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Abstract

Purpose: This study aims to explore the factors influencing consumers' purchase intention of electric vehicles in Chengdu. The
researcher used a quantitative survey method to conduct the study. The conceptual framework of this study includes perceived
benefit, perceived risk, attitude, environmental concerns, subjective norm, perceived behavioral control, and purchase
intention. Research design, data, and methodology: This research comprises 500 consumers who are residents of Chengdu,
aging 18 years old and above, and possess a driver's license, with an adequate income to buy electric vehicles. The validity of the
research instrument was assessed by item-objective congruence (I0C), and the reliability of internal consistency was assessed by
Cronbach's alpha. In addition, various sampling techniques were used including judgmental, quota, and convenience sampling.
Confirmatory factor analysis (CFA) and structural equation modeling (SEM) were used as statistical analysis tools in this thesis
to assess the data. Results: perceived benefit and perceived risk significantly influence attitude. Environmental concerns,
subjective norm, and perceived behavioral control are significant factors of purchase intention. Conversely, Attitude has no
significant influence on purchase intention. Conclusions: This study provides valuable insights for stakeholders aiming to
promote sustainable transportation solutions in the region, ultimately contributing to the broader goal of reducing carbon emissions

and mitigating environmental impact.
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1. Introduction

According to the International Energy Agency (IEA), the
transport sector has emerged as the second largest
contributor to the energy crisis, accounting for 29% of total
final energy consumption and 20.3% of global greenhouse
gas (GHG) emissions (IEA). The transport industry has the
highest level of fossil fuel dependency compared to other
sectors, as evidenced by the fact that 37% of global carbon
CO, emissions come from transport end uses. The transport
sector has experienced the fastest growth in CO, emissions
over the past decade, largely due to increased demand and
limited access to low-carbon technologies (Turiel & Antonio,
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2022).

As a result, the growth of the international EV industry
has accelerated significantly in recent years, characterized by
a significant increase in both the production and sales of EVs.
In 2013, 200,000 EVs were sold on the global market. By
2022, a cumulative total of 10.5 million new pure EVs and
plug-in hybrids will have been delivered, representing a
significant increase of 55% compared to the previous year.
The expected growth rate of the global EV industry is
expected to be higher in 2013 than in 2022, resulting in the
delivery of around 1.5 million new vehicles that are either
pure electric or plug-in hybrids (Roland, 2023).

Chengdu has a long history and culture, is the birthplace
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of the ancient Shu civilization, and is the best tourist city in
China. The Jinsha Ruins in its territory have a history of
3,000 years and a resident population of 21,268,000 people.
The people of Chengdu live a comfortable life and are
particularly avant-garde when it comes to consumption. By
the end of June this year, the number of new energy vehicles
in Chengdu reached 510,000, ranking sixth among all
Chinese cities. The number of EVs in Chengdu will reach
about 600,000 units by 2025 (Fusheng, 2023).

With the number of automobiles in the world increasing
yearly, the rapid growth of oil consumption, and the
increasing pressure on environmental protection, the
automobile industry is forced to take the road of developing
energy conservation and environmental protection. As an
effective means to reduce pollution and emissions, EVs have
attracted more and more attention and have become the new
favorite of the automobile industry. At present, major
automobile manufacturers are trying to solve EVs' power,
range, and manufacturing costs. In the future, the
development of EVs will develop in the direction of strong
power, long range, and low manufacturing cost to realize
green transportation and environment-friendly travel (Kosai
etal., 2021).

This study analyses the factors affecting consumers'
intention to purchase EVs and derives the following seven
possible factors based on intrinsic attributes and consumer
needs: perceived benefits, perceived risks, attitudes,
environmental concerns, subjective norms, < perceived
behavioral control and purchase intention, and examines the
relationships among these factors. The aim is to provide
information for developing policies to popularize EVs to
reduce carbon emissions from transport, provide the
necessary references for car manufacturers to develop new
EV products, and provide consumers with decision-making
references for purchasing EVs.

2. Literature Review

2.1 Perceived Benefit

Perceived benefit refers to the perceived likelihood of a
positive outcome from a purchase (Yang et al., 2020). As a
cognitive emotion, it positively influences consumer
intentions and behavior (Yan et al., 2019). The perceived
benefit of a product or service is an important determinant of
consumer purchasing behavior (Jing et al., 2019).

Studies by Potoglou and Kanaroglou (2007) and Wang et
al. (2013) confirmed that incentives to purchase an EV can
bring economic benefits to consumers, such as price
subsidies and purchase tax exemptions. In addition, the fact
that EVs do not consume fuel and that manufacturers provide
satisfactory after-sales services are two factors that
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contribute to consumer preference for EVs. Secondly, the
fact that EVs do not consume fuel means they are
environmentally sustainable (Morganti et al., 2017).
Therefore, a hypothesis is indicated:

H1: Perceived benefit has a significant influence on attitude.

2.2 Perceived Risk

Perceived risk is originally a research topic in psychology
and refers to consumers' predictions —of negative
consequences of purchasing a particular product (Beneke et
al., 2012). Perceived risk occurs when an individual
considers the likelihood of ‘negative outcomes (Swan et al.,
1985). According to Ng-et al. (2021), perceived risk and the
variable in question-typically have a negative association.
Due to the limited adoption of EVs, there exists a prevailing
consumer prejudice against them (Yang et al., 2020) about
safety concerns (Lim & Chia, 2015), dependability issues
(Yan et al., 2019), and battery longevity (Graham-Rowe et
al., 2014).

