online. 
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5.2 Recommendation 
 

In light of the comprehensive analysis of factors, the 

researchers identified the key factors influencing senior-year 

college students' online learning satisfaction (OLS). These 

factors include information quality (IQ), teacher quality 

(IQua), website course quality (CWQ), system quality (SQ), 

and reliability (Rel). Additionally, the study examined the 

impact of OLS on willingness to continue learning online 

(OLCI). The Chengdu region showed a higher value for these 

factors. It is recommended that these key factors be further 

developed. In this study, the driving effect of information 

quality and teacher quality on students' online learning 

satisfaction was significant. Therefore, this study suggests 

that universities and institutions involved in developing 

online learning software should focus on improving 

information and teacher quality factors and system quality to 

enhance students' perception of the system's usefulness. 

Additionally, students' expectations of the learning 

system will determine their satisfaction with the learning 

experience (Lee, 2010; Lin et al., 2012). It is also important 

to improve students' willingness to continue learning online. 

Student satisfaction is the strongest predictor of both direct 

and indirect willingness to continue using online learning. 

 

5.3 Limitation and Further Study 
 

This study identified five potential variables that could 

influence student satisfaction, with the quality of information 

being the most significant. Therefore, future teaching 

practices and software development should prioritize 

improving the quality of information in online learning. 

Research has shown that the quality of information, 

including accessibility, timeliness, accuracy, and relevance, 

can impact students' perceived satisfaction with online 

learning. Therefore, improving the quality of information 

can lead to a more positive attitude towards online learning 

and increase students' willingness to continue learning online. 

Because this study only focuses on higher education in 

Chengdu, the collection and selection of data is limited to 

senior-year students from four universities, so there are 

certain limitations. Therefore, the scope and sample size are 

limited. In addition, the selection needs more detailed 

professional classification and accurate positioning. In order 

to strengthen the research framework for the conceptual 

structure of student online learning satisfaction, it may be 

useful to consider other potential variables such as 

behavioral intention, social influence, self-efficacy, effort 

expectation, trust, perceived interaction, learning motivation, 

and facilitating conditions. In addition, this can improve the 

correlation between non-school target groups' satisfaction 

with online learning and their willingness to continue online 

learning, such as whether they have graduated from 

university, participated in social work, and are still engaged 

in online continuous learning for self-improvement purposes. 

To increase the academic value and social impact of the 

research. 
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