The following are the determinants that influence
consumer choice of EVs. A lack of consumer knowledge
about EVs correlates with increased prejudice against them,
resulting in an increased prevalence of negative
consequences (Duangekanong, 2023). Furthermore, it is
important to note that perceived benefits drive consumers
and consider perceived risks when forming their intentions
and engaging in certain behaviors. Before making a final
decision and actively seeking the optimal solution,
consumers carefully weigh the potential benefits against the
associated risks (Wang et al., 2013). Perceived risk may have
an impact on consumer attitudes; hence, the following
hypothesis is proposed:

H2: Perceived risk has a significant influence on attitude.

2.3 Attitude

Attitude is an individual's internal experience that
influences the consumer's purchase intention, which is the
consumer's tendency to act (Ajzen & Fishbein, 1977).
Attitude is an individual's positive or negative evaluation of
behavior through observation, experience, research, etc., and
the tendency to perform the behavior (Bianchi et al., 2017).
Attitude can be defined as the degree to which an individual
expresses approval or disapproval of an action prior to its
achievement (Al-Debei et al., 2015). It refers to an
individual's positive or negative evaluation of participating
in a particular behavior. According to Armitage and Conner
(2001), individuals are more likely to behave if their attitude
towards it is positive. Similarly, they evaluate the purchasing
behavior of others, as highlighted by Chetioui et al. (2020).

According to Ajzen (2002), behavior ATT refers to the
evaluation made by potential buyers regarding the positive
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or negative consequences of purchasing EVs. When
individuals perceive EVs as being environmentally friendly,
cost-effective, benefiting from government regulations,
emitting less noise, and capable of meeting their daily
transportation needs, they are more likely to favor
purchasing EVs. In contrast, the inclination of prospective
consumers to purchase EVs is adversely affected by their
perception of inconveniences associated with charging,
frequent issues encountered with EVs, and concerns over the
limited cruising range that may not align with their daily
requirements (Yan et al., 2019). Based on previous studies,
the researcher proposes a hypothesis:

H3: Attitude has a significant influence on purchase
intention.

2.4 Subjective Norm

Subjective norms are the social opinions and pressures
that individuals perceive when deciding to behave in a
certain way (Liao et al., 2023). In their theory of reasoned
action, Fishbein and Ajzen (1975) define rational action as a
person's belief that most people who are important to him/her
think that he/she should or should not behave in a certain
way. Schiffman and Kanuk (2007) further state that SN can
be assessed by evaluating an individual's perception of how
his/her related group perceives his/her behavior. According
to Yang et al. (2020), an individual's perception of societal
expectations to conform to certain behaviors is social
pressure to perform. SN is influenced by an individual's
social networks, including friends, family, colleagues, and
communities.

Based on the existing literature, SN significantly
influences consumers' decision-making process regarding
the acquisition or rejection of specific products and services.
Furthermore, it is observed that SN has a greater impact on
individuals' purchase intentions than their actual purchase
behavior. This conclusion is supported by various studies by
Ali et al. (2019). Therefore, it has been acknowledged that
subjective norm plays a significant role in shaping
customers' purchase intentions (Pefia-Garcia et al., 2020).
Accordingly, this study can conclude that:

H4: Subjective norm has a significant influence on purchase
intention.

2.5 Perceived Behavioral Control

Perceived behavioral control is the perception of the ease
or difficulty of performing certain behaviors (Ajzen, 2002).
This concept can be defined as an individual's perception of
their ability to perform a behavior. In addition, the more
resources and opportunities individuals believe they have,
the fewer obstacles they anticipate and the more perceived
control they have over their behavior. PBC represents an
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individual's perception of how difficult it will be to perform
a behavior (Kraft et al., 2005).

A study conducted by Wang et al. (2013) examined the
influence of perceived behavioral control on customers'
decisions to purchase EVs. Subsequent studies have
provided additional evidence to support this conclusion. In
addition, research examining EV adoption has
predominantly identified perceived behavioral control as a
significant predictor of consumers' pro-environmental
behavior (Yadav & Pathak, 2016). Building upon the insights
gleaned from previous findings, the following hypotheses
are posited:

H5: Perceived behavioral control has a significant influence
on purchase intention.

2.6 Environmental Concerns

The concept of environmental concerns can be described
as critically evaluating information and assessing one's and
others' attitudes and behaviors towards the environment
(Duangekanong, 2023). Environmental concern is often
understood as a reliable predictor of an individual's intention
to engage in environmentally friendly purchasing behavior
(Newton et al., 2015). Individuals with a high environmental
concern intend to protect the environment, making it easier
for individuals to adopt green products (Li et al., 2017).

Ng et al. (2021) conducted a study in Hong Kong to
explore the effects of environmental concern, perceived
value, confidence in EVs, response efficacy, and willingness
to pay on the public's willingness to purchase EVs. The
researchers found that environmental concerns significantly
affected the public's willingness to accept electric vehicles.
Degirmenci and Breitner (2017) argued that environmental
concerns can predict an individual's attitude toward the
intention to purchase an electric vehicle compared to factors
such as price value and range confidence. Therefore, the
presence of environmental concern significantly impacts the
intention to purchase EVs. Hence, a hypothesis is set:

H5: Environmental concerns have a significant influence on
purchase intention

2.7 Purchase Intention

Purchase intention is the exchange behavior that occurs
when a customer makes a general assessment of a good. It is
a perceptual response to one's attitude towards a good. In
other words, customers' purchase intention is formed by
combining their quality evaluation or attitude towards a
brand and the influence of external stimuli. In a study
conducted by Tu and Yang (2019), it was found that the main
determinants of behavioral intention can be categorized as
attitude toward the behavior, subjective norm, and self-
control ability (Ajzen, 2002). Furthermore, these factors
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have been found to have a significant positive correlation
with behavioral intention (Tweephoncharoen & Vongurai,
2020). Consequently, the present study posits that self-
control ability positively influence consumers' behavioral
intention toward EVs (Yegin & Muhammad, 2022).

3. Research Methods and Materials

3.1 Research Framework

The researcher developed the conceptual framework for
this study by drawing on previous research, as presented in
Figure 1. This study includes perceived benefit, perceived
risk, attitude, environmental concerns, subjective norm,
perceived behavioral control, and purchase intention. The
variables were adopted from three studies which are Yang et
al. (2020), Yan et al. (2019), and Yegin and Muhammad

Environmental
Concerns
Perceived
Benefit

Perceived
Risk

\-\\'\

Perceived
Behavioral
Control

Figure 1: Conceptual Framework

H1: Perceived benefit has a significant influence on attitude.
H2: Perceived risk has a significant influence on attitude.
H3: Attitude has a significant influence on purchase
intention.

H4: Subjective norm has a significant influence on purchase
intention.

H5: Perceived behavioral control has a significant influence
on purchase. intention.

H6: Environmental concerns have a significant influence on
purchase intention.

3.2 Research Methodology

The study employed a quantitative methodology, utilizing
a questionnaire as the primary instrument for data gathering.
To streamline and speed up data collecting, a QQ form survey
tool was utilized to administer the questionnaire. The survey
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comprises screening questions, measuring items with five-
point Likert scale and demographic information.
Confirmatory factor analysis (CFA) and structural equation
modeling (SEM) were used as statistical analysis tools in this
thesis to assess the data.

In the 10C analysis, three experts independently rated
each item on the scale. Notably, all items received scores of
0.67 or higher, indicating a high level of agreement among
experts regarding the congruence of the items with the
intended objectives of the questionnaire.

Additionally, the researcher conducted a pilot test with a
sample of 30 participants and calculated the reliability using
the Cronbach alpha coefficient. The results of this analysis
demonstrated that all items within the questionnaire exhibited
strong internal consistency, with a reliability score of 0.7 or
greater (Nunnally & Bernstein, 1994).

3.3 Population and Sample Size

This research comprises individuals who are residents of
Chengdu, ranging from 18 to 65 years of age and possess a
driver's license of C1 level or above, with an adequate
income to buy electric vehicles. As per the legal provisions
in China, “individuals who have attained the age 18 are
eligible to acquire a driver's license for operating motor
vehicles. Israel (1992) asserted that a sufficiently large
sample size, such as 200-500, is required for multiple
regression. Hence, the researcher intends to get a sample size
of 500 consumers in Chengdu.

3.4 Sampling Technique

The researcher employed the non-probability sampling
strategy known as judgmental sampling to select individuals
who are residents of Chengdu, ranging from 18 to 65 years of
age and possess a driver's license of C1 level or above, with
an adequate income to buy electric vehicles. In addition, the
quota sampling technique ensures that the sample selected in
quota sampling has the same characteristics as the population,
as calculated in Table 1. For convenience sampling, the
researcher distributed the questionnaire to the employees of a
car sales organization, while the respondents, who were
consumers, completed the questionnaire by accessing the QQ
form link

Table 1: Sample Units and Sample Size

Top 4 Electric Sales in 2022 Percentage Sample
Vehicle Brands by (million Allocation Size
Sales Volume vehicles) (%)
BYD 158.3 59% 295
TESLA 45.1 17% 85
Wuling Hongguang 44.2 16% 80
CHANG AN 22.5 8% 40
Total 270.1 100% 500

Source: Constructed by author
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4. Results and Discussion
4.1 Demographic Information

The demographic information collected from the
respondents (N=500) provides valuable insights into the
characteristics of the study participants. In terms of gender
distribution, the sample is fairly balanced, with 55.8% of
respondents identifying as male and 44.2% as female. This
gender balance suggests that the study's findings may be
applicable to both male and female populations.

Age distribution reveals that a significant portion of
respondents are under 30 years old (50.6%). Marital status
indicates a nearly equal split between single (50.6%) and
married (49.4%) respondents. Income distribution highlights
a diverse range of income levels among the respondents. The
largest group falls in the "Under 4000" category (30.4%),
followed by "6001-12,000" (31.2%).

The education level of respondents is varied, with the
majority having completed "Undergraduate or junior college™
(57%), followed by Graduate (25%). This distribution reflects
a relatively well-educated sample, which may influence their
online learning experiences and expectations. The
occupational diversity among respondents is notable, with the
majority falling into the "Others" category (62.6%).

Table 2: Demographic Profile

Characteristics Pyl (00
f %

Gender Male 279 55.8%
Female 221 44.2%
Under 30 253 50.6%
Age 31-40 129 25.8%
41-50 92 18.4%
Above 50 26 5.2%
Marital Single 253 50.6%
status Married 247 49.4%
Under 4000 152 30.4%
Income 4001-6000 112 22.4%
(RMB) 6001-12,000 156 31.2%
12,001-18,000 46 9.2%
Above 18,001 34 6.8%
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Characteristics RESpanE BD (=0
f %
Middle school and below 27 5.4%
Education | High school or technical 63 12.6%
secondary school
Undergraduate or junior 285 57%
college
Graduate 125 25%
Manufacturing 57 11.4%
Medical care 28 5.6%
Occupation Fina}nce 27 5.4%
Design 15 3.0%
Services 60 12%
Others 313 62.6%

Source: Constructed by author
4.2 Confirmatory Factor Analysis (CFA)

In Table 3, Confirmatory Factor Analysis (CFA) was
employed as a statistical tool to examine theoretical
constructs that, while initially showing promise in terms of
reliability, required a more in-depth evaluation. The outcomes
of the CFA revealed strong internal consistency across all
constructs, consistently exceeding a reliability score of 0.7, as
supported by prior research (Nunnally & Bernstein, 1994).

This robust internal consistency is reinforced by the data,
which clearly demonstrates Cronbach's Alpha values
exceeding the threshold of 0.7, thus indicating a high level of
internal consistency. Furthermore, the composite reliability
(CR) consistently surpassed the benchmark of 0.70, further
bolstering the reliability of the measurements.

In addition to evaluating reliability, we assessed
convergent validity, which is a critical component of
construct validation. The Average Extracted Variance (AVE)
values consistently exceeded 0.50, signifying strong
convergent validity. Additionally, all factor loading values
surpassed the 0.50 threshold, providing additional evidence
for the validity of the underlying factors (Hair et al., 2006).

These findings collectively demonstrate the robustness
and reliability of the measurement instruments used in this
study, offering confidence in the accuracy and validity of our
subsequent analyses and interpretations of the data.

Table 3: Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

. Source of Questionnaire No. of Cronbach's Factors

VETEIOES (Measurement Indicator) Item Alpha Loading GK M2
Perceived Benefit (PB) Yan et al. (2019) 6 0.856 0.617-0.832 0.890 0.577
Perceived Risk (PR) Jiang et al. (2021) 3 0.808 0.669-0.829 0.812 0.592
Attitude (ATT) Yan et al. (2019) 4 0.780 0.601-0.721 0.777 0.467
Subjective Norm (SN) Yan et al. (2019) 5 0.887 0.730-0.870 0.892 0.624
Perceived Behavioral Control (PBC) Yan et al. (2019) 4 0.811 0.682-0.820 0.826 0.545
Environmental Concerns (EC) Yegin and Muhammad (2022) 4 0.854 0.729-0.797 0.850 0.587
Purchase Intention (PI) Bhutto et al. (2022) 3 0.918 0.826-0.929 0.920 0.793
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According to Table 4, the analysis of goodness-of-fit
results for the measurement model before and after
adjustment is a critical step in assessing the model's adequacy
in representing the empirical data. In measuring the goodness
of fit of the model structure, The ratio of the chi-square value
to the degree of freedom (CMIN/DF) is 3.603, which is more
than the acceptable value of 3. The GFl is 0.840, which is not
up to the acceptable value of 0.85. Hence, the model needs to
be adjusted. After the adjustment, the goodness of fit after
adjustment was CMIN/df =2.000, GF1=0.917, AGF1=0.891,
NF1=0.933, CFI=0.965, TLI=0.957, and RMSEA=0.045.

Table 4: Goodness of Fit for Measurement Model
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4.3 Structural Equation Model (SEM)

Prior SEM data results were not harmonized, the model
is necessary to be adjusted. SEM analysis after modification
presented Chi-Square = 1.924 Goodness-of-fit statistic (GFI)
= 0.918, Adjusted Goodness-of-fit statistic (AGFI) = 0.893,
Normed Fit Index (NFI1)=0.935, Comparative Fit Index (CFI)
= 0.967, Tucker-Lewis Index (TLI) = 0.960 and Root Mean
Square Error of Approximation (RMSEA) =.0.043: Hence,
Table 6 expressed that the model of SEM analysis after
modification has met good fit thresholds.

Table 6: Goodness of Fit for Structural Model

Statistical Statistical
Values Values
Index Acceptable Values Before After
Adjustment | Adjustment
< 3.00 (Hair et al.,
CMIN/DF 2006) 3.603 2.000
>0.85 (Sica & Ghisi,
GFI 2007) 0.840 0.917
>0.80 (Sica & Ghisi,
AGFI 2007) 0.805 0.891
>0.80 (Wu & Wang,
NFI 2006) 0.869 0.933
CFI > 0.80 (Bentler, 1990) 0.902 0.965
>0.80 (Sharma et al.,
TLI 2005) 0.888 0.957
< 0.08 (Pedroso et al.,
RMSEA 2016) 0.072 0.045
Not in h
harmony R Py
Model . with
with N
summary empirical empirical
p data
data

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, NFI = normalized fit index, CFI'= comparative fit-index, TLI =
Tucker Lewis index and RMSEA = root mean square error of approximation

As seen in Table 5, the square root of the AVE (shown on
the diagonal line) was greater than the inter-correlated
constructs’ values and ranged from 0.683 to 0.891. Thus,
discriminant validity for this® research was achieved.
Furthermore, construct’ validity was established since
convergent and discriminant validity were proved (Fornell &
Larcker, 1981).

Table 5: Discriminant Validity

PB PR ATT SN PBC EC Pl
PB 0.760
PR 0.173 | 0.769
ATT | 0.674 | 0.276 | 0.683
SN 0.568 | 0.238 | 0.585 | 0.790
PBC | 0454 | 0.287 | 0.594 | 0.67 | 0.738
EC 0.559 | 0.258 | 0.623 | 0.526 | 0.573 | 0.766
Pl 0.574 | 0.141 | 0.535 | 0.719 | 0.649 | 0.600 | 0.891

Note: The diagonally listed value is the AVE square roots of the variables
Source: Created by the author.

Statistical Statistical
Values Values
Index Acceptable Values Before After
Adjustment | Adjustment
< 3.00 (Hair et al.,
CMIN/DF 2006) 5.970 1.924
>0.85 (Sica & Ghisi,
GFlI 2007) 0.746 0.918
> 0.80 (Sica & Ghisi,
AGFI 2007) 0.703 0.893
>0.80 (Wu & Wang,
NFI 2006) 0.775 0.935
CFlI > 0.80 (Bentler, 1990) 0.804 0.967
>0.80 (Sharma et al.,
TLI 2005) 0.786 0.960
< 0.08 (Pedroso et al.,
RMSEA 2016) 0.099 0.043
Not in h
harmony In armony
Model . with
with L
summary empirical empirical
P data
data

Remark: CMIN/DF = The ratio of the chi-square value to degree of
freedom, GFI = goodness-of-fit index, AGFI = adjusted goodness-of-fit
index, , NFI = normalized fit index, CFl = comparative fit index, TLI =
Tucker Lewis index and RMSEA = root mean square error of approximation

4.4 Research Hypothesis Testing Result

As seen in Table 7, five of the six hypotheses were
supported. Perceived benefit significantly impacted attitude.
The perceived risk significantly influences attitude, but
attitude does not affect purchase intention. Subjective norms
have an impact on purchase intentions. Perceived behavioral
control has had an impact on purchase intention.
Environmental concerns have an impact on purchase
intention.

Table 7: Hypothesis Results of the Structural Equation Modeling

Hypothesis (1)) t-value | Testing result
H1: Perceived benefit has a
significant influence on 0.646 11.478* Supported
attitude.
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Hypothesis () t-value | Testing result

H2: Perceived risk has a
significant influence on
attitude.

0.123 4.626* Supported

H3: Attitude has a significant
influence on purchase
intention.

Not

-0.057 Supported

-0.556

H4: Subjective norm has a
significant influence on
purchase intention.

0.742 9.045* Supported

H5: Perceived behavioral
control has a significant
influence on purchase
intention.

0.293 3.589* Supported

H6: Environmental concerns
have a significant influence
on purchase intention.

0.299 4.455* Supported

Note: * p<0.05
Source: Created by the author

H1 confirmed the significant influence between
perceived benefit and attitude, and this suggests that
perceived EV value has a positive impact on consumer
attitudes because EVs bring them both economic and non-
economic benefits (Wu & Wu, 2014; Yan et al., 2019; Yang
et al., 2020).

H2 was proven the significance of the relationship
between perceived risk and attitude. This suggests that
perceived EV risk also has an impact on consumer attitudes,
as perceived EV risk affects consumers' purchase attitudes,
which in turn affects their purchase intention to consume
(Yan et al., 2019; Yang et al., 2020).

H3 was argued as the results show no significant
relationship among attitude and purchase intention, and it is
that consumer attitudes are influenced by perceived benefit
and perceived risk, and if consumers feel that the risk of
purchasing an electric vehicle is greater than their perceived
benefit, then that will affect their willingness to purchase
intention (Hamzah & Tanwir, 2021; Yang et al., 2020).

H4 Subjective norms affect purchase intention, and the
hypothesis is tested. It indicates that consumers' subjective

norms affect purchase intention (Shalender & Sharma, 2021).

H5 Perceived behavioral control has a significant
influence on purchase intention. The hypothesis is verified,
and the assumption is valid (Hamzah & Tanwir, 2021;
Shalender & Sharma, 2021; Wang et al., 2013).

H6 Environmental concerns have a significant impact on
purchase intentions. The hypothesis is validated, and the
hypothesis is established. It indicates that consumers'
concern for the environment drives their intention to
purchase electric vehicles (Shalender & Sharma, 2021; Wang
et al., 2013; Yegin & Muhammad, 2022).
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5. Conclusion and Recommendation
5.1 Conclusion and Discussion

This study set out to explore the determinants of
consumers' purchase intention regarding electric vehicles in
Chengdu. The research design incorporated a quantitative
survey method and a comprehensive conceptual framework
that considered perceived benefit, perceived risk, attitude,
environmental concerns, subjective norm, perceived
behavioral control, and purchase intention.

The research design and methodology employed in this
study were robust. The validity of the research instrument
was rigorously assessed using item-objective congruence
(10C), ensuring that the measurement items accurately
represented the constructs under investigation. Additionally,
the internal consistency reliability was assessed using
Cronbach's alpha, confirming that the questionnaire items
exhibited strong internal consistency.

Various sampling techniques, including judgmental,
quota, and convenience sampling, were employed to capture
a diverse range of respondents, contributing to the
generalizability of the findings. Statistical tools such as
Confirmatory Factor Analysis (CFA) and Structural
Equation Modeling (SEM) were utilized to analyze the data,
enabling a comprehensive examination of the relationships
among the variables.

The findings of this study have several implications for
electric vehicle marketing and promotion strategies in
Chengdu. Firstly, emphasizing the perceived benefits while
addressing perceived risks can enhance consumers' attitudes
towards electric vehicles. Additionally, campaigns focusing
on environmental concerns, subjective norms, and enhancing
consumers' perceived behavioral control can be effective in
driving purchase intentions.

The unexpected finding that attitude did not significantly
impact purchase intention suggests that traditional
approaches emphasizing attitude change may not be as
effective in this context. Instead, marketers and
policymakers should prioritize interventions that address the
factors found to be significant, such as environmental
concerns and perceived behavioral control.

In conclusion, this study contributes to our understanding
of the complex factors influencing consumers' purchase
intention of electric vehicles in Chengdu. It provides
valuable insights for stakeholders aiming to promote
sustainable transportation solutions in the region, ultimately
contributing to the broader goal of reducing carbon
emissions and mitigating environmental impact. Future
research could delve deeper into the specific determinants of
perceived benefit, perceived risk, and attitude to further
refine marketing strategies for electric vehicles in Chengdu
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5.2 Recommendation

Based on the findings of this study regarding the factors
influencing consumers' purchase intention of electric
vehicles in Chengdu, several recommendations can be made:
Given the significant influence of environmental concerns on
purchase intention, it is advisable for relevant authorities and
electric vehicle manufacturers to invest in public awareness
campaigns highlighting the environmental benefits of
electric vehicles. These campaigns should emphasize how
electric vehicles contribute to reducing air pollution and
greenhouse gas emissions, aligning with local and global
environmental goals.

Providing consumers with accurate and accessible
information about electric vehicles, their benefits, and how
to address perceived risks can be instrumental. Workshops,
informational sessions, and online resources can help
consumers make informed decisions about electric vehicle
adoption.

Recognizing the impact of subjective norms, creating
programs that encourage word-of-mouth recommendations
and testimonials from current electric vehicle owners can be
influential. Peer influence can play a pivotal role in shaping
consumers' attitudes and purchase intentions. Chengdu
should continue to invest in electric vehicle charging
infrastructure to enhance consumers' perceived behavioral
control. The availability of convenient and reliable charging
options can alleviate concerns about the practicality of
electric vehicles.

Government incentives and subsidies for electric vehicle
adoption can further boost purchase intentions. These
incentives might include tax benefits, rebates, and reduced
registration fees, making electric vehicles more financially
attractive. Given the unexpected finding that attitude did not
significantly impact purchase intention, further research into
the specific factors influencing. attitude formation in the
Chengdu context is recommended. Understanding what
drives consumers' attitudes can help tailor marketing
strategies more effectively.

Providing consumers with clear and transparent
information on the long-term cost savings associated with
electric vehicles, such as lower fuel and maintenance costs,
can enhance perceived benefit and positively influence
purchase intentions. Chengdu's government can play a
pivotal role in promoting electric vehicle adoption by
introducing and enforcing policies that prioritize sustainable
transportation. This may include implementing stricter
emissions standards and promoting electric vehicle usage in
public fleets.

Collaboration among various stakeholders, including
government bodies, electric vehicle manufacturers, charging
infrastructure providers, and environmental organizations,
can facilitate a comprehensive approach to promoting
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electric vehicle adoption. Regularly monitoring consumer
attitudes and purchase intentions towards electric vehicles
and adjusting strategies accordingly is essential. Consumer
preferences and perceptions can evolve over time, and
staying responsive to these changes is crucial for the success
of electric vehicle promotion initiatives.

In summary, a multifaceted approach that addresses
environmental concerns, provides informationand education,
leverages peer influence, and supports infrastructure
development and incentives is recommended to enhance
consumers' purchase intentions: for electric vehicles in
Chengdu. These recommendations align with the broader
goals of reducing emissions-and promoting sustainable
transportation solutions in the region.

5.3 Limitation and Further Study

The study specifically focuses on Chengdu, and the
findings may not fully represent the diversity of consumer
preferences and. behaviors in other regions of China or
globally. Cultural, economic, and regulatory factors can vary
significantly between regions, impacting electric vehicle
adoption, Next, while various sampling techniques were
employed, ‘including judgmental, quota, and convenience
sampling, there is still a possibility of sampling bias.
Respondents who participated in the study may have unique
characteristics that differ from the broader population of
Chengdu. In addition, the study focused on a specific set of
variables within its conceptual framework. There may be
other unexplored factors that could also play a role in
influencing purchase intentions, such as government policies
or economic conditions.

References

Ajzen, 1. (2002). Perceived behavioral control, self-efficacy, locus
of control, and the theory of planned behavior. Journal of
Applied Social Psychology, 32(4), 665-683.

Ajzen, |., & Fishbein, M. (1977). Attitude-Behavior Relations: A
Theoretical Analysis and Review of Empirical Research.
Psychological Bulletin, 84, 888-918.
https://doi.org/10.1037/0033-2909.84.5.888

Al-Debei, M., Akroush, M., & Ashouri, M. (2015). Consumer
attitudes towards online shopping the effects of trust, perceived
benefits, and perceived web quality. Internet Research, 25(5),
707-733. https://doi.org/10.1108/IntR-05-2014-0146

Ali, H., Khan, E., & llahi, I. (2019). Environmental Chemistry and
Ecotoxicology of Hazardous Heavy Metals: Environmental
Persistence, Toxicity, and Bioaccumulation. Journal of
Chemistry, 4, 1-14. https://doi.org/10.1155/2019/6730305

Armitage, C. J., & Conner, M. (2001). Efficacy of the Theory of
Planned Behaviour: a meta-analytic review. The British journal
of social psychology, 40(4), 471-499.
https://doi.org/10.1348/014466601164939


https://doi.org/10.1037/0033-2909.84.5.888
https://doi.org/10.1108/IntR-05-2014-0146

Biming Zhao / AU-GSB e-Journal Vol 17 No 3 (2024) 49-58

Beneke, J., Greene, A, Lok, I., & Mallett, K. (2012). The influence
of perceived risk on purchase intent — the case of premium
grocery private label brands in South Africa. Journal of Product
& Brand Management, 21(1), 4-14.
https://doi.org/10.1108/10610421211203060

Bentler, P. M. (1990). Comparative fit indexes in structural models.
Psychological Bulletin, 107(2), 238-246.
https://doi.org/10.1037/0033-2909.107.2.238

Bhutto, M. H., Tariqg, B., Azhar, S., Ahmed, K., Khuwaja, F. M., &
Han, H. (2022). Predicting consumer purchase intention toward
hybrid vehicles : testing the moderating role of price
sensitivity. European Business Review, 34(1), 62-84.
https://doi.org/10.1108/EBR-10-2019-0274

Bianchi, C., Andrews, L., Wiese, M., & Fazal e Hasan, S. M. (2017).

Consumer intentions to engage in s-commerce: a cross-national
study. Journal of Marketing Management, 33(4), 1-31.
https://doi.org/10.1080/0267257X.2017.1319406

Chetioui, Y., Benlafgih, H., & Lebdaoui, H. (2020). How fashion
influencers contribute to consumers' purchase intention.
Journal of Fashion Marketing and Management, 24(3),
361-380. https://doi.org/10.1108/JFMM-08-2019-0157

Degirmenci, K., & Breitner, M. H. (2017). Consumer purchase
intentions for electric vehicles: Is green more important than
price and range?, Transportation Research Part D: Transport
and Environment, 51, 250-260.
https://doi.org/10.1016/j.trd.2017.01.001.

Duangekanong, S. (2023). Determining Behavioral Intention of
Logistic and Distribution Firms to Use Electric Vehicles in
Thailand. Journal of Distribution Science, 21(5), 31-41.
https://doi.org/10.15722/JDS.21.05.202305.31

Fishbein, M., & Ajzen, I. (1975). Belief, Attitude, Intention and
Behaviour: An Introduction to Theory and Research. Addison-
Wesley Publishing Co, Inc.

Fornell, C., & Larcker, D. F. (1981). Evaluating structural equation
models with unobservable variables and measurement error.
Journal of Marketing Research, 18(1), 39.
https://doi.org/10.2307/3151312

Fusheng, L. (2023, August 28). Electric vehicles in spotlight at 26th
Chengdu Motor Show. China Daily.
https://www.chinadaily.com.cn/a/202308/28/WS64ebf29aa310
35260b81e821_1.html

Graham-Rowe, E., Jessop, D., & Sparks, P. (2014). ldentifying
motivations and barriers to minimising household food waste.
Resources, Conservation and Recycling, 84, 15-23.
https://doi.org/10.1016/j.resconrec.2013.12.005

Hair, J., Black, W., Babin, B., Anderson, R., & Tatham, R. (2006).
Multivariate Data Analysis (6th ed.). Pearson Prentice Hall.

Hamzah, M. 1., & Tanwir, N. S. (2021). Do pro-environmental
factors lead to purchase intention of hybrid vehicles? The
moderating effects of environmental knowledge, Journal of
Cleaner Production, 279, 123643.
https://doi.org/10.1016/j.jclepro.2020.123643.

Israel, G. D. (1992). Determining Sample Size. University of
Florida Cooperative Extension Service, Institute of Food and
Agriculture Sciences.

Jiang, A. C., Zhong, Q., Wang, Y., Ao, Y. B., & Chen, C. (2021).
Influencing factors of commercial energy consumption
intention of rural residents: Evidence from rural Chengdu.
Energies, 14(4), 1010.

57

Jing, P.,, Hao, H., Bin, R., Zhan, F. P., & Shi, Y. J. (2019). Exploring
the factors affecting mode choice intention of autonomous
vehicle based on an extended theory of planned behavior-A case
study in China. Sustainability, 11(4), 1155.

Kosai, S., Matsui, K., Matsubae, K., Yamasue, E., & Nagasaka, T.
(2021). Natural resource use of gasoline, hybrid, electric and
fuel cell vehicles considering land disturbances. Resources,
Conservation and Recycling, 166, 105256.
https://doi.org/10.1016/j.resconrec.2020.105256

Kraft, P, Rise, J., Sutton, S., & Regysamb, E. (2005). Perceived
difficulty in the theory of planned behaviour: Perceived
behavioural control or affective attitude?. British Journal of
Social Psychology, 44(3), 479-496.

Li, W,, Long, R., Chen, H., & Geng, J. (2017). A Review of Factors
Influencing Consumer Intentions to Adopt Battery Electric
Vehicles. Renew. Sustain. Energy Rev, 78(10), 318-328.

Liao, Y., Guo, H., & Liu, X. (2023). A Study of Young People’s
Intention to Use Shared Autonomous Vehicles: A Quantitative
Analysis Model Based on the Extended TPB-
TAM. Sustainability, 15(15), 11825.
http://dx.doi.org/10.3390/su151511825

Lim, S. M., & Chia, S. E. (2015). The prevalence of fatigue and
associated health and safety risk factors among taxi drivers in
Singapore. Singapore medical journal, 56(2), 92-97.
https://doi.org/10.11622/smedj.2014169

Morganti, L., Pallavicini, F., Cadel, E., Candelieri, A., Archetti, .,
& Mantovani, F. (2017). Gaming for Earth: Serious games and
gamification to engage consumers in pro-environmental
behaviours for energy efficiency. Energy Research & Social
Science, 29, 95-102. https://doi.org/10.1016/j.erss.2017.05.001

Newton, J., Tsarenko, Y., Ferraro, C., & Sands, S. (2015).
Environmental concern and environmental purchase intentions:
The mediating role of learning strategy. Journal of Business
Research, 68(9), 1974-1981.
https://doi.org/10.1016/j.jbusres.2015.01.007

Ng, S. I, Ho, J. A, Lim, X. J., Chong, K. L., & Latiff, K. (2021).
Mirror, mirror on the wall, are we ready for Gen-Z in
marketplace? A study of smart retailing technology in Malaysia.
Young Consumers, 22(1), 68-89.

Nunnally, J. C., & Bernstein, I. H. (1994). Psychometric theory (3rd
ed.). McGraw-Hill.

Pedroso, R., Zanetello, L., Guimaraes, L., Pettenon, M., Goncalves,
V., Scherer, J., Kessler, F., & Pechansky, F. (2016).
Confirmatory factor analysis (CFA) of the crack use relapse
scale (CURS). Archives of Clinical Psychiatry, 43(3), 37-40.
https://doi.org/10.1590/0101-60830000000081

Pefia-Garcia, N., Gil-Saura, I., Rodriguez-Orejuela, A., & Siqueira-
Junior, J. R. (2020). Purchase intention and purchase behavior
online: A cross-cultural approach. Heliyon, 6(6), e04284.
https://doi.org/10.1016/j.heliyon.2020.e04284

Potoglou, D., & Kanaroglou, P. (2007). Household demand and
willingness to pay for clean vehicles. Transportation Research
Part D: Transport and Environment, 12(4), 264-274.
https://doi.org/10.1016/j.trd.2007.03.001

Roland, I. (2023, May 23). Global EV Sales 2022 EV-Volumes.
https://www.ev-volumes.com/country/total-world-plug-in-
vehicle-volumes/

Schiffman, L. G., & Kanuk, L. L. (2007). Consumer Behavior (9th
ed.). Prantice-Hall.


https://doi.org/10.1037/0033-2909.107.2.238
https://doi.org/10.1108/EBR-10-2019-0274
https://doi.org/10.1080/0267257X.2017.1319406
https://doi.org/10.1108/JFMM-08-2019-0157
https://doi.org/10.15722/JDS.21.05.202305.31
https://doi.org/10.2307/3151312
https://www.chinadaily.com.cn/a/202308/28/WS64ebf29aa31035260b81e821_1.html
https://www.chinadaily.com.cn/a/202308/28/WS64ebf29aa31035260b81e821_1.html
https://doi.org/10.1016/j.resconrec.2020.105256
https://doi.org/10.1016/j.erss.2017.05.001
https://doi.org/10.1590/0101-60830000000081
https://www.ev-volumes.com/country/total-world-plug-in-vehicle-volumes/
https://www.ev-volumes.com/country/total-world-plug-in-vehicle-volumes/

58

Shalender, K., & Sharma, N. (2021). Using extended theory of
planned behaviour (TPB) to predict adoption intention of
electric vehicles in India. Environment, Development and
Sustainability: A Multidisciplinary Approach to the Theory and
Practice of Sustainable Development, 23(32), 665-681,

Sharma, S., Pradhan, K., Satya, S., & Vasudevan, P. (2005).
Potentiality of earthworms for waste management and in other
uses- a review. Journal of American Science, 1(1), 4-16.

Sica, C., & Ghisi, M. (2007). The Italian versions of the Beck
Anxiety Inventory and the Beck Depression Inventory-II:
Psychometric properties and discriminant power. In M. A.
Lange (Ed.), Leading-edge psychological tests and testing
research (pp. 27-50). Nova Science Publishers.

Swan, J. E., Trawick, I., & Silva, D. W. (1985). How industrial
salespeople gain customer trust. Industrial Marketing
Management, 14, 203-211.
http://dx.doi.org/10.1016/0019-8501(85)90039-2

Tu, J.-C., & Yang, C. (2019). Key Factors Influencing Consumers’
Purchase of Electric Vehicles. Sustainability, 11(14), 3863.
http://dx.doi.org/10.3390/5u11143863

Turiel & Antonio. (2022, January 5). The energy crisis in the world
today: Analysis of the world energy outlook 2021. IEA World
Energy. https://digital.csic.es/handle/10261/ 268266

Tweephoncharoen, J., & Wongurai, R. (2020). The Factors
Influencing on Purchase Intention of Thai and Chinese
Customers Towards the Hotel Industry in Bangkok,
Thailand. AU-GSB E-JOURNAL, 12(2), 35-39.

Wang, Y., Wiegerinck, V., Krikke, H., & Zhang, H. (2013).
Understanding the purchase intention towards remanufactured
product in closed-loop supply chains an empirical study in
China. International Journal of Physical Distribution’ &
Logistics Management, 43(10), 866-888.

Wu, J. H., & Wang, Y. M. (2006). Measuring KMS Success: A
Respecification of the DeLone and McLean’s Model. Journal
of Information & Management, 43(6), 728-739.
http://dx.doi.org/10.1016/j.im.2006.05.002

Wu, S.-1., & Wu, Y.-C. (2014). The influence of enterprisers’ green
management awareness on green management strategy and
organizational performance. International Journal of Quality &
Reliability Management; 31(4), 455-476.

Yadav, R., & Pathak, G. S. (2016). Young Consumers’ Intention
towards Buying Green Products in a Developing Nation:
Extending the Theory of Planned Behavior. Journal of Cleaner
Production, 135, 732-739.
https://doi.org/10.1016/j.jclepro.2016.06.120

Yan, Q. Y, Qin, G. Y., Zhang, M. J., & Xiao, B. W. (2019).
Research on real purchasing behavior analysis of EVs in
Beijing based on structural equation modeling and multinomial
logit model. Sustainability, 20(11), 5870.

Yang, C., Tu, J. C., & Jiang, Q. (2020). The influential factors of
consumers’ sustainable consumption: A case on EVs in China.
Sustainability, 12(8), 3496.

Yegin, T., & Muhammad, 1. (2022). Analysis of consumers’ EV
purchase intentions: An expansion of the theory of planned
behavior. Sustainability, 14(19), 12091.

Biming Zhao / AU-GSB e-Journal Vol 17 No 3 (2024) 49-58


http://dx.doi.org/10.1016/0019-8501(85)90039-2
http://dx.doi.org/10.3390/su11143863
http://dx.doi.org/10.1016/j.im.2006.05.002

